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Advisor: John E. Barbuto 
The validity of self-monitoring personality in work and organizational settings 
was reexamined. Comparative meta-analyses using both random-effects and fixed-effects 
models were conducted (349 total samples; N = 75,811) to test the relationship between 
self-monitoring personality and work-related and demographic correlates, as well as the 
reliability of the self-monitoring measures. Contributions were made to the literatures of 
self-monitoring and meta-analysis. Self-monitoring: Results indicated that self-
monitoring related to a number of relevant organizational outcomes, including job 
effectiveness and success, leadership, and ingratiation. Some results ran contrary to the 
prior meta-analysis (Day, Shleicher, Unckless, & Hiller, 2002). Meaningful differences 
were found between the two major operationalizations of the self-monitoring construct: 
Snyder (1974) and Gangestad and Snyder (1985) vs. Lennox and Wolfe (1984), 
especially regarding relationships with demographic correlates (i.e. bias). Separate but 
complementary research tracks are proposed. Continued research is recommended to 
better understand the inferences associated with the overlapping and unique 
characteristics of the two construct operationalizations. Meta-analysis: Results from ten 
comparative meta-analyses of empirical data (k > 10) indicated that fixed-effects 
confidence intervals (CIs) underestimated random-effects CIs by 41% on average. 
Nominal 95% fixed-effects CIs were found to be on average 75% (i.e. p < .25) when 
compared to random-effects CIs. Implications for future meta-analyses are discussed.
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CHAPTER 1 
Introduction 
Through 40 years of theory and research, from inception to meta-analytic review 
and to subsequent research, self-monitoring has been established as a major construct of 
interest in the personality psychology literature (Snyder, 1972, 1974; Day, Schleicher, 
Unkless & Hiller, 2002; Venkataramani, Green, & Schleicher, 2010). Self-monitoring 
theory posits that individuals differ meaningfully in the extent to which they can and do 
engage in the expressive control (i.e. monitoring) of their public self-presentations 
(Snyder, 1987). High self-monitors tend to construct and project desirable images of 
themselves in attempts to impress others and better fit their various social contexts. Low 
self-monitors seem less willing and able to engage in such appearances, considering them 
―falsehoods.‖ Instead, they tend to act so as to remain true to their internal dispositions 
and attitudes, displaying behavioral consistency across situations (Gangestad & Snyder, 
2000). Meta-analysis demonstrated that self-monitoring is a valid construct whose 
measurement has relevance in work and organizational research (Day et al, 2002). While 
meta-analyses have often completed lines of inquiry for a construct, this work was a 
catalyst for further research. A PsycINFO keyword search of self-monitoring personality 
for the period between January 1974 and December 2000 retrieved 348 peer-reviewed 
publications; the same search found 223 articles dating between January, 2001 and 
December, 2010.  
A decade of research in meta-analysis led to controversy surrounding fixed-
effects versus random-effects models (Field, 2001, 2003; Hunter & Schmidt, 2000, 2004; 
Schulze, 2004; Schmidt, Oh, & Hayes, 2009). While detailed arguments are available in 
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the literature, a brief summary of the debate is provided. The fixed-effects model is built 
upon two contentious assumptions: (a) that the ―true‖ population effect size is a fixed but 
unknown constant across all studies; and (b) that the body of studies included in the 
meta-analysis is comprehensive. By contrast, the random-effects model allows for the 
possibility that population parameters may vary across studies (i.e. there is a distribution 
of ―true effect sizes‖), and that the studies included in the meta-analysis are a sample 
from a potentially larger ―superpopulation‖ of studies (Hedges, 1992). Thus, while the 
fixed-effects model assumes a homogenous, exhaustive case, the random-effects model 
assumes a heterogeneous, incomplete one.  Advocates of the random-effects model argue 
that nearly all real-world (i.e. empirical) data is heteronymous and, by extension, best 
suited to the random-effects model (Field, 2003; Hunter & Schmidt, 2004). Ironically, as 
Hunter and Schmidt note, most meta-analyses in the social sciences historically have 
used the fixed-effects instead of the random-effects model (2000). The ramifications of 
this data/model are considerable. First, the fixed-effects model tends to produce 
erroneously narrow confidence intervals when compared to those of the random-effects 
model, thereby increasing Type I error rates (National Research Council, 1992; Schmidt 
et al, 2009). Second, population estimates associated with the fixed-effects model are 
susceptible to misuse. That is, they are subject to unwarranted generalization to studies 
beyond the meta-analysis population (Bornstein, Hedges, Higgins, & Rothstein, 2009).  
 
Purpose of the Study 
Therefore, in light of these methodological developments, as well as the surge in 
self-monitoring research, a new meta-analysis of the construct was undertaken. The 
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purpose of this work was to update the previous fixed-effects meta-analysis as studies 
merited and to expand the analysis to additional correlates of investigation. In doing so, 
results were calculated using both fixed-effects and random-effects models. While the 
primary contribution is testing the relationship between self-monitoring and its correlates, 
the methodological contribution is also noteworthy, considering the virtual absence in the 
literature of meta-analyses comparing fixed-effects and random-effects models using 
empirical data.  
  
  
4 
 
 
CHAPTER II 
Literature Review 
Self-Monitoring: A Measurement History  
Self-monitoring concerns dispositional variation in the extent to which 
―individuals strategically cultivate public appearances‖ (Gangestad & Snyder, 2000, p. 
530). To measure these differences, Snyder developed the original 25-item Self-
Monitoring Scale (Snyder, 1972, 1974). After meeting with initial empirical success, the 
scale came under a period of scrutiny. Criticisms included its dimensionality and scoring 
format (Briggs, Creek & Buss, 1980), its operationalization of the self-monitoring 
construct (Lennox & Wolfe, 1984), and its typological assumptions (i.e. high/low self-
monitors) (Miller & Thayer, 1989). The outcome of this spirited debate resulted in two 
major scale enhancements. First, Lennox and Wolfe narrowed the definition of the self-
monitoring construct and developed a new 13-item scale that utilized a continuous 
scoring format (1984). In response, Gangestad and Snyder struck seven of the more 
contentious items from the original scale, shortening it to 18 items (1985). Debate as to 
which revised scale was the superior operationalizaiton of the self-monitoring construct 
continued as researchers advanced parallel lines of investigation (Briggs & Cheek, 1988; 
Gangestad & Snyder, 1991; Hoyle & Lenox, 1991; Shuptrine, Bearden, & Teel, 1990). 
Later, to answer persistent allegations of multi-dimensionality and their original 
operationalization of the construct, Gangestad and Snyder conducted a taxometric 
analysis to test the relationship between self-monitoring and relevant external criteria 
(2000). The results of this investigation indicated that both the original (25-item) and the 
revised (18-item) scales reflected a single dimension—that of the self-monitoring 
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personality. With the foundation of a unitary dimension laid, and with the publication of 
the meta-analysis following shortly thereafter (Day et al, 2002), self-monitoring began 
garnering increased international attention through a number of scale translations, 
including Turkish (Öner, 2002) and Hebrew (Bachner-Melman, Bacon-Shnoor, Zohar, 
Elizur, & Ebstein, 2009), among others. These developments and enduring interest 
demonstrate the continued theoretical and applied relevance of self-monitoring, and its 
increasing international profile. Although conflict still remains regarding the optimal way 
to measure the construct of self-monitoring (Leone, 2006), the decision was made to 
analyze self-monitoring as a unidimensional construct and as a continuous variable. 
Although often spoken of as a discrete class variable in the literature (high vs. low self-
monitors), self-monitoring was analyzed as continuous because not all studies reported 
dichotomous results; however, meta-analytic corrections can be made for studies 
reporting discontinuity resulting from artificial dichotomization (Hunter & Schmidt, 
1990).  
 
Validity of Self-Monitoring 
Reliability  
Measurement reliability refers to the numerical estimate of how consistently a 
psychometric scale captures an underlying construct, while validity refers to the ability of 
a scale to measure its intended construct (Anastasi & Urbina, 1997). For each of the three 
major self-monitoring scales, two reliability estimates are shown below: (a) the full-scale 
estimate reported in the article in which it first appeared; and (b) the estimate calculated 
in the previous meta-analysis (shown in italics). Also shown is the meta-analytic internal 
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consistency estimate of a fourth measure, an ―Other‖ scale. This category encompassed 
all of the various permutations of a self-monitoring scale utilized by researchers for their 
own study-specific purposes.  The 25-item Self-Monitoring Scale (Snyder, 1972, 1974): 
.66, .70. The 18-item Self-Monitoring Scale-Revised (Gangestad & Snyder, 1985): .70, 
.73. The 13-item Revised Self-Monitoring Scale (Lennox & Wolfe, 1984): .77, .80. The 
―Other‖ Self-Monitoring scale (Day et al, 2002): .80. 
Previously, meta-analytic estimates were also calculated for scales with both true-
false and continuous scoring formats. The meta-analytic reliability for the true-false 
scoring format was .72 and the continuous scoring was format: .77. (Day et al, 2002). 
While all four scales differed significantly, as did the scoring formats, the overall sample-
weighted reliability across all scales was .74. Similarly, meta-analytic internal 
consistency estimate for self-monitoring was computed for this work, examining different 
scales and scoring formats as potential between-study moderators.  
 
Work-Related Criteria & Demographic Correlates 
Day et al (2002) reported that self-monitoring was significantly related to nine 
important work-related criteria and demographic correlates. They concluded that ―high 
self-monitors (vs. low self-monitors) are likely to be younger and male, to be more 
involved in their jobs, and to perform at a higher level and are more likely to emerge as a 
leader. High self-monitors are also more likely to experience more role stress and show 
less commitment to their organizations as compared with low self-monitors‖ (p. 397; for 
complete results see Table 1, Day et al, 2002).  
  
  
7 
 
 
The criterion domain was conceptualized to include the three major areas of 
work-related criteria included in the previous meta-analysis: job 
performance/advancement, leadership, and job attitudes (Fiske, 1951). The precedent of 
the previous researchers was followed because these organizational criterion domains 
arguably comprise the most prevalent employee-related concerns in work settings (Day et 
al, 2002). In addition, these domains are relevant to socioanalytic theory, a theory for 
which for self-monitoring in organizational settings was grounded (Day & Schleicher, 
2006; Hogan, Jones, & Cheek, 1985). Socioanalytic theory posits that individuals have 
three fundamental innate biological drives. These include needs for (a) belonging and 
approval (―getting along‖); (b) status and control (getting ahead‖) and; (c) order and 
predictability (―making sense‖) (Hogan et al 1985). These general motives of ―getting 
along‖, ―getting ahead‖, and ―making sense‖ can be partially explained through 
individual differences in self-monitoring (Celuch & Slama, 1995; Wolfe, Lennox & 
Cutler, 1986). Based on this theoretical grounding and a sufficient body of accumulated 
evidence, we chose to expand the domain of investigation to include individual 
differences, a category including relevant cognitive, emotional, and interpersonal 
capacities related to self-monitoring.  
 Job performance is of fundamental interest in most work and organizational 
research, an outcome to which self-monitoring was positively related (ρ = .10) (Day et al, 
2002). Previously tested as a single outcome, job performance-advancement, sufficient 
evidence was available to analyze the two components separately as job effectiveness and 
job success (Luthans, 1988). Job effectiveness refers to how well an individual performs 
the duties required by the job, while job success refers to objective indicators of reward 
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or organizational advancement (Borman & Motowidlo, 1997). Self-monitoring theory 
posits that individuals who are higher self-monitors are capable of modifying their self-
presentations to adapt to others, impress them, and gain group status (Snyder, 1987). 
While previous results indicated significant relationships between self-monitoring and 
subjective indicators of effectiveness, results were more uncertain regarding objective 
indicators (e.g. sales volume) (Day et al, 2002). Subsequent research has demonstrated 
that self-monitoring played an important role in performance in job contexts with a large 
interpersonal component (Barrick, Parks, & Mount, 2005), sales in particular (Deeter-
Schmelz & Ramsey, 2010; Ricks, Fraedrich, & Xiong, 2000). Therefore, relationship 
between self-monitoring and job effectiveness was reexamined, testing the objective-
subjective distinction as a potential moderator. Regarding job success, research has 
demonstrated that self-monitoring was related to both cross-company and within-
company promotions (Foti & Hauenstein 2007; Kilduff & Day, 1994), suggesting that 
higher self-monitors should enjoy the competitive advantages of promotional 
tournaments and be overrepresented in higher organizational positions (Day et al, 2002). 
Adequate studies existed to allow us to test both indicators of job success, ―promotions‖ 
(and pay) and ―positions‖, as a possible moderator. Overall, it is hypothesized that self-
monitoring will reflect ―getting ahead‖ through positive relationships with both job 
effectiveness and to job success. 
 The relationship between self-monitoring and leadership emergence and behavior 
has a long research history (Garland & Beard, 1979; Ellis, 1988; Sosik & Dinger, 2007). 
Self-monitoring is particularly relevant to leadership emergence because behavioral 
control (Ellis, 1998) and interpersonal effectiveness and influence (Bedian & Day, 2004) 
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are instrumental to the leadership emergence process. Thus, one gets ahead by getting 
along. Previous results indicated that self-monitoring had a relatively strong relationship 
to leadership emergence and behavior (ρ = .21) especially in lab settings, and as rated by 
outside observers (Day et al, 2002). Results of more recent research have been mixed, 
especially in field settings (Riggio, Riggio, Salinas, & Cole, 2003; Rueb, Erskine, & Foti, 
2008). In some cases, differences were a function of rating source (Eby, Cader, & Noble, 
2003) or scale difference (i.e. 18-item versus 13-item measure). Therefore, the 
relationship of self-monitoring with leadership was retested utilizing different rating 
sources (self, group members, and outside observers) as a potential moderator. It is 
hypothesized that self-monitoring would continue to show a robust relationship with 
leadership, but the magnitude of this overall relationship would be less than previous 
reported. Furthermore, these differences in magnitude would be attributed to scale 
differences and construct operationalization.  
 Concerning work attitudes, self-monitoring has been associated with weaker 
relational bonds and stronger needs for social status  (Gangestad & Snyder, 2000), 
characteristics contributing to a higher propensity to leave organizations for more 
advantageous positions elsewhere (Jenkins, 1993). A negative relationship with 
organizational commitment was found in the previous review (ρ = −.13), with behavioral 
commitment (i.e. turnover) having a stronger negative relationship than attitudinal 
commitments (Day et al, 2002). The weaker organizational bonds associated with self-
monitoring can be masked by positive organizational behaviors to the contrary, including 
organizational citizenship behaviors (Bolino, Turnley, Gilstrap, & Suazo, 2010) and job 
involvement (Dubinsky & Hartley, 1986). ―Organizational citizenship behavior‖ refers to 
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―discretionary individual behavior, not directly or explicitly recognized by the formal 
reward system, and that in the aggregate promotes the effective functioning of the 
organization‖ (Organ, 1988), while ―job involvement‖ refers to the degree to which 
individuals identify psychologically with their jobs (Dubinsky & Hartley, 1986). In light 
of the higher self-monitor‘s desire to meet organizational social expectations, it is 
hypothesized that self-monitoring would positively relate to organizational involvement, 
a correlate comprised of the two aforementioned positive organizational behaviors. The 
self-monitoring of expressive behavior functions by adapting according to environmental 
cues (Snyder & Gangestad, 1982). Consequently, in situations where these external cues 
are ambiguous or conflicting, it should be more challenging for higher self-monitors to 
―make sense‖ of how best to act. Therefore, self-monitoring should be positively related 
to role stressors (―role conflict‖ and ―role ambiguity‖). The preceding three hypotheses 
were based on findings of the previous review (Day et al, 2002). Finally, Day et al found 
no empirical or theoretical evidence between self-monitoring and job satisfaction (2002). 
However, researchers have subsequently investigated the relationship (Deeter-Schmelz & 
Ramsey, 2010), so it was retested, with the hypothesis of no significant relationship.   
 In the previous review, individual differences in self-monitoring was examined 
through the investigation of one correlate, ability. Results indicated that self-monitoring 
had a small but robust relationship with this variable (ρ = .07) (Day et al, 2002). Research 
indicates that intelligence has positive relationships with both leadership emergence 
(Judge, Ilies, & Colbert, 2004) and job performance (Schmidt, 2002). Although this 
evidence would support a claim that general intelligence partially accounts for higher 
self-monitors‘ ability to ―get ahead‖, interpersonal effectiveness would provide stronger 
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theoretical support. That is, emotional intelligence rather than general intelligence 
(Livingstone & Day, 2005). The construct of emotional intelligence is the subject of 
much controversy in terms of definition and measurement (Joseph & Newman, 2010). 
Nevertheless, because of its theoretical linkages with self-monitoring, its relationship was 
tested. Emotional intelligence was examined as an ability model (Mayer, Salovey, & 
Caruso, 2000) and as a mixed (traits with abilities) model (Petrides, Pérez-González, & 
Furnham, 2007), testing models of emotional intelligence as a potential moderator. 
Therefore, in investigating the relationship of self-monitoring with these two 
intelligences, a positive relationship was hypothesized with emotional intelligence, but no 
relationship with general intelligence, with the prior results being attributed the previous 
results to an artifact of the fixed-effects meta-analytic model. Finally, evidence indicates 
that self-presentational skills may enable individuals to diagnose a given environmental 
situation and to select an appropriate influence strategy to achieve a desired outcome 
(Deluga, 1992). Among these strategies, six influence tactics have seen much research 
interest: ingratiation, assertiveness, coalitions, exchange, rationality, and upward appeals 
(Schriesheim & Hinkin, 1990). Previous meta-analytic evidence indicates that self-
monitoring was an important antecedent to influence tactics (Barbuto & Moss, 2006), 
most notably ingratiation. Moreover, ingratiation has been found to have a relatively 
strong relationship with positive ratings of supervisor performance (ρ = .23) (Higgins, 
Judge, & Ferris, 2003). Thus, having greater flexibility with influence tactics should 
enable higher self-monitors to ―get along‖ with others and (especially with regard to 
ingratiation) to ―get ahead‖ (Caldwell & Burger, 1997).   
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 Regarding demographic correlates, evidence indicates that self-monitoring was 
negatively related to age and positively related to sex (trending toward men) (Day et al, 
2002). However, meaningful discrepancies were also found between scale and scoring 
format moderators that the prior researchers were unable to resolve (e.g. for age, ρ = .13 
for the 13-item scale while ρ = −.13 and −.19 for the 25-item and 18-item scales, 
respectively; Day et al, 2002). Given the great increase in studies reporting demographic 
information for these variables, relationship between self-monitoring and both age and 
sex was reexamined. It was hypothesized that different construct operationalizations (i.e. 
Snyder and Gangestad (1974; 1985) versus Lennox and Wolfe (1984)) account for these 
differences. In addition, sufficient evidence was found to conduct an exploratory analysis 
of self-monitoring and race. Although data was limited to whites and non-white African 
Americans, this analysis was an important step to protecting against potential adverse 
impact. Lastly, the variable of education was also examined. Considering that education 
remains one of the most central avenues to ―get ahead‖ in society, in addition to being 
positively related to higher performance and organizational citizenship behavior (Ng & 
Feldman, 2009), it was hypothesized that self-monitoring will be positively related to 
increasing levels of education.     
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CHAPTER III 
Method 
Literature Search 
An extensive electronic literature search was conducted for the studies comprising 
the present meta-analysis. First, keyword searches of self-monitoring, self-monitoring 
personality, and self-monitoring scale were made using PsychINFO, Academic Search 
Premier, and Business Source Premier for articles published between 1974 and 
December, 2010. Next, because many studies report a relationship between self-
monitoring and criterion variables without reporting these relationships in the title or 
abstract, a secondary search was performed via the Web of Science using a number of 
prominent self-monitoring articles: (Day et al, 2002; Gangestad & Snyder, 2000; 
Gangestad & Snyder, 1985; Lennox & Wolfe, 1984; and Snyder, 1974). Finally, to 
retrieve in-press articles that may not have yet been included in the electronic databases, 
we manually searched major I/O psychology journals  (e.g. Journal of Applied 
Psychology, Personnel Psychology). 
 
Inclusion Criteria 
Following the precedent set by Day et al (2002), the search for relevant articles 
was limited to published studies. This decision was made because many articles included 
self-monitoring without mentioning the variable within the title or abstract. As a result, a 
search of dissertations, conference presentations, and other unpublished studies would be 
incomplete and unrepresentative.  
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To be considered usable in our meta-analysis, a study had to meet the following 
criteria: (a) the self-monitoring personality was measured; (b) a reliability estimate for the 
self-monitoring measure was reported, and/or (c) an effect size for the zero-order 
relationship between self-monitoring and a work-related or demographic correlate could 
be calculated; (d) this relationship was included in at least three other studies; and (e) the 
total cumulative sample size for the relationship was N > 800.  Upon completion, a total 
of 287 articles were selected. Fifty articles contained 2 samples, eight contained 3 
samples, three contained 4, and one contained 6 samples. The final result was a total of 
349 independent samples. Across all studies, the total sample size was 75,811. 
 
Self-Monitoring Measures 
Three major scales were used to measure self-monitoring: the 25-item measure 
(Snyder, 1972, 1974), the 18-item measure (Gangestad & Snyder, 1985), and the 13-item 
measure developed by Lennox and Wolfe (1984). A fourth scale category, ―Other,‖ was 
also included. Across criteria and reliability analyses, 82 samples reported results for the 
25-item scale, 98 samples reported results for the 18-item scale, 72 samples reported 
results for the 13-item scale, and 37 samples reported results for ―Other‖ study-specific 
scales or failed to report a scale length. Additionally, 139 samples utilized a true-false 
scoring format, while 132 used continuous scoring. The remaining studies (k = 18) did 
not report the scoring format. A full-scale reliability estimate for a self-monitoring 
measure was reported in a total of 289 samples.  
The following study-specific information was coded and used for correction 
formulas or as between-studies methodological or theoretical moderators whenever 
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possible: (a) measurement information for the self-monitoring scale (scale length, scoring 
type, reliability estimate); (b) measurement information for criterion variables (measure, 
criterion reliability estimate); (c) research setting (e.g. lab vs. field) and (d) theoretical 
moderators, including Snyder‘s (1972) and Gangestad & Snyder‘s (1986) 
operationalization of the self-monitoring construct and Lennox & Wolfe‘s 
operationalization (1984).  
 
Work-Related Criteria 
Job effectiveness. Fifty-five samples reported relationships between self-
monitoring and indicators of effective job performance. Such indicators included 
objective (e.g. sales volume, tips earned; k = 17) and subjective (e.g. supervisor rating k = 
38) measures, with six studies reporting both an objective and a subjective indicator. 
These objective/subjective indices were examined as a possible moderator.  
Job success. The relationship between self-monitoring and indicators of job 
success was calculated via 19 sample correlations. Such indicators included ―positions‖ 
of success (e.g. manager status; k = 12) and ―promotions-pay‖ (k = 7). Two studies 
included both a position and a promotion-pay success indicator. Indicators of 
position/pay-promotion success were analyzed as a possible moderator.  
Leadership. Thirty-seven studies reported a relationship between self-monitoring 
and a measure of leadership behavior and emergence. Leadership ratings were made by 
self (k = 6), group members (k = 26), and outside observers (k = 5), with seven studies 
reporting a rating from two sources. Source of rating was investigated as a potential 
moderator.  
  
  
16 
 
 
Organizational commitment. Thirty-one samples reported a relationship between 
self-monitoring and indicators of organizational commitment. Commitment was 
measured as either an attitude (k = 10) or a behavior (k = 21), a distinction that was 
examined as a possible moderator. Four studies reported both an attitudinal and a 
behavioral indicator. Attitudinal commitment measures included scales by Mowday, 
Steers, and Porter (1979), Hrebeniak and Alutto (1972), Mayer and Schoorman (1992), 
and the Affective Commitment Scale by Meyer & Allen (1984). Behavioral indicators 
included turnover (reverse coded; k = 1) and tenure (k = 20). 
Organizational involvement. The relationship between self-monitoring and 
organizational involvement was measured in nine sample correlations. Organizational 
involvement included job involvement (k = 5) as well as overall organizational 
citizenship behaviors (k = 4). Job involvement was assessed with scales by Jenkins, 
Zyzarksi, and Rosenman (1979), Lodahl and Kejner (1964), Zahrly and Tosi (1989), and 
Kanungo (1982). Overall organizational citizenship behavior was measured by a number 
of scales, including Podsakoff and MacKenzie (1994), Moreman and Blakely (1992), as 
well as with selected items from Settoon and Mossholder (2002) and Bolino and Turnley 
(2005). The job involvement and organizational citizenship behavior distinction was 
analyzed as a potential between-studies moderator.  
Job satisfaction. Fifteen samples were found that reported a relationship between 
self-monitoring and job-satisfaction. Job satisfaction was measured primarily with 
Hackman and Oldham‘s (1974) subscale and the Job Descriptive Index (Smith, Kendall, 
& Hulling, 1969). The Minnesota Satisfaction Questionnaire was also used (Weiss, 
Dawes, England, & Lofquist, 1967), among other study- or organization-specific scales. 
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Role stressors. Two meta-analyses examined the relationship between self-
monitoring and role conflict (k = 7), and role ambiguity (k = 6). All samples used Rizzo, 
House, and Lirtzman‘s (1970) scales to assess role stressors.  
General intelligence. Twenty-five samples reported a relationship between self-
monitoring and indicators of general intelligence. Measures included academic 
performance (e.g. GPA; k = 4), standardized intelligence tests (e.g. SAT; k = 11), 
cognitive ability tests (k = 7), problem solving (k = 2), and skill level (k = 1).  
Emotional intelligence. Six samples reported a relationship between self-
monitoring and indicators of overall emotional intelligence. Correlations were calculated 
from the ability (k = 3) and mixed models (k = 3), emotional intelligence, with one study 
utilizing both scale types. Mixed-model scales of emotional intelligence included the 
Workplace Swinburne University Emotional Intelligence Test (SUEIT) (Palmer & 
Stough, 2001) the Emotional Quotient Inventory (Bar-On, 1997), and the measure of 
Schutte, Malouff, Hall, Hagerty, Cooper, Golden, and Dornheim (1998). The ability 
model measure was the Mayer-Salovey-Caruso Emotional Intelligence Test (MSCEIT) 
(2000b). The ability/mixed model distinction was examined as a potential moderator.  
Influence tactics. The relationship between self-monitoring and six influence 
tactics were examined, including ingratiation (k = 15), assertiveness (k = 7), coalition (k = 
7), and exchange, rational, and upward appeal (k = 6 for the remaining three tactics). All 
studies primarily used Schriesheim and Hinkin‘s (1990) scale. Ingratiation was also 
measured using scales by Bolino and Turnley (1999), Levashina and Campion (2007), 
and Kipnis and Schmidt (1982), among many others.   
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Demographic Variables 
Age. Thirty-five samples reported the relationship between self-monitoring and 
age.  
Sex. Eighty-eight samples were found reporting a relationship between self-
monitoring and sex, but the direction of the relationship could not be discerned for 16 of 
these. Attempts were made to contact the authors of those studies. Three authors 
responded with the needed information resulting in a k of 75 for sex. Effects were 
dichotomously coded with (0) for women and (1) for men.  
Race. Nine sample correlations were found reporting a relationship between self-
monitoring and race; the direction of the relationship was not reported for two. After 
contacting authors, one author responded, resulting in a k of 8 for race. Effects were 
coded with (0) for whites and (1) for non-whites.  
Education. The relationship between self-monitoring and education was examined 
with fourteen sample correlations.  
 
Meta-Analytic Procedures 
Only one correlation from each sample was included in each meta-analysis. In 
cases where a sample reported multiple relationships between self-monitoring and one 
correlate, the effect sizes were averaged. Samples that included relationships across 
classes of a hypothesized moderator were treated as two samples. Population (true score) 
correlations between self-monitoring and work-related and demographic correlates were 
estimated using both fixed-effects and random-effects models. To do so, a spreadsheet-
based program was written according to the fixed-effects procedures of Hedges and Olkin 
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(1985) and the random-effects validity generalization method of Hunter and Schmidt 
(2004). The fixed-effects program formulas were calibrated against example analyses 
given by Hedges and Olkin (1985) (Chapter 11; Tables 2 and 3), while the random-
effects program was tested against worked examples of Hunter and Schmidt (2004; Table 
3.2-4) and Bornstein et al (2009) (Chapter 38; Table 38.1-3).  
The correlation coefficient was utilized as the effect size of analysis because the 
majority of self-monitoring research reports this statistic. The r-based procedures are 
virtually identical to the d-based approaches for both the fixed-effects and random-effects 
models, respectively. Individual correction methods were used to synthesize correlation 
coefficients across studies. All correlations were first corrected for the slight bias in the 
correlation coefficient. Next, each correlation was also corrected for the self-monitoring 
scale reliability as reported in that specific study. If a study did not report this statistic, 
the correlation was corrected using the meta-analytic reliability estimate for the particular 
scale type used in the study. Measurement reliability for the criterion was also 
incorporated into the correction formula when 75% of the studies reported criterion 
reliability. Constructs meeting this criteria included: emotional intelligence (reporting 
criterion reliability in 100% of studies), attitudinal commitment (80% of studies 
reporting), job involvement (100%), organizational citizenship behavior (100%), job 
satisfaction (80%), both role stressors (100%), and all six influence tactics (86%) except 
assertiveness and exchange, which reported 100%. Finally, corrections for discontinuity 
in correlation coefficients were made for variables reporting dichotomized results.  
Spreadsheets were programmed to calculate homogeneity statistics (Q) for both 
fixed-effects and random-effects models, and to detect meta-analytic outliers. A 
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significant Q-statistic indicated that the overall mean observed correlation did not 
account for all variability in effects, indicating possible moderators. Q-statistics for both 
fixed-effects and random-effects models were calculated prior to correction because it is 
inappropriate to calculate such values after effect size estimates have been corrected. 
Virtually all empirical data is heterogeneous (Field, 2003). Causes of such heterogeneity 
include sampling error, statistical artifacts, and/or other study-related factors that may 
result in statistical outliers. In attempts to render the effect size homogenous and to obtain 
a more reliable and representative meta-analytic estimate of the true population 
correlation, some researchers have advocated the removal of statistical outliers. In 
particular, Huffcutt and Arthur (1995) have argued for the systematic removal of outliers 
based on their sample-adjusted meta-analytic deviancy (SAMD) statistic. Other 
researchers have demonstrated that this SAMD statistic is biased and results in the over-
identification of small correlations; as a result, the statistic tends to increase the 
magnitude of the meta-analytic correlation estimate, effectively overestimating it (Beal, 
Corey, & Dunlop, 2002). To eliminate the asymmetric identification of outliers, the 
authors recommend performing Fisher‘s z transformation on the data. This solution was 
implemented since Fisher‘s z transformation is an integral part of the fixed-effects meta-
analytic procedure. Outlying studies were systematically removed in an iterative fashion 
according to greatest absolute magnitude if they were identified as larger than |3.00| 
SAMD units in both fixed-effects and random-effects models. Outliers were removed 
until the overall Q-statistic was nonsignificant in at least one of the two models. 
However, since the removal of outliers in meta-analysis remains a contentious issue, 
outliers were only removed prior to moderator analysis. Outlying studies were retained in 
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all other meta-analyses to allow for the possibility that theoretical and methodological 
moderators might account for the observed heterogeneity. Credibility intervals were also 
calculated. Credibility intervals provide an estimate of the variability of individual 
sample correlations across multiple studies. An 80% credibility interval excluding zero 
for a positive correlation indicates that more than 90% of the individual correlations in 
the meta-analysis are greater than zero (only 10% are below the lower level of the 
interval). As a result, confidence intervals estimate variability in the mean meta-analytic 
correlation estimate, while credibility intervals estimate the variability in the individual 
study correlations included in the meta-analysis. Finally, percentage of observed variance 
that could be attributed to statistical artifacts (e.g. measurement error) was calculated. 
When the percentage of observed variance is 70% or greater, all of the variability can be 
said to be attributed to artifacts; when less than 70%, moderators may be operating 
(Hunter & Schmidt, 2004).  
 
Moderator Analyses 
Theoretical and methodological moderators were examined when k > 2 samples 
existed for a correlate in question. Between-classes goodness-of-fit statistics (QB) were 
calculated to determine the difference in average effect sizes across classes of a 
moderator variable. Within-class homogeneity statistics (QW) were computed to assess 
heterogeneity within a class of a particular moderator. Thus, if the categorical moderator 
fit the data, then the between-classes effect was significant, while the within-class effect 
was not. Statistics were calculated for both fixed-effects and random-effects models. 
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Confidence Interval Analysis 
 To compare confidence intervals, 95% confidence intervals were computed 
according to the standard procedures of both the fixed-effects (Hedges & Olkin, 1985) 
and random-effects models (Hunter & Schmidt, 2004). Since all meta-analyses become 
less accurate as the number of studies (i.e. k) decreases (Hedges & Vevea, 1998), the 
comparative meta-analyses to were limited correlates with 10 or more studies (Schmidt et 
al, 2009). All confidence intervals were computed based on the normal (z-score) 
distribution. First, the absolute confidence interval widths were calculated and the fixed-
effects value was subtracted from the random-effects value to determine the difference 
between intervals. Next, this difference was divided by the random-effects confidence 
interval width to determine the percentage underestimation of the fixed-effects model. 
Also computed was the probability value of the fixed-effects confidence interval using 
the random-effects confidence interval as the standard. This was important because a 
nominal fixed-effects confidence interval may nominally be 95%, but when compared to 
the random-effects model confidence interval, it might actually be a 75% confidence 
interval. To determine this probability value, the fixed-effects confidence interval was 
divided by the standard error of the estimated true score correlation calculated via the 
random-effects model. The resulting z-score and its associated confidence interval was 
determined to be the true confidence level percentage comparing the fixed-effects 
confidence interval to the random-effects confidence interval. 
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CHAPTER IV 
 
The overall correlations (Table 4.1) were calculated for the sixteen work-related 
and four demographic correlates of self-monitoring. Reliability estimates for self-
monitoring appear in Table 4.2 and outlier analyses are summarized in Table 4.3. 
Methodological and theoretical moderators appear in Tables 4.4-8. Table 4.9 contains the 
results of the comparative meta-analysis. For all results, effects were reported as 
significant if they met the criteria for significance in both the fixed-effects and random-
effects models, unless otherwise specified. Results also reported to the third decimal 
place to aid in the comparison of meta-analytic models (Kish-Gephart, Harrison, & 
Treviño, 2010). 
 
Reliability 
The overall sample-weighted reliability estimate was .751 (RE) and .760 (FE). 
Outlier analysis was not successful at rendering the effects homogenous. Moderator 
analyses were conducted on the categorical variables of scale length and scoring format 
(Table 2). Results indicated that the Lennox and Wolfe (1984) and the ―Other‖ scales had 
higher internal consistency values (α = .792/.798; .770/.786, respectively) when 
compared to Snyder‘s 25-item (α = .707/.712) and Gangestad and Snyder‘s (1985) 18-
item (α = .739/.748) scales. Results also indicated that the continuous scoring format (α = 
.776/.784) was more reliable than the dichotomous format (α = .726/.737) 
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Table 3.1            
Summary of Studies Included in the Meta-Analyses       
(1) (2) (3) (4) (5) (6) (7) (8) (9) (10) (11) (12) 
Study Year # N Setting 
Scale 
length 
Scoring 
format 
α 
Demographic 
correlates
#
 
r 
values 
Work-related 
correlates
#
 
r values 
Aaker 1999 A 83 Field 18-
item 
 .82     
   B 108 Field 18-
item 
 .80     
Abraham 1998 A 106 Field 25-
item 
T/F .75   JSAT .10 
Ahmed et al. 1986 A 228 Field 25-
item 
T/F .75     
Ajzen et al.  1982 A 155 Lab 25-
item 
T/F .69     
Allen 1986 A 83 Field 13-
item 
Likert .82 AGE −.24   
Allen et al.  2005 A 296 Field 18-
item 
Likert .75   ORGC
‡
, 
JSAT 
−.17, 
−.14, 
−.12 
Ames & 
Kammrath 
2004 A 138 Lab 13-
item 
Likert .81     
Anderson 1987a A 14 Field 13-
item 
Likert  SEX −.03 JOBE .59 
   B 195 Field 13-
item 
Likert  SEX −.03 JOBE .17 
  C 11 Field 13-
item 
Likert  SEX −.03 JOBE .67 
  
  
 
 
2
5
 
 Anderson 1991 A 83 Field 13-
item 
Likert .85     
  B 183 Field 13-
item 
Likert .84     
Anderson & 
McLenigan 
1987b A 40 Lab 25-
item 
T/F .71   JOBE, 
LEAD
‡
 
.16, .20, 
.15 
   B 124 Field 25-
item 
Likert .71   LEAD
‡
 .07, −.20 
Anderson & 
Thacker 
1985 A 64 Field 25-
item 
Likert  SEX .12 JOBE, 
LEAD, 
ORGC 
.16, .16, 
.29 
  B 25 Field 25-
item 
Likert    JOBE
‡
 .17, −.35 
Anderson & 
Tolson
d
 
1989 A 195  Field 13-
item 
Likert    JOBE .17 
Andrews & 
Kacmar 
2001 A 221 Lab 25-
item 
Likert .75   ITAS, ITCO .19, .23 
Ashton & Lee 2005 A 659 Lab 25-
item 
 .74     
Ayman & 
Chemers
d
 
1991 A 70  Field 25-
item 
T/F .66   LEAD .05 
Bachner-
Melman et al.  
2009 A 573 Lab 13-
item 
Likert .84     
Bachner-
Melman et al.  
2009 A 741 Lab Other Likert .86     
   B 553 Lab Other Likert .86     
Bachner-
Melman et al.  
2009 A 194 Lab 25-
item 
T/F .72     
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Bande Vilela et 
al.  
2010 A 122 Field Other Likert .86   ORGN, 
JSAT
o
 
.23, .56 
Barber et al.  1994 A 149 Field 25-
item 
 .70   ORGC, 
GENI
126
 
.09, .16 
Barrick et al.  2005 A 102 Lab 18-
item 
Likert .85   JOBE −.06 
Baruh 2009 A 550 Lab 13-
item 
Likert .78     
Beers & 
Lassiter 
1997 A 209 Lab 18-
item 
T/F .79     
Bell & Daly 1984 A 120 Lab 25-
item 
 .84     
Bell et al.  1991 A 227 Lab 18-
item 
Likert .79     
Berinsky 2004 A 518 Lab Other Likert .65 AGE, SEX, 
RACE 
−.23, 
.10, .07 
  
Biais et al.   2005 A 245 Lab 18-
item 
T/F .70 SEX .25 JOBE, 
GENI
42
 
.10, −.11 
Blakely et al.  2003 A 172 Field 18-
item 
T/F .78   ORGC, 
ORGN
145
, 
JSAT 
−.06, 
.14, −.06 
   B 155 Field 18-
item 
T/F .78   ORGN
139
 .08 
Bolino & 
Turnley 
2003 A 173 Lab 18-
item 
Likert .80 SEX .20 INIT .10 
Bolino et al.  2010 A 245 Lab 13-
item 
Likert .85 AGE, SEX −.11, 
−.03 
ORGC, 
ORGN, 
JSAT 
−.09, 
.23, −.09 
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Bono & Vey  2007 A 162 Lab 18-
item 
T/F .71 AGE, SEX, 
RACE 
.05, 
−.07, 
.09 
  
Booth-
Butterfield et al.  
2000 A 112 Field 13-
item 
Likert .72     
Bosson et al.  2006 A 216 Lab 18-
item 
T/F .74 SEX .17   
Bozin & Yoder  2008 A 180 Lab 18-
item 
T/F .71 SEX .27   
Brandt et al.  1980 A 100 Lab 25-
item 
T/F .75     
Briggs et al.  1980 A 536 Lab 25-
item 
Likert .69     
   B 579 Lab 25-
item 
Likert .67     
Brookings  1982 A 131 Lab 25-
item 
 .68     
Buchanan & 
Smith 
1999 A 963 Lab 18-
item 
T/F .75     
   B 224 Lab 18-
item 
T/F .73     
Burkhardt
d
 1994 A 75  Field 13-
item 
Likert .85 AGE, SEX, 
EDU
40 All
 
−.06, 
−.29, 
.07 
JOBS
40
, 
ORGC
40
 
.32, −.19 
Büyükşahin 2009 A 224 Lab 25-
item 
T/F .82   
  
Cady & Fandt 2001 A 167 Field 18-
item 
T/F .75   
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Caldwell & 
Burger 
1997 A 212 Lab 13-
item 
Likert    ITIN, ITAS, 
ITCO, ITEX, 
ITRA, ITUA 
.15, 
−.02, 
.21, .02, 
.01, .21 
Caldwell & 
O'Reilly 
1982 A 93 Field 25-
item 
Likert    JOBE, 
ORGC 
.29, .19 
Caldwell & 
O'Reilly 
1985 A 92 Lab 25-
item 
Likert .67     
Caligiuri & Day 2000 A 78 Field 18-
item 
T/F .72   JOBE .00 
Cavazza & 
Butera 
2008 A 106 Lab 25-
item 
Likert .72     
Celuch & Slama  1995 A 115 Lab 13-
item 
Likert .82     
Chapman et al.  2003 A 802 Field Other T/F .72     
Chen et al.  2006 A 102 Lab 25-
item 
Likert .72     
Cheng et al.  2001 A 120 Lab 18-
item 
T/F .82     
Cheng 2001 A 100 Lab 18-
item 
T/F .77     
Child & 
Agyeman-Budu 
2010 A 356 Lab 13-
item 
Likert .83     
Choi & Lee 2002 A 202 Lab 25-
item 
T/F .62     
Church 1997 A 53 Field 18-
item 
T/F .79 AGE −.02 ORGC −.21 
Church et al.  2006 A 342 Lab Other Likert .83     
   B 172 Lab Other Likert .83     
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   C 400 Lab Other Likert .83     
   D 363 Lab Other Likert .83     
   E 251 Lab Other Likert .83     
   F 192 Lab Other Likert .83     
Church et al.  2008 A 68 Lab Other Likert .91     
   B 80 Lab Other Likert .81     
Clinton & 
Anderson 
1999 A 100 Field 13-
item 
Likert .77 SEX .14   
Cook et al.  2000 A 136 Lab 18-
item 
Likert    JOBE .11 
Cote et al.  2010 A 165 Lab 25-
item 
T/F .66 SEX −.07 LEAD, 
GENI, EI 
−.04, 
.07, .11 
Covell et al.  1994 A 75 Lab 25-
item 
Likert .82     
   B 75 Lab 18-
item 
T/F .56     
Cramer & 
Gruman 
2002 A 836 Lab 13-
item 
Likert .73 SEX .04   
Crews et al.
d
  2005 A 56  Lab 25-
item 
T/F    JOBE .14 
Cronshaw & 
Ellis
d
 
1991 A 68  Lab 18-
item 
T/F    LEAD, 
LEAD
60
 
.17, .14 
Crystal et al.  2001 A 214 Lab 25-
item 
T/F .68     
   B 250 Lab 25-
item 
T/F .59     
Cunningham et 
al.  
1994 A 100 Lab 25-
item 
T/F .68     
Czellar 2006 A 74 Lab 18-
item 
T/F  SEX .04   
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Dall'Ara & 
Maass 
1999 A 120 Lab Other Likert .76     
Daly et al.  1987 A 230 Lab 25-
item 
T/F .64     
Davis 1978 A 112 Lab 25-
item 
T/F  SEX .14   
Dear & Roberts 2005 A 96 Lab 18-
item 
T/F .75     
De Cremer et al.  2001 A 78 Field 18-
item 
T/F .68     
   B 169 Lab 18-
item 
T/F .81     
De Vet & De 
Dreu 
2007 A 153 Lab 13-
item 
Likert .85   GENI −.09 
Deeter-Schmelz 
& Ramsey 
2010 A 169 Field 13-
item 
Likert .75   JOBE, JSAT .27, .13 
   B 66 Field 13-
item 
Likert .80   JOBE, JSAT .27, .13 
Deeter-Schmelz 
& Sojka 
2007 A 956 Field 13-
item 
Likert    JOBE
o
 .26 
Deluga 1991 A 97 Field 18-
item 
T/F .81   ORGC, ITIN −.11, .26 
Deponte 2004 A 101 Lab 25-
item 
T/F .74     
Diefendorff et 
al.  
2005 A 270 Lab Other Likert .70     
Dobbins et al. 
d
 1990 A 308 Lab 13-
item 
Likert .85     
   B 120  Lab 13-
item 
Likert    LEAD .21 
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   C 249 Field 13-
item 
Likert    JOBS .13 
Dobbins et al.  1993 A 226 Lab 13-
item 
Likert .78   GENI −.04 
Douglas 1983 A 50 Lab 25-
item 
T/F .68     
   B 48 Lab 25-
item 
T/F .81     
Douglas & 
Ammeter  
2004 A 105 Field 13-
item 
Likert .77 EDU
o
 −.22 JOBE‡ −.02, 
−.04 
Douglas & 
Gardner 
2004 A 5 Field 13-
item 
Likert .77     
Dubinsky & 
Hartley 
1986a A 120 Field 25-
item 
T/F .72   JOBE, 
ORGC, 
ORGN, 
JSAT, 
ROLC, 
ROLA 
−.06, 
−.12, 
.15, 
−.18, 
.00, .13 
Dubinsky & 
Hartley 
1986b A 162 Field 25-
item 
Likert .69   JOBE, 
JSAT, 
ROLC, 
ROLA 
−.05, 
−.05, 
.26, .20 
Dubinsky et al.  1985 A 120 Field 25-
item 
Likert .72   JOBE, 
ORGC, 
ROLC, 
ROLA 
−.03, 
−.26, 
.04, .19 
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   B 162 Field 25-
item 
Likert .69   JOBE, 
ORGC, 
ROLC, 
ROLA 
−.11, 
−.19, 
.25, .20 
Dutta-Bergman 2003 A 93 Lab 25-
item 
T/F .84     
Eby et al.
d
 2003 A 104  Lab 13-
item 
Likert .70   LEAD
‡
, 
GENI
52 All
 
.06, .21, 
.34 
Edwards & 
Bello 
2001 A 463 Lab 13-
item 
Likert .79     
   B 496 Lab 13-
item 
Likert .77     
Eichenhofer et 
al.  
1987 A 152 Lab 25-
item 
T/F .70     
Ellis 1988 A 144 Field 25-
item 
T/F .69 SEX .11 LEAD .07 
   B 144 Field 18-
item 
T/F .69 SEX .13 LEAD .11 
   C 144 Field 13-
item 
Likert .81   LEAD .16 
Ellis & 
Cronshaw 
1992 A 195 Field 13-
item 
Likert .77 0.08 .06 LEAD .23 
Emmons  1984 A 140 Lab 25-
item 
T/F    LEAD
o
 .52 
Eriksson & 
Lindholm 
2007 A 186 Lab 18-
item 
T/F .73 SEX .18   
Estow et al.  2007 A 62 Lab 13-
item 
Likert  SEX −.16   
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Fandt & Ferris  1990 A 140 Lab 25-
item 
T/F .78     
Fang & Shaw 2009 A 84 Field 13-
item 
Likert .81 SEX −.10   
Farc & Sagarin 2008 A 293 Lab 18-
item 
T/F .74     
   B 228 Lab 18-
item 
T/F .73     
Farmer et al. 1997 A 185 Field 25-
item 
T/F .75 EDU .07 LEAD, 
ITIN, ITAS, 
ITCO, ITEX, 
ITRA, ITUA 
−.03, 
.27, 02, 
.17, .21, 
.04, .16 
Fisher et al.  2008 A 88 Lab 18-
item 
T/F .60     
Flynn & Ames 2006a A 96 Lab 13-
item 
Likert  SEX −.17 JOBE −.04 
   B 52 Lab 13-
item 
Likert  SEX .12 JOBE −.03 
Flynn et al.  2001 A 119 Lab 25-
item 
Likert .71 SEX, RACE .08, .10 JOBE
‡
 .22, .21 
Flynn et al.  2006b A 100 Lab Other Likert .84     
   B 306 Lab 13-
item 
Likert .80 SEX, RACE −.11, 
.03 
  
   C 180 Lab 13-
item 
Likert .78 SEX, RACE −.03, 
−.13 
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Foti & 
Hauenstein 
2007 A 81 Field 13-
item 
Likert .83   JOBE, 
JOBS, 
LEAD
‡
, 
GENI
All 68
 
−.12, 
.10, .03, 
−.03, 
−.04 
Fox & Dwyer 1995 A 136 Field Other Likert .85 AGE
o
 .17   
Frazier & Fatis 1980 A 252 Lab 25-
item 
T/F  SEX .12   
French & 
Schuldberg 
1994 A 48 Lab 25-
item 
T/F  SEX −.28   
Fuller et al.  2007 A 101 Field 18-
item 
T/F .73 SEX, EDU .09, .10 JOBE,  
ORGC 
−.03,  
−.14 
Fulmer et al.  2009 A 236 Lab 18-
item 
T/F .76 AGE, SEX −.06, 
.15 
  
Furnham 1989 A 86 Lab 25-
item 
T/F    ORGN .33 
   B 56 Lab 25-
item 
T/F    ORGN .24 
Gaither et al.  2003 A 564 Lab 18-
item 
T/F .65 SEX .12   
Garland & 
Beard 
1979 A 144 Lab 25-
item 
T/F  SEX .07 LEAD .03 
Ghorbani et al.  2008 A 228 Lab 18-
item 
T/F .61     
   B 346 Lab 18-
item 
T/F .90     
Ghorbani et al.  2009 A 228 Lab 18-
item 
T/F .61     
   B 346 Lab 18-
item 
T/F .90     
  
  
 
 
3
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Glomb & Liao  2003 A 149 Field Other T/F .74 AGE, SEX −.31, 
.09 
ORGC, 
JSAT 
−.11, .01 
Goldsmith
d
 1987 A 187  Lab 18-
item 
T/F .64   GENI
o
 .34 
Gonnerman et 
al.  
2000 A 294 Lab 18-
item 
T/F .70     
Graziano & 
Bryant  
1998 A 103 Lab 25-
item 
Likert .73     
   B 148 Lab 25-
item 
Likert .72     
Graziano et al.  1987 A 205 Field Other T/F .62     
   B 134 Field Other T/F .61     
Graziano & 
Tobin  
2002 A 316 Lab 25-
item 
T/F .74 SEX .10   
   B 351 Lab 25-
item 
T/F .78 SEX
333
 .09   
Guarino et al.  1998 A 555 Lab 18-
item 
Likert .75     
Gudykunst  1985 A 400 Lab 25-
item 
T/F .70     
Gudykunst et al.  1989 A 224 Lab 18-
item 
 .70     
   B 221 Lab 18-
item 
 .72     
Gudykunst et al.  1987 A 278 Lab 25-
item, 
18-
item 
T/F, 
Likert 
.64, 
.66 
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   B 226 Lab 25-
item, 
18-
item 
T/F, 
Likert 
.66, 
.66 
    
   C 237 Lab 25-
item, 
18-
item 
T/F, 
Likert 
.59, 
.60 
    
Haferkamp 1991 A 140 
 
Lab 18-
item 
T/F .70 SEX .26   
Hall et al. 1998 A 107  Lab 13-
item 
Likert .87 SEX .09 LEAD .32 
Hamid  1994 A 119 Lab 13-
item 
Likert .76     
Harrison et al. 1998 A 110 Field 13-
item 
Likert .76   ITIN .20 
   B 279 Lab 13-
item 
Likert .79   ITIN .19 
Hazer & 
Jacobson 
2003 A 265 Lab 13-
item 
Likert .83 AGE, SEX, 
EDU
o
 
−.15, 
.02, 
−.15 
JOBE .01 
Head 1998 A 71  Lab Other T/F    JOBE .00 
Heggestad & 
Morrison  
2008 A 240 Lab 18-
item 
T/F .60 SEX .01 EI .04 
Hendrick & 
Hendrick 
1988 A 204 Lab 18-
item 
T/F  SEX .12   
Hess et al.  2005 A 151 Lab 18-
item 
T/F .76 AGE, EDU −.30, 
.28 
GENI .22 
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Hess et al.  2001 A 147 Lab 18-
item 
T/F  AGE, EDU −.32, 
−.03 
GENI .08 
Hewlin 2009 A 225 Lab 18-
item 
T/F .76   ORGC −.06 
Higgins & 
Judge 
2004 A 116 Lab 18-
item 
Likert .73   JOBE, 
JOBS, 
GENI, ITIN 
.20, .03 
−.25, .16 
Hjelle & 
Bernard 
1994 A 48 Lab 25-
item 
T/F .65     
Hochwarter et 
al.  
2000 A 279 Lab 13-
item 
Likert .79   ITIN, ITAS, 
ITCO, ITEX, 
ITRA, ITUA 
.13, .24, 
.22, .09, 
.22, .22 
   B 110 Field 13-
item 
Likert .76   ITIN, ITAS, 
ITCO, ITEX, 
ITRA, ITUA 
.14, .09, 
.08, .02, 
.02, .25 
   C 331 Field 13-
item 
Likert .70   ITIN, ITAS, 
ITCO, ITEX, 
ITRA, ITUA 
.30, .08, 
.14, .25, 
.03, .08 
   D 418 Field 13-
item 
Likert .70   ITIN, ITAS, 
ITCO, ITEX, 
ITRA, ITUA 
.22, .10, 
.20, .23, 
.02, .18 
Hofmann 2006 A 32 Lab 18-
item 
T/F .64     
Hofmann et al.  2005 A 93 Lab 25-
item 
 .70     
Horn et al.  1998 A 96 Lab 25-
item 
 .66   GENI −.08 
Howells & 
Fishfader 
1995 A 1279 Field Other, 
Other 
Likert, 
Likert 
.69, 
.80 
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Hoyle & 
Lennox 
1991 A 1113 Lab 25-
item, 
18-
item 
T/F, 
T/F 
.65, 
.70 
    
Hoyt 2002 A 98 Lab 25-
item 
T/F .64 SEX .03   
Inzlicht et al. 
d
 2006 A 26  Lab 18-
item 
T/F    GENI −.20 
  B 41  Lab 18-
item 
T/F    GENI .16 
James & 
Cropanzano 
1994 A 97 Lab 25-
item 
T/F    GENI .01 
James 1986 A 95 Field 25-
item 
T/F .87 AGE, SEX −.04, 
.09 
  
James 1988 A 152 Field 25-
item 
T/F .67 AGE, SEX, 
EDU 
−.16, 
−.04, 
−.10 
  
Jawahar
d
 2001 A 210  Lab 18-
item 
T/F .79   ORGC, 
ORGC 
−.08, 
−.02 
Jawahar 2005 A 97 Lab 18-
item 
T/F .76     
Jawahar & 
Mattsson 
2005 A 213 Lab 18-
item 
T/F .82     
Jenkins 1993 A 183  Filed 18-
item 
T/F  AGE
163
 −.17 JOBS159, 
ORGC, 
ORGC
166
, 
JSAT
175
 
−.05, 
−.08, 
−.17, .03 
John et al.  1996 A 86 Field 18-
item 
T/F .60 SEX .34   
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Jordon & Roloff 1997 A 60 Lab 13-
item 
Likert .80     
Kalish & 
Robins 
2006 A 125 Lab 18-
item 
T/F .73     
Kent & Moss
d
 1990 A 120  Lab 18-
item 
T/F    LEAD
87
 .28 
   B 116 Lab 18-
item 
T/F    LEAD
‡
 .25, .19 
Key et al.  2009 A 129 Lab 13-
item 
Likert .68     
Kidwell et al.  2008 A 219 Lab 13-
item 
Likert .62     
Kilduff 1992 A 170 Field 18-
item 
T/F .75     
Kilduff & Day 1994 A 139 Field 18-
item 
T/F .75   JOBS, 
ORGC 
.18, −.25 
Kim & Slocum 2008 A 88 Field 18-
item 
T/F .64 AGE, SEX −.03, 
.02 
JOBE, 
ORGC, 
JSAT 
.21, 
−.06, .16 
Klonis et al.  2005 A 452 Lab 25-
item 
 .75     
Kolligian & 
Sternberg 
1991 A 50 Lab 18-
item 
Likert .86     
Kring et al.   1994 A 373 Lab 18-
item 
T/F .75     
Kristiansen & 
Zanna 
1988 A 123 Lab 18-
item 
T/F .69     
Kumar & 
Beyerlein 
1991 A 345 Lab 25-
item 
T/F    ITIN
o
 .46 
   B 52 Field 25-
item 
T/F    ITIN .37 
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Kumru & 
Thompson 
2003 A 476 Lab 18-
item 
T/F  SEX .10   
Kuptsch et al.
d
 1998 A 59  Lab Other T/F .66   JOBE .05 
Lapsley et al.
d
  1988 A 126  Field 25-
item 
T/F .64 AGE, SEX
113 
All
 
−.24, 
.23 
  
Lassk et al.
d
  1992 A 66  Field 13-
item 
Likert    JOBE .20 
 
Lazar et al.  2004 A 445 Field 13-
item 
Likert .82   JOBE .02 
Lee & 
McCormick 
2006 A 206 Field 18-
item 
Likert .76 AGE, SEX −.33, 
−.10 
  
Lee & 
Mittelstaedt 
2004 A 206 Field 18-
item 
Likert .76     
Lennox & 
Wolfe 
1984 A 224 Lab Other Likert .88     
   B 201 Lab 13-
item 
Likert .75     
Lenzenweger et 
al.  
2001 A 54 Lab 18-
item 
T/F .70     
Leone & Corte 1994 A 102 Lab 25-
item 
T/F  SEX .28   
Levashina & 
Campion 
2007 A 156 Lab 25-
item 
T/F .63   ITIN .29 
Linderbaum & 
Levy 
2010 A 280 Lab 13-
item 
Likert .83     
Livingstone & 
Day 
2005 A 268 Field 13-
item 
Likert .80 SEX .01 JSAT, 
GENI, EI 
.09, 
−.07, .27 
Long et al.  1998 A 153 Lab 13-
item 
Likert .79   JOBE .12 
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Lynn & Simons 2000 A 51 Field 18-
item 
T/F    JOBE .28 
Mandrik et al.  2005 A 92 Lab 13-
item 
Likert .84     
   B 65 Field 13-
item 
Likert .79     
Marcus et al. 2006 A 527 Lab 13-
item 
Likert .80 AGE, SEX
692 
Both
 
.07, .16   
McCrae 1993 A 292 Field 25-
item 
T/F .70 AGE, EDU −.23, 
.16 
  
McFarland & 
Ryan 
2000 A 224 Lab 18-
item 
Likert .69     
McKenzie & 
Hoyle 
2008 A 203 Lab 25-
item 
 .68     
Mehra et al.  2001 A 93 Field 18-
item 
T/F .80 SEX −.12 JOBE, 
JOBS, 
ORGC 
.23, .14, 
.07 
Mehra & 
Schenkel 
2008 A 93 Field 18-
item 
T/F .80 SEX −.12 JOBS, 
ORGC, 
ROLC 
.14, .07, 
.24 
Meyers-Levy et 
al.  
2010 A 106 Lab 13-
item 
Likert .76     
Miller & Thayer 1988 A 268 Lab 18-
item 
Likert .71     
Miller & Cardy 2000 A 154 Lab 13-
item 
Likert .75   JOBE .11 
   B 79 Field 18-
item 
T/F .70   JOBE −.04 
Mitchell et al.  2004 A 122 Lab 18-
item 
T/F .64     
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Momm et al.  2010 A 146 Field Other Likert .59     
   B 146 Field Other Likert .70     
Morrison 1997a A 305 Field 18-
item 
T/F .73   JOBE
284
, 
ORGC 
.05, .01 
Morrison 1997b A 307 Field 18-
item 
T/F .73     
Morrison et al.  2007 A 65 Lab 18-
item 
T/F    GENI .27 
Mudrack & 
Naughton 
2001 A 183 Field 18-
item 
T/F .70 AGE, SEX −.20, 
.12 
JOBS, 
ORGN, 
JSAT, 
ROLC
o
, 
ROLA 
.02, 
−.08, 
−.16, 
.49, .13 
Mullen & Noe 1999 A 145 Field Other T/F .88     
   B 145 Field Other T/F .82     
Murrell & 
Mingrone 
1994 A 187 Lab Other T/F .92     
O'Cass 2000 A 450 Lab Other Likert .87 SEX −.09   
Oh & Kilduff 2008 A 134 Field 25-
item 
T/F .73   ORGC −.05 
Öner 2002 A 173 Lab 25-
item 
T/F .82     
Öner-Özkan 2007 A 190 Lab 25-
item 
T/F .82     
Ost et al.  2001 A 67 Lab 25-
item 
T/F  AGE, SEX
o
 −.18, 
.45 
  
Oyamot et al.  2010 A 227 Lab 18-
item 
T/F .67     
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Pallier et al.  2002 A 107 Lab 13-
item 
Likert .82     
Parkinson 1991 A 39 Field Other Likert .60   JOBE
30
, 
JSAT 
.50, −.42 
Paulhus & 
Martin 
1988 A 383 Lab 25-
item 
T/F .70     
Peluchette et al.  2006 A 106 Lab 18-
item 
T/F .75     
Perrine & 
Aloise-Young 
2004 A 359 Field Other T/F .52     
Petrides et al.  2007 A 154 Lab 13-
item 
Likert .85     
Pledger 1992 A 490 Field Other Likert .76 AGE
o
 .17   
   B 44 Lab 13-
item 
Likert .75     
Pollock et al.  2000 A 66 Field 13-
item 
Likert .87     
Premeaux & 
Bedeian 
2003 A 168 Field 13-
item 
Likert .83     
Prislin & 
Kovrlija 
1992 A 53 Lab 25-
item 
T/F .72     
Puntoni & 
Tavassoli  
2007 A 67 Lab 13-
item 
Likert .67     
Ratner & Kahn 2002 A 148 Lab 18-
item 
T/F .71     
Reifman et al.  1989 A 50 Field 18-
item 
T/F  AGE −.30   
   B 62 Field 18-
item 
T/F  AGE −.32   
Renner et al.  2004 A 218 Lab Other Likert .78     
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Rhodes & 
Courneya 
2002 A 207 Lab 18-
item 
T/F .76     
Richards 1994 A 178 Lab 18-
item 
 .60     
Ricks et al.
d 
 2000 A 225  Field 13-
item 
Likert .77   JOBE
o
, 
JOBE 
.59, .03 
Riggio et al.  2003 A 315 Lab 18-
item 
T/F .68   JOBE, 
LEAD
 58 both
, 
LEAD
40
 
.08, .30, 
.23 
Ronchi & 
Sparacino 
1982 A 102 Lab 25-
item 
T/F  SEX .00   
Rose & DeJesus 2007 A 106 Lab 25-
item 
T/F .74     
   B 117 Lab 18-
item 
T/F .64     
Rosenthal & 
DePaulo 
1979 A 121 Lab 25-
item 
T/F  SEX .03   
Rosnow et al.  1994 A 126 Lab 25-
item 
T/F    JOBE .08 
Ross & 
Robertson 
2003 A 252 Field 18-
item 
T/F .82 AGE
o
, SEX .12, .06   
Rotenberg et al.  2002 A 158 Lab 25-
item 
T/F .65     
Rotenberg et al.  1998 A 205 Lab 25-
item 
T/F    LEAD .09 
Rowatt et al.  2001 A 168 Lab 25-
item 
T/F .62 SEX .24   
Rubin et al.  2002 A 344 Lab 13-
item 
Likert .83   LEAD, 
GENI 
.12, −.06 
Rueb et al.  2008 A 1137 Lab 13-
item 
Likert    LEAD, 
GENI 
−.02, .03 
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Ryan & Riordan 2000 A 382 Lab 25-
item 
 .70     
Ryckman et al.  2009 A 54 Lab 13-
item 
T/F .81     
Sabini et al.  2000 A 80 Lab 13-
item 
Likert .88 SEX −.23   
   B 84 Lab 13-
item 
Likert .88 SEX −.08   
Sakaguchi et al.  2007 A 1003 Lab 18-
item 
Likert  SEX
837
 −.02   
Schleicher et al.  2002 A 75 Lab 18-
item 
T/F .71 AGE, SEX
58 
Both
 
−.11, 
.37 
JOBE
58
, 
LEAD
49
, 
ORGC
58
 
.16, .34, 
.00 
Schutte et al.  2001 A 24 Lab 13-
item 
Likert    EI .59 
Selvidge et al.  2008 A 373 Field 13-
item 
Likert .86     
Semadar et al.  2006 A 136 Field 18-
item 
T/F .72   JOBE, EI .16, .24 
Semeijn et al.  2005 A 332 Lab 18-
item 
T/F .65 AGE, SEX
171 
Both
, EDU
156
 
−.08, 
.04, .30 
JOBS
155
, 
JOBS
150
, 
GENI
171
 
.12, .08, 
.03 
Sharma et al.  2010 A 321 Field 13-
item 
Likert .77     
Sharp & Getz 1996 A 337 Lab Other Likert .81     
Shuptrine et al.  1990 A 105 Lab 13-
item 
Likert .79     
  
  
 
 
4
6
 
   B 105 Lab 13-
item 
Likert .82     
   C 102 Lab 13-
item 
Likert .83     
   D 108 Lab 13-
item 
Likert .77     
Simpson 1987 A 234 Lab 18-
item 
T/F  SEX .08   
Snyder 1974 A 192 Lab 25-
item 
T/F .70     
Sosik & Dinger 2007 A 183 Field 18-
item 
T/F .76 SEX .07 JOBS, 
LEAD 
−.03, .03 
Sosik & 
Dworakivsky 
1998 A 256 Field 25-
item 
T/F .78 AGE
o
, EDU .15, .16 LEAD, 
ORGC 
.11, −.06 
Sosik et al.  2002a A 83 Field 25-
item 
T/F .76 SEX .03 JOBE
‡
, 
JOBS
o
 
.16, .01, 
−.13 
  B 249 Field 25-
item 
T/F    LEAD −.02 
Sosik et al.  2009 A 218 Field 18-
item 
Likert .76 AGE, SEX −.29, 
.06 
JOBE, JOBS .11, .00 
Sosik et al.  2002b A 64 Field 25-
item 
T/F .80 AGE, EDU −.10, 
.13 
JOBE, 
LEAD, 
ORGC 
−.29, 
.17, −.07 
Spangenberg & 
Sprott 
2006 A 125 Lab 13-
item 
Likert .83     
   B 87 Lab 13-
item 
Likert .77     
Sparacino et al.  1983 A 594 Field 25-
item 
T/F .76 AGE, RACE, 
EDU 
−.02, 
.14, .09 
JOBS .15 
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Steel et al.  2001 A 152 Lab 25-
item 
T/F    GENI −.07 
Stern & 
Westphal 
2010 A 1822 Field 18-
item 
T/F .85     
Stets & Burke 1994 A 469 Lab 18-
item 
T/F .81     
Stewart & 
Carley 
1984 A 807 Lab 25-
item 
T/F  SEX
o
 .24   
Sullivan & 
Harnish 
1990 A 177 Lab 18-
item 
T/F  SEX .14   
Sypher & 
Sypher 
1983 A 72 Field 25-
item 
T/F    JOBS .46 
Sypher & Zorn 1986 A 90 Field 25-
item 
T/F    JOBS
‡
 .44, .20 
Tal-Or & 
Drukman 
2010 A 100 Lab 25-
item 
T/F .78     
   B 87 Lab 25-
item 
T/F .78     
Tardy & 
Hosman 
1982 A 38 Lab 25-
item 
T/F .63     
Thrash et al. 2007 A 203 Lab 18-
item 
T/F .67     
Tomes & Katz 2000 A 180 Lab 18-
item 
T/F  SEX .14 GENI .08 
Trubisky et al.  1991 A 212 Lab 18-
item 
 .67     
   B 231 Lab 18-
item 
 .64     
Turban & 
Dougherty 
1994 A 147 Field 18-
item 
Likert .81 EDU .05 JOBS .10 
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Turnley & 
Bolino 
2001 A 171 Lab 18-
item 
Likert .81 AGE, SEX, 
RACE 
−.15, 
.26, 
−.07 
ITIN .09 
Tynan 2005 A 96 Lab 25-
item 
T/F      
Tziner & 
Murphy 
1999 A 29 Field 25-
item 
Likert .76   JOBE, 
ORGC
‡
 
−.15, 
−.20, 
−.34 
Venkataramani 
et al.  
2010 A 42 Field 13-
item 
Likert .71     
Warech & 
Smither 
1998 A 105 Lab 25-
item 
T/F .74     
   B 191 Lab Other Likert .83   JOBE
168
 −.05 
Watson & 
Behnke 
1990 A 57 Lab 25-
item 
T/F    LEAD .27 
Watson et al.  2006 A 1260 Lab 13-
item 
Likert .81 AGE
o
 .34   
Weiss & 
Feldman 
2006 A 59 Lab 25-
item 
T/F      
Wharton 1993 A 622 Field 18-
item 
T/F .72     
Wheeler et al.  2008 A 49 Lab 18-
item 
T/F .59 SEX −.08   
White et al.  2009 A 164 Field Other Likert .64     
Wiederman 2000 A 198 Lab 18-
item 
 .75     
Wijn & van den 
Bos 
2010 A 259 Field 18-
item 
Likert  AGE -.23   
Wilcox et al.  2009 A 138 Lab 25-
item 
T/F .72     
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Wong 1988 A 158 Lab 25-
item 
T/F    GENI .15 
Wymer & 
Penner 
1985 A 228 Lab 25-
item 
T/F .68     
Yates & Noyes 2007 A 80 Field 18-
item 
Likert .76     
Zaccaro et al.  1991 A 108 Lab 25-
item 
T/F .67   LEAD .19 
Zahrly & Tosi 1989 A 64 Field 25-
item 
 .71   ORGN, 
JSAT, 
ROLC, 
ROLA, 
GENI 
−.02, 
−.01, 
−.17, 
.10, −.19 
Zweigenhaft & 
Cody 
1993 A 58 Lab 25-
item 
T/F  RACE −.29   
Notes: (1) Study; complete references can be found in the reference section; (2) number of samples used within study (A = 1 sample, 
B = 2 samples, etc.); (3) year published; (4) sample size (in instances where n values were uncertain and/or varied across a correlation 
table, the numerical average was used); (5) research setting (laboratory vs. field); any contrived setting was categorized under lab; (6) 
self-monitoring scale length used; (7) scoring format used (true-false vs. continuous (Likert)); (8) internal consistency (i.e. reliability) 
estimate reported in the study; (9) demographic correlate; (10) observed sample correlation value for demographic correlate; (11) 
work-related correlate; (12) observed sample correlation value for work-related correlate. 
Correlate abbreviations: AGE = age; SEX = sex; RACE = race; EDU = education; JOBE = job effectiveness; JOBS = job success; 
LEAD = leadership; ORGC = organizational commitment; ORGN = organizational involvement; JSAT = job satisfaction; ROLC = 
role conflict; ROLA = role ambiguity; GENI = general intelligence; EI = emotional intelligence; ITIN = ingratiation; ITAS = 
assertive; ITCO = coalition; ITEX = exchange; ITRA = rationality; ITUA = upward appeal. 
‡
 Indicates two study correlations across theoretical moderator classes for one work-related correlate (e.g. objective and subjective 
indices of job effectiveness). N’s equal for both correlation values.  
#
 Indicates adjusted sample size values used in analysis of adjacent correlate (less than total sample N value from column 4).  
o
 Indicates sample removed in outlier analysis.  
d 
Indicates artificial dichotomization of predictor.  
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CHAPTER IV 
 
The overall correlations (Table 4.1) were calculated for the sixteen work-related 
and four demographic correlates of self-monitoring. Reliability estimates for self-
monitoring appear in Table 4.2 and outlier analyses are summarized in Table 4.3. 
Methodological and theoretical moderators appear in Tables 4.4-8. Table 4.9 contains the 
results of the comparative meta-analysis. For all results, effects were reported as 
significant if they met the criteria for significance in both the fixed-effects and random-
effects models, unless otherwise specified. Results also reported to the third decimal 
place to aid in the comparison of meta-analytic models (Kish-Gephart, Harrison, & 
Treviño, 2010). 
 
Reliability 
The overall sample-weighted reliability estimate was .751 (RE) and .760 (FE). 
Outlier analysis was not successful at rendering the effects homogenous. Moderator 
analyses were conducted on the categorical variables of scale length and scoring format 
(Table 2). Results indicated that the Lennox and Wolfe (1984) and the ―Other‖ scales had 
higher internal consistency values (α = .792/.798; .770/.786, respectively) when 
compared to Snyder‘s 25-item (α = .707/.712) and Gangestad and Snyder‘s (1985) 18-
item (α = .739/.748) scales. Results also indicated that the continuous scoring format (α = 
.776/.784) was more reliable than the dichotomous format (α = .726/.737).
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Table 4.1            
Summary of Observed and Estimated Correlations for Random-Effects (RE) and Fixed-Effects (FE) Models   
 (1) (2) (3) (4) (5) (6) (7) (8) (9) (10) 
Variable k N 
Mean 
r 
 Est. 
ρ 
SEρ 
95% CIρ     
(RE | FE) 
QRE |QFE SDρ 
80% CRρ 
(RE) 
% 
Var 
Demographic correlates                     
   Age 35 7,971 −.035 −.036 .042 [−.117, .046] 364.44** .234 [−.335, .264] 0 
      −.034 −.034 .013 [−.060, −.009] 383.79**       
   Sex 75 15,039 .075 .085 .016 [.055, .116] 197.14** .106 [−.051, .222] 13 
      .076 .087 .010 [.069, .106] 200.08**       
   Race 8 2,108 .050 .057 .041 [−.024, .138] 20.91 .092 [−.061, .175] 15 
      .051 .058 .026 [.008, .108] 20.94       
   Education 14 2,655 .071 .080 .042 [−.001, .162] 47.68** .131 [−.087, .248] 4 
      .072 .082 .023 [.038, .126] 48.29**       
Work-related correlates                     
   Job effectiveness 55 7,226 .114 .131 .024 [.083, .179] 175.31** .150 [−.061, .323] 6 
      .119 .139 .014 [.113, .166] 194.25**       
   Job success 19 2,922 .106 .122 .031 [.061, .183] 40.95 .100 [−.006, .251] 27 
      .108 .125 .022 [.083, .167] 43.42       
   Leadership 37 5,390 .091 .104 .025 [.055, .154] 93.07* .119 [−.048, .257] 17 
      .093 .108 .016 [.076, .138] 99.56**       
   Organizational commitment 31 4,444 −.080 −.098 .023 [−.143, −.053] 47.28 .076 [−.195, −.001] 46 
      −.081 −.099 .019 [−.135, −.062] 47.22       
   Organizational involvement 9 1,160 .138 .170 .048 [.075, .265] 18.18 .100 [.042, .298] 34 
      .139 .173 .036 [.104, .240] 17.99       
   Job satisfaction 15 2,128 .022 .034 .057 [−.078, .145] 64.66** .193 [−.213, .281] 0 
      .026 .041 .028 [−.014, .095] 74.47**       
   Role conflict 7 904 .209 .280 .096 [.093, .467] 35.74** .227 [−.010, .570] 0 
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      .219 .303 .045 [.222, .381] 37.26**       
   Role ambiguity 6 811 .165 .219 .023 [.174, .263] 1.22 .000 [.219, .219] 100 
      .166 .220 .047 [.130, .306] 1.19       
   General intelligence 24 4,235 .030 .031 .029 [−.027, .088] 63.87* .114 [−.115, .177] 14 
      .031 .032 .018 [−.003, .068] 65.61**       
   Emotional intelligence 6 1,101 .168 .250 .076 [.102, .398] 24.82** .162 [.042, .458] 0 
      .197 .262 .041 [.186, .335] 26.72**       
   Ingratiation 15 3,034 .231 .317 .034 [.251, .383] 38.09* .093 [.198, .437] 23 
      .234 .324 .025 [.280, .367] 40.80*       
   Assertiveness 7 1,756 .106 .150 .070 [.067, .233] 11.79 .042 [.060, .240] 25 
      .107 .152 .034 [.087, .216] 11.86       
   Coalition 7 1,756 .186 .244 .020 [.204, .284] 3.14 .000 [.239, .239] 100 
      .187 .245 .032 [.186, .302] 3.06       
   Exchange 6 1,535 .162 .225 .052 [.123, .327] 13.50 .095 [.103, .347] 0 
      .164 .229 .036 [.162, .294] 13.28       
   Rationality 6 1,535 .060 .077 .043 [−.007, .162] 8.92 .063 [−.003, .158] 31 
      .060 .079 .035 [.011, .146] 9.12       
   Upward appeal 6 1,535 .172 .226 .027 [.173, .278] 4.73 .000 [.223, .223] 100 
      .173 .227 .033 [.164, .288] 4.65       
Note:   (1) Number of samples; (2) cumulative sample size; (3) sample-weighted mean observed correlations for RE (bold) and FE 
models; (4) estimated true score correlations for RE (bold) and FE models—estimates corrected for measurement error in the predictor 
and select criterion measures (i.e. criterion measures reporting reliability statistics in at least 75% of total studies); (5) standard error 
for the estimated true score correlations for RE (bold) and FE models; (6) lower and upper bounds of 95% confidence interval (CI) for 
the estimated true score correlations for RE (bold) and FE models; (7) RE and FE heterogeneity statistics for sample-weighted mean 
observed correlations—significance of Q statistics indicates rejection of homogeneity hypothesis; (8) standard deviation of the 
estimated true score correlation for RE model; (9) lower and upper bound of the 80% credibility interval for RE model; (10) 
percentage of observed variance accounted for by statistical artifacts.  
*p < .05. **p < .01.  
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Table 4.2         
Summary of Moderator Analyses for Self-Monitoring Reliability 
 (1) (2) (3) (4) 
Moderator RE | FE QB   k RE | FE α RE | FE QW   
Overall self-monitoring   289 .751 1872.95** 
      .760 1945.38** 
Scale length 301.12**, 276.69**       
   25-item scale   82 .707 193.74** 
      .712 219.23** 
   18-item scale   98 .739 539.36** 
      .748 652.70** 
   13-item scale   72 .792 260.75** 
      .798 237.58** 
   Other scale   37 .770 577.98** 
Scoring format 275.80**, 177.23**   .786 559.18** 
   True-false   139 .726 770.67** 
      .737 966.70** 
   Continuous (Likert)   132 .776 826.48** 
      .784 801.45** 
Note:  Statistics calculated for random-effects (RE) and fixed-effects (FE) 
models. k = 289 samples reporting reliability statistics for a self-monitoring 
scale. k = 18 for scales reporting neither true-false or continuous scoring format.  
Significance of Q statistics indicates rejection of the homogeneity hypothesis. 
(1) Between-classes goodness-of-fit statistics for RE and FE models; (2) 
number of samples; (3) RE (bolded) and FE model mean sample-weighted 
reliability estimates; (4) homogeneity of effect sizes within each class for RE 
(bolded) and FE models.  
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Table 4.3    
Summary of Outlier Analyses Results 
 (1) (2) (3) 
Variable 
# 
removed 
% of 
total k 
RE | FE 
revised est. 
ρ  
Demographic correlates    
   Age 5 17 −.182 
      −.185 
   Sex 2 3 .072 
      .074 
   Education 1 14 .128 
      .130 
Work-related correlates       
   Job effectiveness 1 2 .115 
      .117 
   Leadership 2 5 .126 
      .127 
   Job satisfaction 1 7 −.012 
      −.014 
   Role conflict 1 14 .163 
      .191 
   General intelligence 1 4 .017 
      .018 
   Ingratiation 1 7 .278 
      .281 
Note:  Revised values calculated for analyses in which homogeneity was 
achieved through outlier removal. (1) Number of samples removed; (2) 
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percentage of total samples that were removed; (3) revised estimated true 
score correlations for RE (bold) and FE models. 
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Table 4.4          
Summary of Methodological Moderator Analyses: Scale Length       
 (1) (2) (3) (4) (5) (6) (7) (8) (9) 
Variable RE | FE QB   k N 
 
Mean 
r 
Est. ρ SEρ 
95% CI          
RE | FE 
 SDρ RE | FE QW   
Age 119.67**, 134.88**                  
   25-item scale  8 1,633 −.070 −.076 .054 [−.182, .029] .129   26.94**  
        −.071 −.078 .029 [−.134, −.021]   27.19** 
   18-item scale   19 3,025 −.160 −.184 .037 [−.256, −.112] .133 60.62** 
        −.162 −.188 .021 [−.227, −.147]    60.34** 
   13-item scale   5 2,169 .152 .168 .111 [−.050, .387] .243 113.76**  
        .160 .179 .024 [.133, .224]   115.04** 
   Other scale   3 1,144 −.011 −.003 .135 [−.267, .262] .226 43.45**  
        −.012 −.005 .035 [−.073, .064]   46.34** 
Sex 36.96**, 38.30**                 
   25-item scale   20 3,461 .129 .153 .031 [.093, .213] .104 46.45 
        .131 .156 .020 [.117, .195]   47.15 
   18-item scale   35 7,309 .090 .105 .020 [.065, .144] .088 75.55 
        .091 .106 .014 [.079, .133]   76.35 
   13-item scale   19 3,751 −.002 −.004 .026 [−.055, .047] .080 38.16 
        −.002 −.003 .018 [−.039, .033]   38.28 
   Other scale   1 518 .100           
        .100           
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Education 23.78**, 24.61**                 
   25-item scale   6 1,543 .095 .112 .043 [.045, .179] .043 8.41 
        .096 .112 .030 [.055, .169]   8.28 
   18-item scale   5 702 .145 .166 .071 [.026, .305] .127 12.99 
        .148 .171 .044 [.085, .254]   13.05 
   13-item scale   3 410 −.146 −.166 .048 [−.260, −.071] .000 2.50 
        −.148 −.167 .097 [−.271, −.059]   2.35 
Job effectiveness 16.91**, 20.08**                 
   25-item scale   18 1,727 .038 .044 .041 [−.036, .124] .122 35.97 
        .039 .045 .029 [−.011, .102]   36.20 
   18-item scale   15 1,843 .097 .112 .026 [.061, .163] .000 13.62 
        .097 .113 .028 [.060, .166]   13.46 
   13-item scale   19 3,565 .161 .181 .044 [.094, .267] .174 101.30**  
        .168 .194 .019 [.157, .230]   116.16** 
   Other scale   3 257 .037 .036 .117 [−.193, .265] .158 7.51 
        .038 .040 .074 [−.104, .183]   8.35* 
Job success 10.20*, 10.84*                 
   25-item scale   5 929 .182 .209 .078 [.057, .361] .153 21.43**  
        .186 .216 .038 [.143, .286]   22.58** 
   18-item scale   11 1,636 .047 .058 .025 [.008, .107] .000 7.87 
        .055 .064 .029 [.007, .120]   8.53 
   13-item scale   3 357 .146 .158 .043 [.074, .243] .000 1.45 
        .145 .158 .059 [.044, .269]   1.47 
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Leadership 7.67, 7.56                 
   25-item scale   17 2,179 .080 .095 .043 [.010, .180] .145 49.82**  
        .083 .101 .026 [.051, .150]   56.05** 
   18-item scale   10 921 .174 .207 .038 [.132, .281] .000 8.97 
        .174 .208 .040 [.132, .283]   8.87 
   13-item scale   10 2,290 .069 .077 .038 [.002, .152] .096 26.61*  
        .070 .078 .024 [.032, .124]   27.08* 
Organizational commitment 1.78, 1.60                 
   25-item scale   12 1,278 −.054 −.062 .051 [−.162, .038] .133 27.59 
        −.054 −.063 .034 [−.129, .003]   27.8 
   18-item scale   18 3,126 −.089 −.112 .022 [−.156, −.069] .000 17.91 
        −.090 −.113 .023 [−.157, −.069]   17.82 
   13-item scale   1 40 −.19           
        −.19           
Job satisfaction 17.54**, 29.54**                 
   25-item scale   4 452 −.042 −.054 .068 [−.187, .079] .047 4.47 
        −.042 −.055 .065 [−.180, .071]   4.44 
   18-item scale   6 1,012 −.040 −.053 .045 [−.142, .035] .054 8.03 
        −.041 −.054 .040 [−.131, .024]   7.99 
   13-item scale   3 503 .109 .134 .014 [.106, .163] .000 .20 
        .109 .135 .056 [.026, .240]   .20 
   Other scale   2 161 .323 .429 .327 [−.212, 1.00] .447 34.60**  
        .364 .480 .096 [.323, .611]   32.27** 
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General intelligence 11.10*, 12.11*                 
   25-item scale   7 858 .029 .036 .050 [−.063, .134] .076 10.38 
        .030 .037 .042 [−.045, .118]   10.32 
   18-item scale   10 1,126 .111 .126 .066 [−.004, .257] .176 32.59**  
        .113 .132 .037 [.061, .202]   33.16** 
   13-item scale   7 2,251 .009 .008 .028 [−.047, .063] .040 9.80 
        .009 .009 .024 [−.038, .055]   10.02 
Emotional intelligence 7.77, 9.22*                 
   25-item scale   1 165 .110           
        .110           
   18-item scale   2 376 .109 .153 .086 [−.016, .321] .075 3.71 
        .110 .155 .069 [.021, .283]    3.75 
   13-item scale   3 560 .284 .341 .100 [.146, .536] .152 13.34**  
        .289 .353 .051 [.262, .438]   13.75** 
Ingratiation 22.07**, 24.69**                 
   25-item scale   4 738 .370 .472 .038 [.398, .547] .000 7.54 
        .374 .475 .047 [.401, .431]   7.54 
   18-item scale   4 557 .137 .175 .036 [.104, .245] .000 2.21 
        .138 .176 .054 [.072, .276]   2.23 
   13-item scale   7 1,739 .201 .291 .028 [.237, .345] .000 6.27 
        .202 .293 .035 [.230, .354]   6.34 
Assertive .02, .02                 
   25-item scale   2 406 .113 .154 .077 [.002, .305] .057 2.97 
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        .113 .156 .067 [.026, .281]   2.95 
   13-item scale   5 1350 .104 .148 .051 [.049, .248] .074 8.8 
        .105 .151 .039 [.076, .224]   8.89 
Coalition .16, .15                 
   25-item scale   2 406 .203 .259 .025 [.210, .309] .000 .39 
        .203 .260 .064 [.140, .373]   .39 
   13-item scale   5 1350 .181 .239 .026 [.189, .290] .000 2.58 
        .182 .241 .036 [.173, .306]   2.52 
          
          
Note:   Statistics calculated for random-effects (RE) and fixed-effects (FE) models. Moderator analyses were conducted only for 
constructs with two or more effect sizes per category. Significance of Q statistics indicates rejection of the homogeneity hypothesis. 
(1) Between-classes goodness-of-fit statistics for RE (bold) and FE models; (2) number of samples; (3) cumulative sample size; (4) 
sample-weighted mean observed correlations for RE (bold) and FE models; (5) estimated true score correlations for RE (bold) and FE 
models—estimates corrected for measurement error in the predictor and select criterion measures (i.e. criterion measures reporting 
reliability statistics in at least 75% of total studies); (6) standard error for the estimated true score correlations for RE (bold) and FE 
models; (7) lower and upper bounds of 95% confidence interval (CI) for the estimated true score correlations for RE (bold) and FE 
models; (8) standard deviation of the estimated true score correlation for RE model; (9) within-class goodness-of-fit statistics for RE 
(bold) and FE models. 
*p < .05. **p < .01.  
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Table 4.5           
Summary of Methodological Moderator Analyses: Scoring Format           
 (1) (2) (3) (4) (5) (6) (7) (8) (9) 
Variable RE | FE QB   k N 
 
Mean 
r 
Est. ρ SEρ 
95% CI          
RE | FE 
 SDρ RE | FE QW   
Age 25.27**, 27.91**            
   True-false scoring   22 3,558 −.099 −.112 .036 [−.183, −.042] .142 73.67** 
      −.100 −.115 .020 [−.153, −.071]  74.72** 
   Continuous scoring   13 4,413 .016 .023 .077 [−.128, .174] .271 265.50** 
      .019 .027 .017 [−.007, .060]   281.16** 
Sex 44.53**, 45.99**                
   True-false scoring   48 8,910 .120 .142 .018 [.108, .176]  .085 94.10 
        .122 .144 .013 [.120, .168]   95.16 
   Continuous scoring   27 6,129 .013 .014 .022 [−.028, .056]  .082 58.51 
        .014 .014 .015 [−.014, .043]   58.93 
Race 3.57**, 3.74**                 
   True-false scoring   3 814 .103 .120 .073 [−.023, .262] .105 9.86* 
        .104 .121 .041 [.042, .199]   9.75* 
   Continuous scoring   5 1,294 .017 .017 .040 [−.062, .096] .052 7.48 
        .017 .017 .033 [−.047, .081]   7.45 
Education 19.11**, 19.68**                
   True-false scoring   10 2,098 .115 .134 .037 [.061, .207]  .087 21.90 
        .117 .136 .026 [.087, .185]   22.06 
   Continuous scoring   4 557 −.095 −.107 .061 [−.225, .012] .076 6.67 
        −.096 −.109 .048 [−.200, −.015]   6.55 
Job effectiveness 19.22**, 22.73**                 
   True-false scoring   24 2,685 .039 .045 .026 [−.006, .097] .064 31.54 
        .039 .046 .023 [.000, .091]   31.60 
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   Continuous scoring   31 4,657 .153 .172 .034 [.106, .238] .164 124.55** 
        .159 .184 .017 [.151, .216]   139.92** 
Job success .52, .70                 
   True-false scoring   13 2,084 .116 .134 .042 [.051, .216] .122 35.75* 
        .118 .138 .026 [.088, .187]   38.01* 
   Continuous scoring   6 838 .084 .095 .034 [.028, .162] .000 4.68 
        .084 .095 .039 [.018, .170]   4.71 
Leadership 4.41, 5.09*                 
   True-false scoring   24 2,788 .122 .144 .033 [.079, .209] .120 52.30 
        .125 .150 .023 [.106, .193]   57.53 
   Continuous scoring   13 2,602 .059 .067 .037 [−.006, .140] .107 36.36* 
        .060 .068 .022 [.024, .111]   36.94* 
Organizational commitment 1.83, 1.89                 
   True-false scoring   24 3,445 −.069 −.085 .024 [−.132, −.037] .059 31.68 
        −.069 −.085 .021 [−.126, −.044]   31.72 
   Continuous scoring   7 999 −.119 −.142 .055 [−.251, −.033] .105 13.77 
        −.119 −.143 .039 [−.217, −.067]   13.61 
Organizational involvement 5.00*, 4.68                 
   True-false scoring   7 793 .095 .119 .061 [.001, .238] .109 13.18 
        .096 .122 .045 [.034, .207]   13.31 
   Continuous scoring   2 367 .230 .261 .002 [.256, .266] .000 .00 
        .230 .261 .060 [.149, .367]   .00 
Job satisfaction 7.22*, 9.13**                 
   True-false scoring   9 1,219 −.031 −.041 .043 [−.126, .043] .063 11.77 
        −.031 −.041 .038 [−.116, .034]   11.73 
   Continuous scoring   6 909 .093 .116 .109 [−.097, .329] .248 45.67** 
        .102 .131 .040 [.053, .208]   53.58** 
General intelligence 15.82**, 16.75**                 
   True-false scoring   16 1,901 .098 .117 .039 [.039, .194] .114 33.40 
        .100 .120 .028 [.066, .174]   33.84 
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   Continuous scoring   7 1,230 −.035 −.039 .046 [−.130, .052] .089 14.65 
        −.036 −.040 .032 [−.102, .023]   15.02 
Emotional intelligence 7.77**, 9.22**                 
   True-false scoring   3 541 .109 .150 .058 [.036, .264] .026 3.71 
        .110 .151 .057 [.040, .259]   3.75 
   Continuous scoring   3 560 .284 .341 .100 [.146, .536] .152 13.34** 
        .289 .353 .051 [.262, .438]   13.75** 
Ingratiation 9.93**, 12.57**                 
   True-false scoring   6 1008 .313 .398 .061 [.279, .517] .120 19.78* 
        .319 .409 .040 [.341, .472]   19.76* 
   Continuous scoring   9 2,026 .189 .268 .029 [.211, .324] .000 8.38 
        .190 .270 .032 [.212, .273]   8.47 
          
          
Note:   Statistics calculated for random-effects (RE) and fixed-effects (FE) models. Moderator analyses were conducted only for 
constructs with two or more effect sizes per category. Significance of Q statistics indicates rejection of the homogeneity hypothesis. 
(1) Between-classes goodness-of-fit statistics for RE (bold) and FE models; (2) number of samples; (3) cumulative sample size; (4) 
sample-weighted mean observed correlations for RE (bold) and FE models; (5) estimated true score correlations for RE (bold) and FE 
models—estimates corrected for measurement error in the predictor and select criterion measures (i.e. criterion measures reporting 
reliability statistics in at least 75% of total studies); (6) standard error for the estimated true score correlations for RE (bold) and FE 
models; (7) lower and upper bounds of 95% confidence interval (CI) for the estimated true score correlations for RE (bold) and FE 
models; (8) standard deviation of the estimated true score correlation for RE model; (9) within-class goodness-of-fit statistics for RE 
(bold) and FE models. 
*p < .05. **p < .01.  
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Table 4.6           
Summary of Methodological Moderator Analyses: Research Setting           
 (1) (2) (3) (4) (5) (6) (7) (8) (9) 
Variable RE | FE QB   k N 
 
Mean 
r 
Est. ρ SEρ 
95% CI          
RE | FE 
 SDρ RE | FE QW   
Age 17.16**, 20.16**            
   Lab setting   13 3,972 .013 .020 .074 [−.126, .166] .261 221.18** 
        .017 .025 .018 [−.010, .061]    235.20** 
   Field setting   22 3,999 −.083 −.092 .044 [−.178, −.006] .187 126.10** 
        −.084 −.095 .018 [−.131, −.059]   128.43** 
Sex 7.28*, 7.58*                 
   Lab setting   51 11,975 .084 .097 .019 [.060, .134] .111 157.07** 
        .086 .096 .011 [.078, .119]   159.40** 
   Field setting   24 3,064 .046 .050 .025 [.001, .099] .065 32.79 
        .046 .051 .021 [.009, .093]   33.10 
Education .03, .05                 
   Lab setting   4 719 .062 .063 .117 [−.166, .293] .218 29.34** 
        .065 .068 .043 [−.017, .151]   30.03** 
   Field setting   10 1,936 .075 .087 .035 [.017, .156] .075 18.31 
        .075 .087 .027 [.036, .139]   18.21 
Job effectiveness .06, .97                 
   Lab setting   19 2,093 .084 .095 .024 [.048, .142] .000 16.22 
        .084 .097 .026 [.047, .147]   15.99 
   Field setting   36 5,299 .123 .141 .033 [.076, .207] .176 159.03** 
        .129 .152 .016 [.121, .183]   177.29** 
Job success .24, .35                 
   Lab setting   4 489 .084 .100 .021 [.059, .141] .000 .56 
        .084 .100 .055 [−.007, .206]   .55 
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   Field setting   15 2,433 .111 .126 .038 [.052, .200] .117 40.15* 
        .113 .130 .023 [.085, .175]   42.52* 
Leadership 4.88*, 5.67*                 
   Lab setting   25 3,639 .113 .128 .033 [.064, .193] .134 73.06** 
        .115 .133 .019 [.095, .170]   78.79** 
   Field setting   12 1,751 .046 .054 .031 [−.007, .116] .049 15.13 
        .046 .054 .028 [−.001, .109]   15.10 
Organizational commitment .42, 2.78                 
   Lab setting   5 948 −.060 −.079 .017 [−.112, −.046] .000 .85 
        −.060 −.080 .043 [−.163, .005]   .83 
   Field setting   26 3,496 −.086 −.102 .028 [−.156, −.048] .094 46.01 
        −.083 −.100 .021 [−.141, −.059]   43.61 
Organizational involvement 8.22**, 8.07**                 
   Lab setting   3 387 .254 .295 .036 [.225, .365] .000 .73 
        .254 .296 .060 [.185, .400]   .74 
   Field setting   6 773 .080 .101 .054 [−.004, .207] .075 9.23 
        .080 .103 .045 [.015, .188]   9.18 
General intelligence 4.34, 6.05                 
   Lab setting   20 2,640 .055 .059 .037 [−.014, .132] .131 52.23* 
        .056 .062 .023 [.016, .107]  52.71* 
   Field setting   4 1,595 .015 .017 .038 [−.058, .092] .052 7.33 
        .015 .017 .028 [−.038, .072]   7.30 
Emotional intelligence 7.63**, 7.96**                 
   Lab setting   3 429 .095 .131 .097 [−.058, .321] .124 6.65 
        .096 .140 .066 [.011, .264]   8.02* 
   Field setting   3 672 .264 .319 .080 [.162, .476] .117 10.54* 
        .268 .326 .081 [.242, .406]   10.74* 
Ingratiation 1.10, .54                 
   Lab setting   8 1731 .217 .301 .057 [.190, .412] .134 32.90** 
        .223 .312 .032 [.253, .368]   36.22** 
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   Field setting   7 1,303 .248 .339 .024 [.291, .386] .000 4.09 
        .249 .340 .038 [.273, .405]   4.04 
Assertive .15, .42                 
   Lab setting   3 712 .147 .203 .086 [.034, .372]  .121 9.08* 
        .149 .207 .052 [.109, .302]   8.91* 
   Field setting   4 1,044 .078 .111 .021 [.069, .152] .000 2.56 
        .079 .111 .044 [.025, .196]   2.53 
Coalition 1.49, 1.45                 
   Lab setting   3 712 .220 .286 .003 [.280, .292] .000 0.05 
        .220 .286 .049 [.196, .372]   0.05 
   Field setting   4 1,044 .163 .215 .026 [.163, .267] .000 1.59 
        .163 .216 .041 [.138, .291]   1.56 
Exchange 7.84**, 7.93**                 
   Lab setting   2 491 .060 .079 .036 [.008, .150] .000 0.59 
        .060 .079 .062 [−.042, .198]   0.59 
   Field setting   4 1,044 .211 .297 .043 [.231, .380] .021 5.07 
        .211 .297 .044 [.220, .375]   4.76 
Rationality 3.39, 3.63                 
   Lab setting   2 491 .129 .147 .107 [−.062, .356] .128 5.47* 
        .131 .151 .058 [.039, .259]   5.43* 
   Field setting   4 1,044 .027 .037 .048 [.027, .048] .027 0.60 
        .027 .037 .044 [−.048, .122]   0.60 
Upward appeal 1.48, 1.42                 
   Lab setting   2 491 .216 .262 .018 [.226, .297] .000 0.01 
        .216 .261 .055 [.158, .359]   0.01 
   Field setting   4 1,044 .152 .205 .036 [.134, .276] .000 3.24 
        .152 .206 .042 [.126, .283]   3.22 
Note:   Statistics calculated for random-effects (RE) and fixed-effects (FE) models. Moderator analyses were conducted only for 
constructs with two or more effect sizes per category. Significance of Q statistics indicates rejection of the homogeneity hypothesis. 
(1) Between-classes goodness-of-fit statistics for RE (bold) and FE models; (2) number of samples; (3) cumulative sample size; (4) 
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sample-weighted mean observed correlations for RE (bold) and FE models; (5) estimated true score correlations for RE (bold) and FE 
models—estimates corrected for measurement error in the predictor and select criterion measures (i.e. criterion measures reporting 
reliability statistics in at least 75% of total studies); (6) standard error for the estimated true score correlations for RE (bold) and FE 
models; (7) lower and upper bounds of 95% confidence interval (CI) for the estimated true score correlations for RE (bold) and FE 
models; (8) standard deviation of the estimated true score correlation for RE model; (9) within-class goodness-of-fit statistics for RE 
(bold) and FE models. 
*p < .05. **p < .01.  
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Table 4.7          
Summary of Theoretical Moderator Analyses: Construct Operationalization 
 (1) (2) (3) (4) (5) (6) (7) (8) (9) 
Variable RE | FE QB   k N  Mean r Est. ρ SEρ 95% CI          RE | FE  SDρ RE | FE QW   
Age 
108.88**, 
125.21** 
                
   Snyder and Gangestad   27 4,658 −.128 −.147 .032 [−.209, −.085] .140 95.90** 
        −.130 −.150 .017 [−.183, −.117]    96.59** 
   Lennox and Wolfe   5 2,169 .152 .168 .111 [−.050, .387] .243 113.76**  
        .160 .179 .024 [.133, .224]   115.04** 
Sex 27.64**, 28.53**                 
   Snyder and Gangestad   55 10,954 .099 .116 .017 [.082, .150] .098 130.95* 
        .101 .118 .011 [.096, .140]   132.96* 
   Lennox and Wolfe   19 3,751 −.002 −.004 .026 [−.055, .047] .080 38.16 
        −.002 −.003 .018 [−.039, .033]   38.28 
Education  22.72**, 23.27**                 
   Snyder and Gangestad   11 2,245 .111 .128 .035 [.060, .197] .083 22.46 
        .112 .131 .025 [.083, .178]   22.67 
   Lennox and Wolfe   3 410 −.146 −.166 .048 [−.260, −.071] .000 2.50 
        −.148 −.167 .097 [−.271, −.059]   2.35 
Job effectiveness 12.37**, 15.72**                 
   Snyder and Gangestad   33 3,570 .068 .080 .025 [.031, .129] .088 52.72 
        .069 .081 .020 [.042, .120]   52.61 
   Lennox and Wolfe   19 3,565 .161 .181 .044 [.094, .267] .174 101.30**  
        .168 .194 .019 [.157, .230]   116.16** 
Job success .69, .56                 
   Snyder and Gangestad   16 2,565 .101 .116 .036 [.046, .186] .110 38.81 
        .103 .120 .023 [.075, .164]   41.39* 
   Lennox and Wolfe   3 357 .146 .158 .043 [.074, .243] .000 1.45 
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        .145 .158 .059 [.044, .269]   1.47 
Leadership 1.88, 2.32                 
   Snyder and Gangestad   27 3,100 .108 .127 .033 [.062, .192] .131 64.72 
        .110 .132 .022 [.090, .174]   70.30* 
   Lennox and Wolfe   10 2,290 .069 .077 .038 [.002, .152] .096 26.61*  
        .070 .078 .024 [.032, .124]   27.08* 
Job satisfaction 51.97**, 61.81**                 
   Snyder and Gangestad   10 1,464 −.041 −.054 .037 [−.127, .019] .052 12.49 
        −.041 −.055 .034 [−.121, .012]   12.43 
   Lennox and Wolfe   3 503 .109 .134 .014 [.106, .163] .000 .20 
        .109 .135 .056 [.026, .240]   .20 
General intelligence 8.22**, 8.82**                 
   Snyder and Gangestad   17 1,984 .075 .087 .045 [−.002, .175] .148 45.85* 
        .077 .091 .027 [.037, .144]   46.77* 
   Lennox and Wolfe   7 2,251 .009 .008 .028 [−.047, .063] .040 9.80 
        .009 .009 .024 [−.038, .055]   10.02 
Emotional intelligence 7.77**, 9.22**                 
   Snyder and Gangestad   3 541 .109 .150 .058 [.036, .264] .026 3.71 
        .110 .151 .057 [.040, .259]   3.75 
   Lennox and Wolfe   3 560 .284 .341 .100 [.146, .536] .152 13.34** 
        .289 .353 .051 [.262, .438]   13.75** 
Ingratiation 2.89, 4.55                 
   Snyder and Gangestad   8 1295 .270 .344 .508 [.230, .458] .137 28.93** 
        .276 .355 .035 [.294, .414]   29.91** 
   Lennox and Wolfe   7 1,739 .201 .291 .028 [.237, .345] .000 6.27 
        .202 .293 .035 [.230, .354]   6.34 
Note:   Statistics calculated for random-effects (RE) and fixed-effects (FE) models. Moderator analyses were conducted only for 
constructs with two or more effect sizes per category. Significance of Q statistics indicates rejection of the homogeneity hypothesis. 
(1) Between-classes goodness-of-fit statistics for RE (bold) and FE models; (2) number of samples; (3) cumulative sample size; (4) 
sample-weighted mean observed correlations for RE (bold) and FE models; (5) estimated true score correlations for RE (bold) and FE 
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models—estimates corrected for measurement error in the predictor and select criterion measures (i.e. criterion measures reporting 
reliability statistics in at least 75% of total studies); (6) standard error for the estimated true score correlations for RE (bold) and FE 
models; (7) lower and upper bounds of 95% confidence interval (CI) for the estimated true score correlations for RE (bold) and FE 
models; (8) standard deviation of the estimated true score correlation for RE model; (9) within-class goodness-of-fit statistics for RE 
(bold) and FE models. 
*p < .05. **p < .01.  
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Table 4.8          
Summary of Theoretical Moderator Analyses: Miscellaneous       
 (1) (2) (3) (4) (5) (6) (7) (8) (9) 
Variable RE | FE QB   k N 
 
Mean 
r 
Est. ρ SEρ 
95% CI          
RE | FE 
 SDρ RE | FE QW   
Job effectiveness 1.77, 1.97                 
   Objective rating   17 1,960 .102 .116 .061 [−.003, .235] .224 85.47** 
        .112 .140 .027 [.087, .192]   104.35** 
   Subjective rating   38 5,432 .116 .132 .024 [.085, .180] .114 90.94* 
        .118 .135 .016 [.105, .166]   91.78** 
Job success .00, .00                 
   Promotions-pay   7 869 .108 .125 .059 [.010, .240] .116 15.66 
        .111 .130 .040 [.052, .206]   16.99 
   Positions   12 2,053 .106 .121 .037 [.049, .193] .093 25.29 
        .107 .124 .026 [.074, .172]   26.43 
Leadership 6.36, 15.14**                 
   Self-rating   6 577 .192 .236 .126 [−.010, .482] .283 39.21** 
        .205 .261 .052 [.164, .353]   36.58** 
   Group member rating   26 4,544 .075 .085 .022 [.043, .128] .071 42.95 
        .075 .086 .017 [.052, .119]   43.40 
   Outside observer rating   5 269 .160 .188 .073 [.045, .332] .009 4.55 
        .162 .192 .076 [.045, .331]   4.44 
Organizational commitment .02, .07                 
    Attitude   10 1,876 −.076 −.098 .024 [−.146, −.051] .000 6.54 
        −.076 −.099 .030 [−.157, −.040]   6.51 
    Behavior   21 2,568 −.083 −.098 .033 [−.162, −.033] .106 40.72 
        −.084 −.099 .024 [−.145, −.053]   40.64 
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Organizational involvement 2.73, 2.40                 
   Job involvement   5 509 .086 .109 .090 [−.068, .287] .158 12.76 
        .088 .114 .058 [.001, .223]   12.96 
   Organizational citizenship behavior   4 651 .178 .209 .033 [.143, .274] .000 2.69 
        .179 .210 .046 [.122, .294]   2.63 
Emotional intelligence 
18.77**, 
20.61** 
                
   Ability measure (MSCEIT)   3 673 .097 .131 .025 [.081, .180] .000 1.32 
        .097 .131 .050 [.033, .227]   1.31 
   Mixed measures   3 428 .360 .438 .059 [.323, .554] .049 4.73 
        .362 .443 .059 [.345, .531]   4.80 
Note:   Statistics calculated for random-effects (RE) and fixed-effects (FE) models. Moderator analyses were conducted only for 
constructs with two or more effect sizes per category. Significance of Q statistics indicates rejection of the homogeneity hypothesis. 
(1) Between-classes goodness-of-fit statistics for RE (bold) and FE models; (2) number of samples; (3) cumulative sample size; (4) 
sample-weighted mean observed correlations for RE (bold) and FE models; (5) estimated true score correlations for RE (bold) and FE 
models—estimates corrected for measurement error in the predictor and select criterion measures (i.e. criterion measures reporting 
reliability statistics in at least 75% of total studies); (6) standard error for the estimated true score correlations for RE (bold) and FE 
models; (7) lower and upper bounds of 95% confidence interval (CI) for the estimated true score correlations for RE (bold) and FE 
models; (8) standard deviation of the estimated true score correlation for RE model; (9) within-class goodness-of-fit statistics for RE 
(bold) and FE models. 
*p < .05. **p < .01.  
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Table 4.9                
Summary of Confidence Interval Comparisons for Meta-Analytic Models (k >10)   
 
(1
) 
(2) (3) (4) (5) (6) (7) (8) (9) 
(10) 
Variable k N 
Est. 
ρ 
SEρ 
95% CI          RE | 
FE 
CI 
Width 
Width 
Diff. 
% 
Under 
Real z-
score 
Real % 
CIρ 
Demographic correlates                     
   Age 35 7,971 
−.03
6 
.04
2 [−.117, .046] 
.163 
    
      
−.03
4 
.01
3 [−.060, −.009] 
.051 .112 69 0.61 46 
   Sex 75 
15,03
9 
.085 
.01
6 [.055, .116] 
.061         
      .087 
.01
0 [.069, .106] 
.037 .024 39 1.16 75 
   Education 14 2,655 .080 
.04
2 [−.001, .162] 
.163         
      .082 
.02
3 [.038, .126] 
.088 .075 46.01 1.05 71 
Work-related correlates                     
   Job effectiveness 55 7,226 .131 
.02
4 [.083, .179] .096 
        
      .139 
.01
4 [.113, .166] .053 
.043 45 1.10 73 
   Job success 19 2,922 .122 
.03
1 [.061, .183] .123 
        
      .125 
.02
2 [.083, .167] .083 
.040 33 1.34 82 
   Leadership 37 5,390 .104 
.02
5 [.055, .154] .099 
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      .108 
.01
6 [.076, .138] .062 
.037 37 1.24 79 
   Organizational 
commitment 
31 4,444 
−.09
8 
.02
3 [−.143, −.053] .090 
        
      
−.09
9 
.01
9 [−.135, −.062] .073 
.017 19 1.59 89 
   Job satisfaction 15 2,128 .034 
.05
7 [−.078, .145] .223 
        
      .041 
.02
8 [−.014, .095] .109 
.114 51 .96 66 
   General intelligence 24 4,235 .031 
.02
9 [−.027, .088] .115 
        
      .032 
.01
8 [−.003, .068] .070 
.045 39 1.21 77 
   Ingratiation 15 3,034 .317 
.03
4 [.251, .383] .131 
        
      .324 
.02
5 [.280, .367] .087 
.044 34 1.28 80 
                  
       Mean 41   75 
Note:  Statistics calculated for random-effects (RE) and fixed-effects (FE) models. (1) Number of samples; (2) cumulative sample 
size; (3) estimated true score correlations for RE (bold) and FE models—estimate corrected for measurement error in the predictor and 
select criterion measures (i.e. criterion measures reporting reliability statistics in at least 75% of total studies); (4) standard error for 
the estimated true score correlations for RE (bold) and FE models; (5) lower and upper bounds of 95% confidence interval (CI) for the 
estimated true score correlations for RE (bold) and FE models; (6) absolute CI width for RE (bold) and FE models; (7) absolute 
difference of RE CI less FE CI; (8) percentage underestimation of FE CI compared to RE CI; (9) standardized value associated with 
true confidence level percentage; (10) true confidence level percentage. 
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Job performance  
Job effectiveness. The sample-weighted true score correlation between self-
monitoring and job effectiveness was ρ = .131 (RE) and ρ = .139 (FE) (k = 55, N = 
7,226). Outlier analysis was effective at rendering effects homogenous with the removal 
of one outliers (2%), reducing the estimate to .115/.117 (Table 4.3). For scale length, a 
significant between-classes relationship was found, although significant heterogeneity 
also existed within the 13-item and ―Other‖ scale classes. Thus, the model partially fit the 
data, with the 13-item and 18-items scales reporting stronger estimates (Table 4.4). 
Similar results were reported for the scoring format moderator. A significant between-
classes effect was calculated, with the continuous scoring format yielding a stronger true 
score correlation estimate than the true-false scoring format, although not without 
heterogeneity (Table 4.5). The setting moderator did not fit the data (see Table 4.6).  
The theoretical moderator of construct operationalization was also tested (Table 
4.7). In doing so, two studies using ―Other‖ scales were removed from the total and new 
overall Q-statistics were calculated. Results indicated that there were significant between-
classes effects as well as within-class heterogeneity for Lennox and Wolfe; thus, the 
proposed model mostly fit the data. The Lennox and Wolfe self-monitoring construct 
operationalization correlation (ρ = .181/.194) was stronger than the estimate of Snyder 
and Gangestad (ρ = .080/.081). Lastly, the theoretical moderator of objective/subjective 
effectiveness was tested (see Table 4.8). Although subjective ratings (ρ = .132/.135) were 
slightly stronger than objective ratings (ρ = .116/.140), results indicated that the 
categorical moderator was not significant. While subjective indicator results were similar 
to the prior review, the objective indicator estimates were surprising because they were 
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substantially stronger than previously reported (Day et al, 2002). Significant 
heterogeneity remained in both classes however, prohibiting any firm conclusions. 
Overall, results indicated that self-monitoring was correlated with job effectiveness, 
whether using objective or subjective indices, and that the Lennox and Wolfe construct 
operationalization and the continuous scoring format were associated with the stronger 
correlation estimates of job effectiveness.  
Job success. The mean sample-weighted true score correlation between job 
success and self-monitoring was ρ = .122 (RE) and ρ = .125 (FE) (k = 19, N = 2,922). A 
significant between-class moderator was found for scale length, with a significant within 
class effect detected for the 25-item measure (Table 4.4). Thus, the proposed model only 
partially fit the data. No between-classes moderators were found for scoring format or 
research setting (see Tables 4.5-6).  
The theoretical moderator of construct operationalization was also examined. 
Results indicated that no significant differences existed between the two 
operationalizations; thus, the model did not fit the data (Table 4.7). Adequate studies 
existed to examine the theoretical moderator of promotions-pay/positions success indices. 
―Promotions-pay‖ success was found to be marginally stronger (ρ = .125/.130) than 
―positions‖ success (ρ = .121/.124), but not significantly so (see Table 4.8). These results 
indicated that self-monitoring was associated with indicators of job success, including 
receiving more promotions and pay, and occupying higher organizational positions. 
 
Leadership  
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Leadership. Thirty-seven studies were used to calculate the sample-weighted 
population correlation estimate between self-monitoring and leadership ρ = .104 (RE) and 
ρ = .108 (FE) (N = 5,390). Outlier analysis was successful at rendering the effects 
homogenous through the removal of one outlying study (5%), resulting in a stronger 
revised correlation ρ = .126/.127 (Table 4.3). No significant between-classes effect was 
found for the scale length moderator (Table 4.4). Nevertheless, results for the 18-item 
scale indicated stronger estimates than either the 25-item or 13-item scales classes, both 
of which contained heterogeneity. Similar to the scale moderator, the scoring format 
moderator only partially fit the data (Table 4.5). A significant effect was found for the 
fixed-effects model (random-effects approached significance p < .06), with the 
confidence intervals of the continuous scoring format class overlapping zero. Thus, the 
model somewhat fit the data. The setting moderator model resulted in a partial fit. While 
lab results did contain significant heterogeneity, the estimates of field settings were not 
significantly different from zero (Table 4.6).  
The theoretical moderator of construct operationalization was also tested. Results 
indicated that no significant differences existed between the two constructs, and 
significant within-class heterogeneity remained in three out of four homogeneity tests  
(Table 4.7). Finally, following precedent, rating source was also examined as a potential 
theoretical moderator. Results indicated mixed results associated with the moderator of 
rating source (see Table 4.8). Although self-ratings were highest, followed by observer-
ratings, and then by ratings of group members, effects for these classes did not 
significantly differ from one another in the random-effects model, while they did so in 
the fixed-effects model. These differences appear to the result of an extreme score in the 
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self-rating class, the same observation removed in outlier analysis. These results 
regarding self-monitoring and leadership were somewhat surprising considering the 
comparatively strong overall correlation reported in the previous meta-analysis (ρ = .21) 
(Day et al, 2002). These discrepancies may partially result from differences in 
operationalizing correlates between meta-analyses; in this work, we included positions of 
success (e.g. managerial positions) under job success, not leadership. Nevertheless, 
despite differences in magnitudes between studies, results continue to support the positive 
relationship between self-monitoring and leadership emergence and behavior, especially 
in lab settings and as measured by the 18-item measure. 
 
Work Attitudes  
 Organizational commitment. The mean sample-weighted validity estimate of self-
monitoring and organizational commitment was ρ = −.098 (RE) and ρ = −.099 (FE) and 
(k = 31, N = 4,444). All three methodological moderators failed to demonstrate between-
classes effects or within-class differences (see Tables 4.4-6), indicating the moderator 
models did not fit the data. An adequate number of studies were available to test the 
theoretical moderator of organizational commitment as measured by attitudinal and 
behavioral indices, but similar non-significant values were the result (see Table 4.8). 
While contrasting somewhat with prior results in which behavioral indices produced 
stronger negative estimates than attitudinal ones, the overall trend remained the same. 
Namely, the relationship between self-monitoring and organizational commitment, while 
slighter weaker than previously reported, remained significantly negative. 
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 Organizational involvement. Nine studies were used to calculated the sample-
weighted true score correlation estimate between self-monitoring and organizational 
involvement ρ = .170 (RE) and ρ = .173 (FE) (N = 1,160). The proposed moderator of 
scoring format demonstrated significant between-classes effects for the random-effects 
model, and approached significance for the fixed-effects model (p < .056; see Table 4.5). 
Thus, the model only partially fit the data. Similar effects were calculated for the setting 
moderator. Organizational involvement as measured in lab settings was significantly 
stronger than in field settings, the results of which were not significantly different from 
zero. As a result, the model completely fit the data (Table 4.6). Sufficient data existed to 
test differences between job involvement and overall organizational citizenship behavior. 
While the correlation between self-monitoring and organizational citizenship behavior 
was much stronger than the correlation job involvement, these between-classes effects 
were not significantly different. Surprisingly, the relationship between self-monitoring 
and job involvement did not significantly differ from zero in the random-effects model, 
although it did for the FE model. These results run contrary to those of the previous meta-
analysis, in which self-monitoring demonstrated a strong relationship with job 
involvement (ρ = .22) (Day et al, 2002). Small sample size may account for these 
differences in results. For organizational citizenship behavior, results were significant, 
but were considered tentative because of the small k and n (see Table 4.8).  
 Job satisfaction. The sample-weighted true score correlation between self-
monitoring and job satisfaction was ρ = .034 (RE) and ρ = .041 (FE) and (k = 15, N = 
2,128). Outlier analysis was successful at rendering the effects homogenous through the 
removal of one outlying study (7%), resulting in a negative revised correlation ρ = 
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−.012/−.014 (see Table 4.3). Both original and revised correlations did not significantly 
differ from zero in either meta-analytic model. A significant between-classes effect was 
found for the scale moderator, with the 13-item scale resulting in a significantly positive 
correlation compared with the remaining three scales, none of which differed 
significantly from zero (Table 4.4). Thus, the model partially fit the data. A significant 
between-classes effect was also calculated for scoring format. However, confidence 
intervals from all classes overlapped zero except for continuous scoring in the fixed-
effects model. Thus, the model only partially fit the data (Table 4.5). Finally, a sufficient 
number of samples existed to test the theoretical moderator of construct 
operationalization (see Table 4.7). In doing so, one study using the ―Other‖ scale was 
removed from the total and new Q-statistics were calculated. Results indicated that there 
was a significant between-classes effect without any within-class heterogeneity. Thus, the 
proposed model perfectly fit the data. The Lennox and Wolfe construct operationalization 
(ρ = .134/.135) was significantly stronger than the self-monitoring construct of Snyder 
and Gangestad (ρ = −.054 /−.055), the confidence intervals of which included zero. 
Therefore, while there was no overall relationship between job satisfaction and self-
monitoring, significant positive results were found for the Lennox and Wolfe construct 
operationalization; nevertheless, the k on which this result was based was quite small.  
Role stressors. The sample-weighted true score correlation estimate between self-
monitoring and role conflict (k = 7) was ρ = .28 (RE) and ρ = .303 (FE). The sample-
weighted true score correlation estimate with role ambiguity was ρ = .219 (RE) and ρ = 
.220 (FE). Outlier analysis successfully reduced heterogeneity in role conflict by 
removing one outlier (14%), weakening the revised estimate (ρ = .163/.191) (see Table 
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4.3). Although the relationship of each correlate was significantly different from zero, the 
95% confidence intervals for each effect overlapped, indicating that that self-monitoring 
did not show differential relationships with these two stressors. Thus, results indicated 
that self-monitoring had a relatively strong relationship to role stressors.  
 
Individual differences 
General intelligence. Twenty-four studies were used to calculated the sample-
weighted true score correlation estimate between self-monitoring and general 
intelligence: ρ = .031 (RE) and ρ = .032 (FE) (N = 4,235). The correlation estimate was 
not significantly different form zero. While the estimate was rendered homogenous with 
the removal of one outlier (4%), the overall correlation still did not significantly differ 
from zero (see Table 4.3). The moderator model for scale length resulted in a significant 
between-classes effect, although confidence intervals overlapped zero in all classes 
(Table 4.4). Similar effects were found for scoring format. A significant between-classes 
effect was found, although the confidence intervals of the true-false format did not 
overlap zero (Table 4.5). Research setting failed to demonstrate a significant between-
classes effect, indicating a lack of fit to the data (Tables 4.6). An adequate number of 
studies existed to enable the examination of the theoretical moderator of construct 
operationalization. Prior to testing, one study utilizing the ―Other‖ scale was removed 
from the total and new Q-statistics were calculated. A significant between-class effect 
was discovered for construct operationalization with estimates associated with Snyder 
and Gangestad being stronger than those of the Lennox and Wolfe construct (Table 4.7). 
Nevertheless, within-class effects were also found for the former operationalization, and 
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its estimated effect did not significantly differ from zero, as did those of Lennox and 
Wolfe. Overall, these results indicated that self-monitoring was unrelated to general 
intelligence, a result that ran contrary to that of the previous meta-analysis. 
 Emotional intelligence. The mean sample-weighted true score correlation between 
self-monitoring and emotional intelligence was ρ = .250 (RE) and ρ = .262 (FE) and (k = 
6, N = 1,101). Although heterogeneity existed in this estimate, the SAMD statistic did not 
meet the elimination criteria; thus, all cases were retained. The moderator model for scale 
partly fit the data (see Table 4.4). A significant between classes effect was calculated for 
the fixed-effects model, but not the random-effects model (p < .056). Heterogeneity was 
also detected within the 13-item class. Similar results were found for the scoring format 
moderator, with significant effects found between-classes and within the continuous class 
moderator (Table 4.5). Significant between-classes effects were also found for the setting 
moderator; however, there was heterogeneity was detected in all within-class categories 
except one. Thus, the model only somewhat fit the data (Table 4.6).  
Sufficient studies were found to examine the theoretical moderator of construct 
operationalization. Because of the small sample size, results were a virtual replication of 
the scale results (see Table 4.7). A significant between-classes effect was found, as was 
heterogeneity in the Lennox and Wolfe operationalization. Finally, the moderator model 
associated with emotional intelligence scale type was tested; results indicated that this 
moderator completely fit the data (see Table 4.8). Thus, the mixed model measures were 
significantly more related to self-monitoring than the ability model measure. Overall, 
results indicated that self-monitoring was significantly related to emotional intelligence; 
however, the strength of this relationship differed depending upon how emotional 
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intelligence was measured. These results were viewed as tentative because of the small 
sample size.    
 Influence tactics. The sample-weighted true score correlation estimate between 
self-monitoring and the six influence tactics was as follows: ingratiation: ρ = .317 (RE) 
and ρ = .324 (FE) and (k = 15, N = 3,034); assertiveness: ρ = .150 (RE) and ρ = .152 (FE) 
and (k = 7, N = 1,756); coalition: ρ = .244 (RE) and ρ = .245 (FE) and (k = 7, N = 1,756); 
exchange: ρ = .225 (RE) and ρ = .229 (FE) and (k = 6, N = 1,535); rationality: ρ = .077 
(RE) and ρ = .079 (FE) and (k = 6, N = 1,535); and upward appeal: ρ = .226 (RE) and ρ = 
.227 (FE) and (k = 6, N = 1,535). All estimates were significant except for rationality (see 
Table 2). Outlier removal of one study (7%) successfully reduced heterogeneity in 
ingratiation, resulting in a slightly weaker revised estimate: .278/.281 (see Table 4.3). 
Scale and scoring moderators did not fit the data for any of the influence tactics except 
ingratiation (Tables 4.4 and 4.5). For the scale moderator, the model perfectly fit the data, 
with the 25-item measure indicating a significantly stronger correlation than the other two 
measures. Effects were significant for between-classes differences in scoring format 
categories.  Although the true-false correlation was stronger than that for continuous 
scoring, heterogeneity was found in the former class. Thus, the model partly fit the data. 
For the setting moderator, significant between-classes effects moderators were found 
only for exchange. The model perfectly fit the data, with the correlation associated with 
the field setting correlation significantly stronger than that of the lab setting (Table 4.6). 
The correlations for ingratiation were significantly higher in the field setting than in the 
lab setting. Finally, a sufficient number of studies existed to test the moderator model of 
construct operationalization. No significantly between-classes effects were found; thus, 
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the model did not fit the data (see Table 4.8). Overall, results indicate that self-
monitoring was related to all influence tactics (excluding rationality), and most notably to 
ingratiation. 
 
Demographic variables 
Age. Thirty-give studies were used to calculated the sample-weighted true score 
correlation estimate between self-monitoring and age: ρ = −.036 (RE) and ρ = −.034  
(FE) (N = 8,084). This estimates overlapped zero in both meta-analytic models. The 
overall effect was rendered homogenous with the removal of five outliers (14%). The 
magnitude of the revised effect estimate was greatly strengthened, indicating that self-
monitoring had a negative relationship with increases in age (ρ = −.182/−.185) (Table 
4.3). In moderator analyses, significant between-classes effects were found for all 
moderator types; however, significant effects also occurred within all moderator classes, 
most of these including 95% confidence intervals overlapping with zero in one or both 
meta-analytic models (see Tables 4.4-6). Great variation occurred across classes, with 
some classes associated with positive correlations and others with negative correlations. 
Among all classes, the 18-item scale, the true-false scoring, and the field research setting 
produced 95% confidence intervals that did not overlap with zero. There were no ready 
explanations for this heterogeneity and different directions in correlations until we tested 
the theoretical moderator of construct operationalization. After removing three ―Other‖ 
studies from the total and recalculating Q-statistics, results indicated that significant 
between-classes effects with large values were found for construct operationalization. 
Although significant heterogeneity remained in both classes, results indicated that Snyder 
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and Gangestad operationalization was negative and significantly different from zero (ρ = 
−.147/−.150) than that of Lennox and Wolfe (ρ = .168/.179), whose confidence intervals 
overlapped zero. Consequently, while heterogeneity existed for age in virtually all 
moderator classes, the most meaningful explanation for these differences appeared to be 
differences in construct operationalization. Overall, results indicated that the relationship 
between self-monitoring and age was not significantly different from zero, a result that 
ran counter to the previous work.  
Sex. The sample-weighted true score correlation estimate between self-monitoring 
and sex was ρ = .085 (RE) and ρ = .087 (FE) and (k = 75, N = 15,039), indicating that 
self-monitoring tended to be associated with men more than women. Removing two 
studies via outlier analysis (3%) successfully rendered the effect homogenous, with the 
revised effect decreasing slightly in magnitude: .072/.074 (Table 4.3). Significant 
between-class effects were found for scale length, with effects from both of Snyder‘s 
scales significantly stronger than the 13-item scale, the results of which overlapped with 
zero. Thus, the model perfectly fit the data (Table 4.4). A perfect fit was also found for 
the scoring format moderator (Table 4.5). Significant between-classes effects were 
detected, with effects from the true-false format significantly favoring men, while the 
confidence intervals of the continuous format overlapped with zero. Significant between-
class effects were found for setting moderator, but so were within-class effects for the lab 
setting. Results were significantly different from zero in both settings (Table 4.6). 
Finally, an adequate number of studies existed to test the theoretical moderator of 
construct operationalization (Table 4.7). One study using the ―Other‖ scoring format was 
removed and revised total heterogeneity statistics were calculated. Results of moderator 
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analysis indicated that significant between-classes differences existed between the two 
construct operationalizations, with correlations associated with Snyder and Gangestand 
favoring men (ρ = .116/.118). Results for Lennox and Wolfe were not significantly 
different than zero (ρ = −.004/−.003). Although some heterogeneity remained in the 
former operationalization, the model mostly fit the data. Thus, it appeared that for Snyder 
and Gangestad‘s construct operationalization and with its attendant scales, primarily 
utilizing the true-false scoring format, correlations favored men. No sex differences were 
found for the construct operationalization of Lennox and Wolfe.  
Race. Eight studies were used to calculated the sample-weighted true score 
correlation estimate between self-monitoring and race: ρ = .057 (RE) and ρ = .058 (FE) 
(N = 2,108). Results were not significantly different from zero. Significant between-
classes effects were found for the scoring format moderator, although significant 
heterogeneity was indicated in true-false scoring format (see Table 4.5). Thus, the model 
mostly fit data. Although the sample size was small and limited to whites and non-whites 
(mostly African-American), these results indicated that there were no significant 
differences in self-monitoring across racial categories.  
Education. The sample-weighted true score correlation estimate between 
education and self-monitoring was ρ = .157 (RE) and ρ = .161 (FE) and (k = 14, N = 
2,655). Outlier analysis was successful at rendering the effects homogenous through the 
removal of two outlying studies (14%), resulting in a stronger revised effect estimate (ρ = 
.128/.130) (Table 4.3). Significant between-classes effects were found for scale length, 
with Snyder‘s scales reporting positive correlation estimates than those of the 13-item 
measure, which were negative (Table 4.4). Nevertheless, the model perfectly fit the data. 
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The model mostly fit data for scoring format (see Table 4.5). Although between-classes 
effects were found, the correlations for the continuous scoring format were not 
significantly different from zero. The proposed moderator of research setting did not fit 
the data (Table 4.6). Finally, sufficient samples existed to examine the theoretical 
moderator of construct operationalization (Table 4.7). Results indicated that a significant 
between-class moderator was found within no within-class heterogeneity; thus, the model 
perfectly fit the data. Results indicated that correlations associated with Snyder and 
Gangestad‘s operationalization were significantly related to education (ρ = .128/.131), 
while correlations associated with Lennox and Wolfe‘s operationalization were not 
significantly different from zero (ρ = −.166/−.167). Although these differences are 
noteworthy, the must be viewed tentatively based on the limited number of observations 
associated with the Lennox and Wolfe operationalization (k = 3). Overall, results 
indicated that self-monitoring was slightly related to with increasing levels of education, 
although differences between construction operationalizations produced divergent results. 
 
Confidence Interval Comparison 
 Table 4.9 presents the results for the meta-analytic confidence interval 
comparison procedures. The fixed-effects model underestimated the random-effects 
confidence interval width in all ten meta-analyses. Across all ten meta-analyses, the 
average underestimation was 41%, with a range of 19 to 69% underestimation. Judged 
against the random-effects confidence intervals, the average nominal 95% fixed-effects 
confidence intervals was, in actuality, a 75% (i.e. p < .25). Confidence intervals ranged 
from 46 to 89% confidence intervals. Confidence interval comparisons were also 
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conducted on meta-analyses after outliers had been removed (see Table 4.3). Eight meta-
analyses of the ten indicated that they contained outlying studies. Following outlier 
removal, the average underestimation was reduced from 41% to 26%, and the average 
nominal confidence interval of the fixed-effects model was increased from 75% to 84%. 
Overall, these results indicated that across all ten meta-analyses, with outliers either 
removed or retained, serious underestimation occurred when comparing the confidence 
intervals of the fixed-effects model to those of the random-effects model.  
 
Summary 
This meta-analysis provided a quantitative summary of the self-monitoring 
personality in work and organizational settings by cumulating knowledge across 16 
work-related and four demographic correlates. Overall, self-monitoring measures 
demonstrated acceptable predictive validity for 15 of the 20 correlates. Self-monitoring 
was positively related with both measures of job performance (effectiveness and success). 
Positive correlations were found with general leadership emergence and behavior. 
Among work-attitudes, self-monitoring was positively related to organizational 
involvement, negatively related to organizational commitment, and positively related to 
role stress. Self-monitoring was also positively correlated to emotional intelligence and 
all influence tactics (rationally excluded). Demographically, self-monitoring was 
positively related with sex, trending toward men, and with increasing levels of education. 
Job satisfaction, general intelligence, age, and race were not significantly correlated with 
self-monitoring. Results of five moderator analyses indicated some methodological 
differences in measuring self-monitoring. Most notably among these was the difference 
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in construct operationalization. Lastly, results indicated that when compared to the 
confidence intervals of the random-effects model, the fixed-effects model underestimated 
the real confidence intervals by 41% on average, resulting in a mean nominal confidence 
interval of 75%.   
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CHAPTER V 
Discussion 
Results of this updated meta-analysis were compared with the prior findings (Day 
et al, 2002). Consistent with prior results, self-monitoring was positively related to both 
job effectiveness and success, and hence overall job performance. These results also 
replicated the finding that self-monitoring was positively related to leadership, albeit with 
a weaker relationship overall than previously reported. Results were similar to prior 
findings in both direction and magnitude for all five work-related attitudes, as well as 
biological sex. In particular, self-monitoring had a weak but significantly stronger 
relationship with men than with women. Contrary to the prior meta-analysis, the 
confidence intervals for both age and general intelligence overlapped with zero. 
Discrepancies can be attributed to the incorporation of the random-effects model. 
Overall, findings from both meta-analytic reviews indicated considerable agreement 
regarding the direction and magnitude of the relationships between self-monitoring and 
relevant organizational criteria.  
In addition to providing a meta-analytic update of the self-monitoring construct, 
this work makes three contributions to the literature. First, the correlates of investigation 
were expanded to include seven additional work-related correlates and two demographic 
variables of theoretical relevance. Previous work grounded the motivation for self-
monitoring in socioanalytic theory (Day & Schleicher, 2006). This theoretical basis led to 
the investigation of emotional intelligence and influence tactics, correlates that were 
theoretically and empirically related to ―getting along‖ and ―getting ahead‖. Despite a 
relatively smaller number of studies, meta-analytic results indicated that self-monitoring 
    
  
91 
 
 
had comparatively strong relationships with overall emotional intelligence. A meta-
analysis of emotional intelligence indicated that mixed models of emotional intelligence 
exhibited some incremental validity over intelligence and personality, on average, when 
predicting job performance, but especially for jobs dealing with high emotional labor 
(Joseph & Newman, 2010). Similarly, self-monitoring was found to have a robust 
relationship with five of the six influence tactics (rationality excluded). Ingratiation was 
especially noteworthy in light of results of its meta-analytic relationship with positive 
ratings of supervisor performance (ρ = .23) (Higgins et al, 2003). Thus, emotional 
intelligence, a wide range of influence tactics, especially ingratiation, may contribute to 
the relationship between self-monitoring and job effectiveness and success, especially in 
interpersonal settings (Barrick, Parks, & Mount, 2005). Demographic variables of 
relevance were also examined. First, no relationship was found between self-monitoring 
and race. Although investigation was limited to whites and non-white African Americans, 
these results were nevertheless promising, indicating no racial differences in self-
monitoring. In contradistinction, a small relationship was found between self-monitoring 
and increasing levels of education. These results were not surprising in light of the 
theoretical motivation to ―get ahead‖ behind self-monitoring. Furthermore, this evidence 
suggests that the relationship of self-monitoring with job success and leadership may be 
partially attributable to these higher levels of education. Thus, as a result of the 
expanding the correlates of investigation to include emotional intelligence, influence 
tactics, and education, this meta-analysis provided a richer explanation of how self-
monitoring enables one to both ―get along‖ and ―get ahead.‖  
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The comparative meta-analytic approach was the second contribution of this 
work. Using data based on empirical observation (not computer simulation), this study 
filled an absence in the literature concerning comparative meta-analyses of real-world 
data. Based on the results of 10 meta-analyses, results indicated that the fixed-effects 
model substantially underestimated the confidence intervals of the random-effects model, 
resulting in an average nominal confidence interval of 75% (i.e. p < .25). While these 
intervals were wider than the average reported by Schmidt et al (2009) (i.e. average 
confidence intervals = 56%), they provide support to their argument. Namely, model 
selection has important ramifications for fixed-effect only meta-analyses both past and 
future. For empirical data, future researchers are urged against using only fixed-effects 
models of meta-analysis unless they have compelling rationale to warrant the procedure. 
Even then, we would encourage the use of a comparative approach to ensure against any 
potential bias. Only then, after determining that no meaningful discrepancies exist 
between results, should the fixed-effects model be used. In all other cases, the random-
effects model should be preferred as the ―default‖ meta-analytic model (National 
Research Council, 1992).  
A third contribution of this work was to resolve an issue of some inexplicable 
differences between classes of scale lengths and scoring formats. These difference were 
previously attributed to a small number of studies, allowing researchers to conclude that 
―it makes little difference empirically which scale or scoring type is used for predicting 
organizational criteria." (Day et al, 2002; p. 397). Now, due to the quantitative increase in 
number studies, the evidence appeared to offer an alternative explanation. Namely, 
results indicated that there were substantial differences in the construct 
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operationalizations of Snyder and Gangestad (1974; 1985) and that of Lennox and Wolfe 
(1984). Consider the demographic correlates (see Table 8). For Snyder and Gangestad‘s 
operationalization, measured by the 25-item (Snyder, 1974, 1972) and 18-item scales 
(Gangestad & Snyder, 1986), results indicated that self-monitoring was negatively related 
to age (−.146/−.150), and positively related to men (.118/.120) and education  
(.188/.192). In contrast, for Lennox and Wolfe‘s operationalization, results of the 13-item 
scale (1984) indicated no significant relationships with any of these correlates except 
education. Although an insufficient number of studies existed to warrant a conclusion 
regarding age and education at this time, the same was not true of sex. Moderator 
analysis of sex (k = 75) as well as job effectiveness (k = 55) indicated some meaningful 
differences between the two operationalizations of self-monitoring. This evidence 
indicates that it does make an empirical difference which scale is used for predicting 
organizational criteria. The implications of these differences, as well as future research 
directions, follow below.   
 
Implications for Research and Future Directions 
Evidence suggests meaningful differences exist between self-monitoring scales 
based on their respective construct operationalizations. However, the evidence does not 
suggest the empirical superiority of one scale over another. Instead, results indicate that 
specific scales should be utilized for specific purposes. Ideally, researchers are 
encouraged to utilize both of the revised measures of self-monitoring, the 18-item 
measure (Gangestad & Snyder, 1985) and 13-item measure (Lennox & Wolfe, 1984), in 
order to calculate an accurate scale intercorrelation estimate. It was surprising to find 
only five total samples that reported the results of an intercorrelation between the 13-item 
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measure (Lennox & Wolfe, 1984) and one of Snyder‘s two scales (1974; 1985). 
Conducting a meta-analysis of these intercorrelations, significant result of .384/.389 (k = 
5; N = 520) was calculated. While admittedly small in terms of k and n, this result does 
corroborate the contention that, while these scales are certainly related, they have 
important differences. Parallel use would enable the filed to determine the shared and 
unique predictive capabilities of each measure. In terms of shared capacities, present 
results indicated that both measures were equally effective in predicting job success and 
ingratiation. Job effectiveness and emotional intelligence also indicated positive 
relationships, although these relationships were stronger for 13-item measure. It was 
noteworthy that these four correlates demonstrated the strongest theoretical connections 
between self-monitoring and socioanalytic theory. Thus, it appeared as though there was 
a shared ―core‖ to the overlapping construct operationalizations of self-monitoring.   
In terms of unique predictive capabilities, the majority of differences were found 
among demographic variables. These findings have implications for adverse impact in the 
possible use of a self-monitoring scale in organizational settings for predictive purposes. 
Of the two recommended scales, the strongest relationship with performance criteria and 
the least demographic biases were associated with the 13-item measure (Lennox & 
Wolfe, 1984). Additional examination is required before any conclusions should be made 
concerning all demographic variables (i.e. age and education), but the lack of bias 
regarding sex was noteworthy. As a result, this measure may merit further testing for 
organizational selection purposes. Specifically, for positions involving interpersonal work 
(i.e. sales, customer satisfaction). The shorter scale length and higher reliability estimate 
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vis-à-vis the 18-item scale also make the 13-item measure attractive for research 
purposes.  
While attractive in some aspects, evidence also demonstrated that the 13-item 
scale does have major a weakness compared to Snyder‘s scales: the comparative lack of 
observations. The great majority of samples in this meta-analysis (180 vs. 72) were 
assessed using either the 25-item or the 18-item scales. What is more, some of the 
strongest relationships (i.e. role stress, organizational commitment) have received 
virtually no attention with the 13-item measure. Thus, while the 13-item measure has 
some appealing features and appears promising, its true capabilities are largely uncertain. 
By contrast, the population estimates associated with Snyder‘s measures had far more 
observations. While it is not recommend to utilize the 18-item scale for selection 
purposes, it is heartily recommended for research examining a number of relevant 
organization outcomes, including jobs success, work attitudes, influence tactics, and most 
notably, leadership. In fact, interactions between these correlates, especially job 
effectiveness of individuals in organizational leadership positions has begun to receive 
research attention (Foti & Haustein, 2007; Jawahar, 2001). It is hoped this promising 
research continues. Additional directions include examining relationships with other 
stressors (i.e. job stressors, work-life balance). Insufficient samples were found to 
examine these correlates in this work. These role stressors (conflict and ambiguity) are 
cited because they may have particular relevance for leadership research. As results 
indicated, self-monitoring was associated with advanced education, leadership 
emergence, and more frequent promotions. Therefore, higher self-monitors are more 
likely to be overrepresented in higher organizational positions (Day et al, 2002). 
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However, these higher positions are often associated with increased ambiguity. Meta-
analytic evidence indicated that role ambiguity had a negative relationship with overall 
performance and contributed to an increased propensity to leave (Gilboa, Shirom, Fried, 
& Cooper, 2008). Thus, while higher self-monitors may reach higher levels of the 
organizational hierarchy, their performance and organizational commitment (already 
weaker anyway) may be adversely affected by the role stress associated with these 
leadership positions. Positive psychological interventions may also serve to alleviate the 
effects of these stressors, helping higher self-monitors to ―make sense‖ of them (Avey, 
Reichard, Luthans, & Mhatre, in press).  
 
 
Figure 5.1: Proposed self-monitoring research tracks based on meta-analytic results.  
 
 
 
 
 
 
Lennox & Wolfe (1984) Gangestad & Snyder (1985) 
 
Job success 
Emotional intelligence 
Influence tactics 
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Conclusion 
Overall, results of the present meta-analysis suggest that self-monitoring plays an 
instrumental role in contributing to job effectiveness and success, leadership emergence, 
and work attitudes in organizational settings. Moreover, evidence also indicates that 
emotional intelligence, influence tactics, and higher education contribute to how self-
monitoring is associated with ―getting along‖ and who ―getting ahead.‖ Meaningful 
differences were found between the two major operationalizations of the self-monitoring 
construct. To two revised scales associated with these operationalizations, the 18-item 
scale and 13-item scale, respectively, produced similar results for correlates considered 
central to self-monitoring theory (i.e. job success and interpersonal effectiveness) 
(Snyder, 1987), although important differences were also found. Consequently, two 
parallel research tracks are proposed: ―a job effectiveness and selection track‖ for the 13-
item scale (Lennox & Wolfe, 1984) and a ―leadership and work attitudes track‖ for the 
18-item scale (Snyder & Gangestad, 1985). Ideally, researchers are recommended to use 
both measures whenever possible, allowing for the most comprehensive results. In light 
of these findings, it is concluded that self-monitoring continues to be a valid construct of 
relevance in work and organizational settings. Researchers and theorists are encouraged 
to consider how to continue this meaningful line of inquiry.  
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CHAPTER VI 
Journal Article 
Written for the Journal of Applied Psychology 
Note: This sample article follows the format and submission guidelines for the Journal of 
Applied Psychology. 
 
SELF-MONITORING PERSONALITY AT WORK REVISITED: A COMPARATIVE 
META-ANALYSIS 
 
Michael P. Wilmot, M.S. & John E. Barbuto, Ph.D. 
University of Nebraska 
 
The validity of self-monitoring personality in work and organizational settings was 
reexamined. Comparative meta-analyses using both random-effects and fixed-effects 
models were conducted (349 total samples; N = 75,811) to test the relationship between 
self-monitoring personality and work-related and demographic correlates, as well as the 
reliability of the self-monitoring measures. Contributions were made to the literatures of 
self-monitoring and meta-analysis. Self-monitoring: Results indicated that self-
monitoring related to a number of relevant organizational outcomes, including job 
effectiveness and success, leadership, and ingratiation. Some results ran contrary to the 
prior meta-analysis (Day, Shleicher, Unckless, & Hiller, 2002). Meaningful differences 
were found between the two major operationalizations of the self-monitoring construct: 
Snyder (1974) and Gangestad and Snyder (1985) vs. Lennox and Wolfe (1984), 
especially regarding relationships with demographic correlates (i.e. bias). Separate but 
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complementary research tracks are proposed. Continued research is recommended to 
better understand the inferences associated with the overlapping and unique 
characteristics of the two construct operationalizations. Meta-analysis: Results from ten 
comparative meta-analyses of empirical data (k > 10) indicated that fixed-effects 
confidence intervals (CIs) underestimated random-effects CIs by 41% on average. 
Nominal 95% fixed-effects CIs were found to be on average 75% (i.e. p < .25) when 
compared to random-effects CIs. Implications for future meta-analyses are discussed. 
 
Through 40 years of theory and research, from inception to meta-analytic review 
and to subsequent research, self-monitoring has been established as a major construct of 
interest in the personality psychology literature (Snyder, 1972, 1974; Day, Schleicher, 
Unkless & Hiller, 2002; Venkataramani, Green, & Schleicher, 2010). Self-monitoring 
theory posits that individuals differ meaningfully in the extent to which they can and do 
engage in the expressive control (i.e. monitoring) of their public self-presentations 
(Snyder, 1987). High self-monitors tend to construct and project desirable images of 
themselves in attempts to impress others and better fit their various social contexts. Low 
self-monitors seem less willing and able to engage in such appearances, considering them 
―falsehoods.‖ Instead, they tend to act so as to remain true to their internal dispositions 
and attitudes, displaying behavioral consistency across situations (Gangestad & Snyder, 
2000). Meta-analysis demonstrated that self-monitoring is a valid construct whose 
measurement has relevance in work and organizational research (Day et al, 2002). While 
meta-analyses have often completed lines of inquiry for a construct, this work was a 
catalyst for further research. A PsycINFO keyword search of self-monitoring personality 
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for the period between January 1974 and December 2000 retrieved 348 peer-reviewed 
publications; the same search found 223 articles dating between January, 2001 and 
December, 2010.  
A decade of research in meta-analysis led to controversy surrounding fixed-
effects versus random-effects models (Field, 2001, 2003; Hunter & Schmidt, 2000, 2004; 
Schulze, 2004; Schmidt, Oh, & Hayes, 2009). While detailed arguments are available in 
the literature, a brief summary of the debate is provided. The fixed-effects model is built 
upon two contentious assumptions: (a) that the ―true‖ population effect size is a fixed but 
unknown constant across all studies; and (b) that the body of studies included in the 
meta-analysis is comprehensive. By contrast, the random-effects model allows for the 
possibility that population parameters may vary across studies (i.e. there is a distribution 
of ―true effect sizes‖), and that the studies included in the meta-analysis are a sample 
from a potentially larger ―superpopulation‖ of studies (Hedges, 1992). Thus, while the 
fixed-effects model assumes a homogenous, exhaustive case, the random-effects model 
assumes a heterogeneous, incomplete one.  Advocates of the random-effects model argue 
that nearly all real-world (i.e. empirical) data is heteronymous and, by extension, best 
suited to the random-effects model (Field, 2003; Hunter & Schmidt, 2004). Ironically, as 
Hunter and Schmidt note, most meta-analyses in the social sciences historically have 
used the fixed-effects instead of the random-effects model (2000). The ramifications of 
this data/model are considerable. First, the fixed-effects model tends to produce 
erroneously narrow confidence intervals when compared to those of the random-effects 
model, thereby increasing Type I error rates (National Research Council, 1992; Schmidt 
et al, 2009). Second, population estimates associated with the fixed-effects model are 
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susceptible to misuse. That is, they are subject to unwarranted generalization to studies 
beyond the meta-analysis population (Bornstein, Hedges, Higgins, & Rothstein, 2009).  
Therefore, in light of these methodological developments, as well as the surge in 
self-monitoring research, a new meta-analysis of the construct was undertaken. The 
purpose of this work was to update the previous fixed-effects meta-analysis as studies 
merited and to expand the analysis to additional correlates of investigation. In doing so, 
results were calculated using both fixed-effects and random-effects models. While the 
primary contribution is testing the relationship between self-monitoring and its correlates, 
the methodological contribution is also noteworthy, considering the virtual absence in the 
literature of meta-analyses comparing fixed-effects and random-effects models using 
empirical data.  
 
Self-Monitoring: A Brief Measurement History  
Self-monitoring concerns dispositional variation in the extent to which 
―individuals strategically cultivate public appearances‖ (Gangestad & Snyder, 2000, p. 
530). To measure these differences, Snyder developed the original 25-item Self-
Monitoring Scale (Snyder, 1972, 1974). After meeting with initial empirical success, the 
scale came under a period of scrutiny. Criticisms included its dimensionality and scoring 
format (Briggs, Creek & Buss, 1980), its operationalization of the self-monitoring 
construct (Lennox & Wolfe, 1984), and its typological assumptions (i.e. high/low self-
monitors) (Miller & Thayer, 1989). The outcome of this spirited debate resulted in two 
major scale enhancements. First, Lennox and Wolfe narrowed the definition of the self-
monitoring construct and developed a new 13-item scale that utilized a continuous 
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scoring format (1984). In response, Gangestad and Snyder struck seven of the more 
contentious items from the original scale, shortening it to 18 items (1985). Debate as to 
which revised scale was the superior operationalizaiton of the self-monitoring construct 
continued as researchers advanced parallel lines of investigation (Briggs & Cheek, 1988; 
Gangestad & Snyder, 1991; Hoyle & Lenox, 1991; Shuptrine, Bearden, & Teel, 1990). 
Later, to answer persistent allegations of multi-dimensionality and their original 
operationalization of the construct, Gangestad and Snyder conducted a taxometric 
analysis to test the relationship between self-monitoring and relevant external criteria 
(2000). The results of this investigation indicated that both the original (25-item) and the 
revised (18-item) scales reflected a single dimension—that of the self-monitoring 
personality. With the foundation of a unitary dimension laid, and with the publication of 
the meta-analysis following shortly thereafter (Day et al, 2002), self-monitoring began 
garnering increased international attention through a number of scale translations, 
including Turkish (Öner, 2002) and Hebrew (Bachner-Melman, Bacon-Shnoor, Zohar, 
Elizur, & Ebstein, 2009), among others. These developments and enduring interest 
demonstrate the continued theoretical and applied relevance of self-monitoring, and its 
increasing international profile. Although conflict still remains regarding the optimal way 
to measure the construct of self-monitoring (Leone, 2006), the decision was made to 
analyze self-monitoring as a unidimensional construct and as a continuous variable. 
Although often spoken of as a discrete class variable in the literature (high vs. low self-
monitors), self-monitoring was analyzed as continuous because not all studies reported 
dichotomous results; however, meta-analytic corrections can be made for studies 
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reporting discontinuity resulting from artificial dichotomization (Hunter & Schmidt, 
1990).  
 
Validity of Self-Monitoring 
Reliability  
Measurement reliability refers to the numerical estimate of how consistently a 
psychometric scale captures an underlying construct, while validity refers to the ability of 
a scale to measure its intended construct (Anastasi & Urbina, 1997). For each of the three 
major self-monitoring scales, two reliability estimates are shown below: (a) the full-scale 
estimate reported in the article in which it first appeared; and (b) the estimate calculated 
in the previous meta-analysis (shown in italics). Also shown is the meta-analytic internal 
consistency estimate of a fourth measure, an ―Other‖ scale. This category encompassed 
all of the various permutations of a self-monitoring scale utilized by researchers for their 
own study-specific purposes.  The 25-item Self-Monitoring Scale (Snyder, 1972, 1974): 
.66, .70. The 18-item Self-Monitoring Scale-Revised (Gangestad & Snyder, 1985): .70, 
.73. The 13-item Revised Self-Monitoring Scale (Lennox & Wolfe, 1984): .77, .80. The 
―Other‖ Self-Monitoring scale (Day et al, 2002): .80. 
Previously, meta-analytic estimates were also calculated for scales with both true-
false and continuous scoring formats. The meta-analytic reliability for the true-false 
scoring format was .72 and the continuous scoring was format: .77. (Day et al, 2002). 
While all four scales differed significantly, as did the scoring formats, the overall sample-
weighted reliability across all scales was .74. Similarly, meta-analytic internal 
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consistency estimate for self-monitoring was computed for this work, examining different 
scales and scoring formats as potential between-study moderators.  
 
Work-Related Criteria & Demographic Correlates 
Day et al (2002) reported that self-monitoring was significantly related to nine 
important work-related criteria and demographic correlates. They concluded that ―high 
self-monitors (vs. low self-monitors) are likely to be younger and male, to be more 
involved in their jobs, and to perform at a higher level and are more likely to emerge as a 
leader. High self-monitors are also more likely to experience more role stress and show 
less commitment to their organizations as compared with low self-monitors‖ (p. 397; for 
complete results see Table 1, Day et al, 2002).  
The criterion domain was conceptualized to include the three major areas of 
work-related criteria included in the previous meta-analysis: job 
performance/advancement, leadership, and job attitudes (Fiske, 1951). The precedent of 
the previous researchers was followed because these organizational criterion domains 
arguably comprise the most prevalent employee-related concerns in work settings (Day et 
al, 2002). In addition, these domains are relevant to socioanalytic theory, a theory for 
which for self-monitoring in organizational settings was grounded (Day & Schleicher, 
2006; Hogan, Jones, & Cheek, 1985). Socioanalytic theory posits that individuals have 
three fundamental innate biological drives. These include needs for (a) belonging and 
approval (―getting along‖); (b) status and control (getting ahead‖) and; (c) order and 
predictability (―making sense‖) (Hogan et al 1985). These general motives of ―getting 
along‖, ―getting ahead‖, and ―making sense‖ can be partially explained through 
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individual differences in self-monitoring (Celuch & Slama, 1995; Wolfe, Lennox & 
Cutler, 1986). Based on this theoretical grounding and a sufficient body of accumulated 
evidence, we chose to expand the domain of investigation to include individual 
differences, a category including relevant cognitive, emotional, and interpersonal 
capacities related to self-monitoring.  
 Job performance is of fundamental interest in most work and organizational 
research, an outcome to which self-monitoring was positively related (ρ = .10) (Day et al, 
2002). Previously tested as a single outcome, job performance-advancement, sufficient 
evidence was available to analyze the two components separately as job effectiveness and 
job success (Luthans, 1988). Job effectiveness refers to how well an individual performs 
the duties required by the job, while job success refers to objective indicators of reward 
or organizational advancement (Borman & Motowidlo, 1997). Self-monitoring theory 
posits that individuals who are higher self-monitors are capable of modifying their self-
presentations to adapt to others, impress them, and gain group status (Snyder, 1987). 
While previous results indicated significant relationships between self-monitoring and 
subjective indicators of effectiveness, results were more uncertain regarding objective 
indicators (e.g. sales volume) (Day et al, 2002). Subsequent research has demonstrated 
that self-monitoring played an important role in performance in job contexts with a large 
interpersonal component (Barrick, Parks, & Mount, 2005), sales in particular (Deeter-
Schmelz & Ramsey, 2010; Ricks, Fraedrich, & Xiong, 2000). Therefore, relationship 
between self-monitoring and job effectiveness was reexamined, testing the objective-
subjective distinction as a potential moderator. Regarding job success, research has 
demonstrated that self-monitoring was related to both cross-company and within-
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company promotions (Foti & Hauenstein 2007; Kilduff & Day, 1994), suggesting that 
higher self-monitors should enjoy the competitive advantages of promotional 
tournaments and be overrepresented in higher organizational positions (Day et al, 2002). 
Adequate studies existed to allow us to test both indicators of job success, ―promotions‖ 
(and pay) and ―positions‖, as a possible moderator. Overall, it is hypothesized that self-
monitoring will reflect ―getting ahead‖ through positive relationships with both job 
effectiveness and to job success. 
 The relationship between self-monitoring and leadership emergence and behavior 
has a long research history (Garland & Beard, 1979; Ellis, 1988; Sosik & Dinger, 2007). 
Self-monitoring is particularly relevant to leadership emergence because behavioral 
control (Ellis, 1998) and interpersonal effectiveness and influence (Bedian & Day, 2004) 
are instrumental to the leadership emergence process. Thus, one gets ahead by getting 
along. Previous results indicated that self-monitoring had a relatively strong relationship 
to leadership emergence and behavior (ρ = .21) especially in lab settings, and as rated by 
outside observers (Day et al, 2002). Results of more recent research have been mixed, 
especially in field settings (Riggio, Riggio, Salinas, & Cole, 2003; Rueb, Erskine, & Foti, 
2008). In some cases, differences were a function of rating source (Eby, Cader, & Noble, 
2003) or scale difference (i.e. 18-item versus 13-item measure). Therefore, the 
relationship of self-monitoring with leadership was retested utilizing different rating 
sources (self, group members, and outside observers) as a potential moderator. It is 
hypothesized that self-monitoring would continue to show a robust relationship with 
leadership, but the magnitude of this overall relationship would be less than previous 
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reported. Furthermore, these differences in magnitude would be attributed to scale 
differences and construct operationalization.  
 Concerning work attitudes, self-monitoring has been associated with weaker 
relational bonds and stronger needs for social status  (Gangestad & Snyder, 2000), 
characteristics contributing to a higher propensity to leave organizations for more 
advantageous positions elsewhere (Jenkins, 1993). A negative relationship with 
organizational commitment was found in the previous review (ρ = −.13), with behavioral 
commitment (i.e. turnover) having a stronger negative relationship than attitudinal 
commitments (Day et al, 2002). The weaker organizational bonds associated with self-
monitoring can be masked by positive organizational behaviors to the contrary, including 
organizational citizenship behaviors (Bolino, Turnley, Gilstrap, & Suazo, 2010) and job 
involvement (Dubinsky & Hartley, 1986). ―Organizational citizenship behavior‖ refers to 
―discretionary individual behavior, not directly or explicitly recognized by the formal 
reward system, and that in the aggregate promotes the effective functioning of the 
organization‖ (Organ, 1988), while ―job involvement‖ refers to the degree to which 
individuals identify psychologically with their jobs (Dubinsky & Hartley, 1986). In light 
of the higher self-monitor‘s desire to meet organizational social expectations, it is 
hypothesized that self-monitoring would positively relate to organizational involvement, 
a correlate comprised of the two aforementioned positive organizational behaviors. The 
self-monitoring of expressive behavior functions by adapting according to environmental 
cues (Snyder & Gangestad, 1982). Consequently, in situations where these external cues 
are ambiguous or conflicting, it should be more challenging for higher self-monitors to 
―make sense‖ of how best to act. Therefore, self-monitoring should be positively related 
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to role stressors (―role conflict‖ and ―role ambiguity‖). The preceding three hypotheses 
were based on findings of the previous review (Day et al, 2002). Finally, Day et al found 
no empirical or theoretical evidence between self-monitoring and job satisfaction (2002). 
However, researchers have subsequently investigated the relationship (Deeter-Schmelz & 
Ramsey, 2010), so it was retested, with the hypothesis of no significant relationship.   
 In the previous review, individual differences in self-monitoring was examined 
through the investigation of one correlate, ability. Results indicated that self-monitoring 
had a small but robust relationship with this variable (ρ = .07) (Day et al, 2002). Research 
indicates that intelligence has positive relationships with both leadership emergence 
(Judge, Ilies, & Colbert, 2004) and job performance (Schmidt, 2002). Although this 
evidence would support a claim that general intelligence partially accounts for higher 
self-monitors‘ ability to ―get ahead‖, interpersonal effectiveness would provide stronger 
theoretical support. That is, emotional intelligence rather than general intelligence 
(Livingstone & Day, 2005). The construct of emotional intelligence is the subject of 
much controversy in terms of definition and measurement (Joseph & Newman, 2010). 
Nevertheless, because of its theoretical linkages with self-monitoring, its relationship was 
tested. Emotional intelligence was examined as an ability model (Mayer, Salovey, & 
Caruso, 2000) and as a mixed (traits with abilities) model (Petrides, Pérez-González, & 
Furnham, 2007), testing models of emotional intelligence as a potential moderator. 
Therefore, in investigating the relationship of self-monitoring with these two 
intelligences, a positive relationship was hypothesized with emotional intelligence, but no 
relationship with general intelligence, with the prior results being attributed the previous 
results to an artifact of the fixed-effects meta-analytic model. Finally, evidence indicates 
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that self-presentational skills may enable individuals to diagnose a given environmental 
situation and to select an appropriate influence strategy to achieve a desired outcome 
(Deluga, 1992). Among these strategies, six influence tactics have seen much research 
interest: ingratiation, assertiveness, coalitions, exchange, rationality, and upward appeals 
(Schriesheim & Hinkin, 1990). Previous meta-analytic evidence indicates that self-
monitoring was an important antecedent to influence tactics (Barbuto & Moss, 2006), 
most notably ingratiation. Moreover, ingratiation has been found to have a relatively 
strong relationship with positive ratings of supervisor performance (ρ = .23) (Higgins, 
Judge, & Ferris, 2003). Thus, having greater flexibility with influence tactics should 
enable higher self-monitors to ―get along‖ with others and (especially with regard to 
ingratiation) to ―get ahead‖ (Caldwell & Burger, 1997).   
 Regarding demographic correlates, evidence indicates that self-monitoring was 
negatively related to age and positively related to sex (trending toward men) (Day et al, 
2002). However, meaningful discrepancies were also found between scale and scoring 
format moderators that the prior researchers were unable to resolve (e.g. for age, ρ = .13 
for the 13-item scale while ρ = −.13 and −.19 for the 25-item and 18-item scales, 
respectively; Day et al, 2002). Given the great increase in studies reporting demographic 
information for these variables, relationship between self-monitoring and both age and 
sex was reexamined. It was hypothesized that different construct operationalizations (i.e. 
Snyder and Gangestad (1974; 1985) versus Lennox and Wolfe (1984)) account for these 
differences. In addition, sufficient evidence was found to conduct an exploratory analysis 
of self-monitoring and race. Although data was limited to whites and non-white African 
Americans, this analysis was an important step to protecting against potential adverse 
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impact. Lastly, the variable of education was also examined. Considering that education 
remains one of the most central avenues to ―get ahead‖ in society, in addition to being 
positively related to higher performance and organizational citizenship behavior (Ng & 
Feldman, 2009), it was hypothesized that self-monitoring will be positively related to 
increasing levels of education.     
 
Method 
Literature Search 
Literature Search 
An extensive electronic literature search was conducted for the studies comprising 
the present meta-analysis. First, keyword searches of self-monitoring, self-monitoring 
personality, and self-monitoring scale were made using PsychINFO, Academic Search 
Premier, and Business Source Premier for articles published between 1974 and 
December, 2010. Next, because many studies report a relationship between self-
monitoring and criterion variables without reporting these relationships in the title or 
abstract, a secondary search was performed via the Web of Science using a number of 
prominent self-monitoring articles: (Day et al, 2002; Gangestad & Snyder, 2000; 
Gangestad & Snyder, 1985; Lennox & Wolfe, 1984; and Snyder, 1974). Finally, to 
retrieve in-press articles that may not have yet been included in the electronic databases, 
we manually searched major I/O psychology journals  (e.g. Journal of Applied 
Psychology, Personnel Psychology). 
 
Inclusion Criteria 
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Following the precedent set in the previous meta-analysis, the search for relevant 
articles was limited to published studies. This decision was made because many articles 
include self-monitoring without mentioning the variable within the title or abstract. As a 
result, a search of dissertations, conference presentations, and other unpublished studies 
would be incomplete and unrepresentative.  
To be considered usable in our meta-analysis, a study had to meet the following 
criteria: (a) the self-monitoring personality was measured; (b) a reliability estimate for the 
self-monitoring measure was reported, and/or (c) an effect size for the zero-order 
relationship between self-monitoring and a work-related or demographic correlate could 
be calculated; (d) this relationship was included in at least three other studies; and (e) the 
total cumulative sample size for the relationship was N > 800.  Upon completion, a total 
of 287 articles were selected. Fifty articles contained 2 samples, eight contained 3 
samples, three contained 4, and one contained 6 samples. The final result was a total of 
349 independent samples. Across all studies, the total sample size was 75,811. 
 
Self-Monitoring Measures 
Three major scales were used to measure self-monitoring: the 25-item measure 
(Snyder, 1972, 1974), the 18-item measure (Gangestad & Snyder, 1985), and the 13-item 
measure developed by Lennox and Wolfe (1984). A fourth scale category, ―Other,‖ was 
also included. Across criteria and reliability analyses, 82 samples reported results for the 
25-item scale, 98 samples reported results for the 18-item scale, 72 samples reported 
results for the 13-item scale, and 37 samples reported results for ―Other‖ study-specific 
scales or failed to report a scale length. Additionally, 139 samples utilized a true-false 
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scoring format, while 132 used continuous scoring. The remaining studies (k = 18) did 
not report the scoring format. A full-scale reliability estimate for a self-monitoring 
measure was reported in a total of 289 samples.  
The following study-specific information was coded and used for correction 
formulas or as between-studies methodological or theoretical moderators whenever 
possible: (a) measurement information for the self-monitoring scale (scale length, scoring 
type, reliability estimate); (b) measurement information for criterion variables (measure, 
criterion reliability estimate); (c) research setting (e.g. lab vs. field) and (d) theoretical 
moderators, including Snyder‘s (1972) and Gangestad & Snyder‘s (1986) 
operationalization of the self-monitoring construct and Lennox & Wolfe‘s 
operationalization (1984). All studies were coded by the first author and reviewed by the 
second author. Any disagreements between authors were discussed until a resolution was 
reached.  
 
Work-Related Criteria 
Job effectiveness. Fifty-five samples reported relationships between self-
monitoring and indicators of effective job performance. Such indicators included 
objective (e.g. sales volume, tips earned; k = 17) and subjective (e.g. supervisor rating k = 
38) measures, with six studies reporting both an objective and a subjective indicator. 
These objective/subjective indices were examined as a possible moderator.  
Job success. The relationship between self-monitoring and indicators of job 
success was calculated via 19 sample correlations. Such indicators included ―positions‖ 
of success (e.g. manager status; k = 12) and ―promotions-pay‖ (k = 7). Two studies 
    
  
113 
 
 
included both a position and a promotion-pay success indicator. Indicators of 
position/pay-promotion success were analyzed as a possible moderator.  
Leadership. Thirty-seven studies reported a relationship between self-monitoring 
and a measure of leadership behavior and emergence. Leadership ratings were made by 
self (k = 6), group members (k = 26), and outside observers (k = 5), with seven studies 
reporting a rating from two sources. Source of rating was investigated as a potential 
moderator.  
Organizational commitment. Thirty-one samples reported a relationship between 
self-monitoring and indicators of organizational commitment. Commitment was 
measured as either an attitude (k = 10) or a behavior (k = 21), a distinction that was 
examined as a possible moderator. Four studies reported both an attitudinal and a 
behavioral indicator. Attitudinal commitment measures included scales by Mowday, 
Steers, and Porter (1979), Hrebeniak and Alutto (1972), Mayer and Schoorman (1992), 
and the Affective Commitment Scale by Meyer & Allen (1984). Behavioral indicators 
included turnover (reverse coded; k = 1) and tenure (k = 20). 
Organizational involvement. The relationship between self-monitoring and 
organizational involvement was measured in nine sample correlations. Organizational 
involvement included job involvement (k = 5) as well as overall organizational 
citizenship behaviors (k = 4). Job involvement was assessed with scales by Jenkins, 
Zyzarksi, and Rosenman (1979), Lodahl and Kejner (1964), Zahrly and Tosi (1989), and 
Kanungo (1982). Overall organizational citizenship behavior was measured by a number 
of scales, including Podsakoff and MacKenzie (1994), Moreman and Blakely (1992), as 
well as with selected items from Settoon and Mossholder (2002) and Bolino and Turnley 
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(2005). The job involvement and organizational citizenship behavior distinction was 
analyzed as a potential between-studies moderator.  
Job satisfaction. Fifteen samples were found that reported a relationship between 
self-monitoring and job-satisfaction. Job satisfaction was measured primarily with 
Hackman and Oldham‘s (1974) subscale and the Job Descriptive Index (Smith, Kendall, 
& Hulling, 1969). The Minnesota Satisfaction Questionnaire was also used (Weiss, 
Dawes, England, & Lofquist, 1967), among other study- or organization-specific scales. 
Role stressors. Two meta-analyses examined the relationship between self-
monitoring and role conflict (k = 7), and role ambiguity (k = 6). All samples used Rizzo, 
House, and Lirtzman‘s (1970) scales to assess role stressors.  
General intelligence. Twenty-five samples reported a relationship between self-
monitoring and indicators of general intelligence. Measures included academic 
performance (e.g. GPA; k = 4), standardized intelligence tests (e.g. SAT; k = 11), 
cognitive ability tests (k = 7), problem solving (k = 2), and skill level (k = 1).  
Emotional intelligence. Six samples reported a relationship between self-
monitoring and indicators of overall emotional intelligence. Correlations were calculated 
from the ability (k = 3) and mixed models (k = 3), emotional intelligence, with one study 
utilizing both scale types. Mixed-model scales of emotional intelligence included the 
Workplace Swinburne University Emotional Intelligence Test (SUEIT) (Palmer & 
Stough, 2001) the Emotional Quotient Inventory (Bar-On, 1997), and the measure of 
Schutte, Malouff, Hall, Hagerty, Cooper, Golden, and Dornheim (1998). The ability 
model measure was the Mayer-Salovey-Caruso Emotional Intelligence Test (MSCEIT) 
(2000b). The ability/mixed model distinction was examined as a potential moderator.  
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Influence tactics. The relationship between self-monitoring and six influence 
tactics were examined, including ingratiation (k = 15), assertiveness (k = 7), coalition (k = 
7), and exchange, rational, and upward appeal (k = 6 for the remaining three tactics). All 
studies primarily used Schriesheim and Hinkin‘s (1990) scale. Ingratiation was also 
measured using scales by Bolino and Turnley (1999), Levashina and Campion (2007), 
and Kipnis and Schmidt (1982), among many others.   
 
Demographic Variables 
Age. Thirty-five samples reported the relationship between self-monitoring and 
age.  
Sex. Eighty-eight samples were found reporting a relationship between self-
monitoring and sex, but the direction of the relationship could not be discerned for 16 of 
these. Attempts were made to contact the authors of those studies. Three authors 
responded with the needed information resulting in a k of 75 for sex. Effects were 
dichotomously coded with (0) for women and (1) for men.  
Race. Nine sample correlations were found reporting a relationship between self-
monitoring and race; the direction of the relationship was not reported for two. After 
contacting authors, one author responded, resulting in a k of 8 for race. Effects were 
coded with (0) for whites and (1) for non-whites.  
Education. The relationship between self-monitoring and education was examined 
with fourteen sample correlations.  
 
Meta-Analytic Procedures 
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Only one correlation from each sample was included in each meta-analysis. In 
cases where a sample reported multiple relationships between self-monitoring and one 
correlate, the effect sizes were averaged. Samples that included relationships across 
classes of a hypothesized moderator were treated as two samples. Population (true score) 
correlations between self-monitoring and work-related and demographic correlates were 
estimated using both fixed-effects and random-effects models. To do so, a spreadsheet-
based program was written according to the fixed-effects procedures of Hedges and Olkin 
(1985) and the random-effects validity generalization method of Hunter and Schmidt 
(2004). The fixed-effects program formulas were calibrated against example analyses 
given by Hedges and Olkin (1985) (Chapter 11; Tables 2 and 3), while the random-
effects program was tested against worked examples of Hunter and Schmidt (2004; Table 
3.2-4) and Bornstein et al (2009) (Chapter 38; Table 38.1-3).  
The correlation coefficient was utilized as the effect size of analysis because the 
majority of self-monitoring research reports this statistic. The r-based procedures are 
virtually identical to the d-based approaches for both the fixed-effects and random-effects 
models, respectively. Individual correction methods were used to synthesize correlation 
coefficients across studies. All correlations were first corrected for the slight bias in the 
correlation coefficient. Next, each correlation was also corrected for the self-monitoring 
scale reliability as reported in that specific study. If a study did not report this statistic, 
the correlation was corrected using the meta-analytic reliability estimate for the particular 
scale type used in the study. Measurement reliability for the criterion was also 
incorporated into the correction formula when 75% of the studies reported criterion 
reliability. Constructs meeting this criteria included: emotional intelligence (reporting 
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criterion reliability in 100% of studies), attitudinal commitment (80% of studies 
reporting), job involvement (100%), organizational citizenship behavior (100%), job 
satisfaction (80%), both role stressors (100%), and all six influence tactics (86%) except 
assertiveness and exchange, which reported 100%. Finally, corrections for discontinuity 
in correlation coefficients were made for variables reporting dichotomized results.  
Spreadsheets were programmed to calculate homogeneity statistics (Q) for both 
fixed-effects and random-effects models, and to detect meta-analytic outliers. A 
significant Q-statistic indicated that the overall mean observed correlation did not 
account for all variability in effects, indicating possible moderators. Q-statistics for both 
fixed-effects and random-effects models were calculated prior to correction because it is 
inappropriate to calculate such values after effect size estimates have been corrected. 
Virtually all empirical data is heterogeneous (Field, 2003). Causes of such heterogeneity 
include sampling error, statistical artifacts, and/or other study-related factors that may 
result in statistical outliers. In attempts to render the effect size homogenous and to obtain 
a more reliable and representative meta-analytic estimate of the true population 
correlation, some researchers have advocated the removal of statistical outliers. In 
particular, Huffcutt and Arthur (1995) have argued for the systematic removal of outliers 
based on their sample-adjusted meta-analytic deviancy (SAMD) statistic. Other 
researchers have demonstrated that this SAMD statistic is biased and results in the over-
identification of small correlations; as a result, the statistic tends to increase the 
magnitude of the meta-analytic correlation estimate, effectively overestimating it (Beal, 
Corey, & Dunlop, 2002). To eliminate the asymmetric identification of outliers, the 
authors recommend performing Fisher‘s z transformation on the data. This solution was 
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implemented since Fisher‘s z transformation is an integral part of the fixed-effects meta-
analytic procedure. Outlying studies were systematically removed in an iterative fashion 
according to greatest absolute magnitude if they were identified as larger than |3.00| 
SAMD units in both fixed-effects and random-effects models. Outliers were removed 
until the overall Q-statistic was nonsignificant in at least one of the two models. 
However, since the removal of outliers in meta-analysis remains a contentious issue, 
outliers were only removed prior to moderator analysis. Outlying studies were retained in 
all other meta-analyses to allow for the possibility that theoretical and methodological 
moderators might account for the observed heterogeneity. Credibility intervals were also 
calculated. Credibility intervals provide an estimate of the variability of individual 
sample correlations across multiple studies. An 80% credibility interval excluding zero 
for a positive correlation indicates that more than 90% of the individual correlations in 
the meta-analysis are greater than zero (only 10% are below the lower level of the 
interval). As a result, confidence intervals estimate variability in the mean meta-analytic 
correlation estimate, while credibility intervals estimate the variability in the individual 
study correlations included in the meta-analysis. Finally, percentage of observed variance 
that could be attributed to statistical artifacts (e.g. measurement error) was calculated. 
When the percentage of observed variance is 70% or greater, all of the variability can be 
said to be attributed to artifacts; when less than 70%, moderators may be operating 
(Hunter & Schmidt, 2004).  
 
Moderator Analyses 
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Theoretical and methodological moderators were examined when k > 2 samples 
existed for a correlate in question. Between-classes goodness-of-fit statistics (QB) were 
calculated to determine the difference in average effect sizes across classes of a 
moderator variable. Within-class homogeneity statistics (QW) were computed to assess 
heterogeneity within a class of a particular moderator. Thus, if the categorical moderator 
fit the data, then the between-classes effect was significant, while the within-class effect 
was not. Statistics were calculated for both fixed-effects and random-effects models. 
 
Confidence Interval Analysis 
 To compare confidence intervals, 95% confidence intervals were computed 
according to the standard procedures of both the fixed-effects (Hedges & Olkin, 1985) 
and random-effects models (Hunter & Schmidt, 2004). Since all meta-analyses become 
less accurate as the number of studies (i.e. k) decreases (Hedges & Vevea, 1998), the 
comparative meta-analyses to were limited correlates with 10 or more studies (Schmidt et 
al, 2009). All confidence intervals were computed based on the normal (z-score) 
distribution. First, the absolute confidence interval widths were calculated and the fixed-
effects value was subtracted from the random-effects value to determine the difference 
between intervals. Next, this difference was divided by the random-effects confidence 
interval width to determine the percentage underestimation of the fixed-effects model. 
Also computed was the probability value of the fixed-effects confidence interval using 
the random-effects confidence interval as the standard. This was important because a 
nominal fixed-effects confidence interval may nominally be 95%, but when compared to 
the random-effects model confidence interval, it might actually be a 75% confidence 
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interval. To determine this probability value, the fixed-effects confidence interval was 
divided by the standard error of the estimated true score correlation calculated via the 
random-effects model. The resulting z-score and its associated confidence interval was 
determined to be the true confidence level percentage comparing the fixed-effects 
confidence interval to the random-effects confidence interval.   
 
[Table 3.1: Summary of Studies Included in the Meta-Analysis] 
 
Results  
The overall correlations (Table 4.1) were calculated for the sixteen work-related 
and four demographic correlates of self-monitoring. Reliability estimates for self-
monitoring appear in Table 4.2 and outlier analyses are summarized in Table 4.3. 
Methodological and theoretical moderators appear in Tables 4.4-8. Table 4.9 contains the 
results of the comparative meta-analysis. For all results, effects were reported as 
significant if they met the criteria for significance in both the fixed-effects and random-
effects models, unless otherwise specified. Results also reported to the third decimal 
place to aid in the comparison of meta-analytic models (Kish-Gephart, Harrison, & 
Treviño, 2010). 
[Table 4.1: Summary of Observed and Estimated Correlations for Random-
Effects (RE) and Fixed-Effects (FE) Models] 
Reliability  
The overall sample-weighted reliability estimate was .751 (RE) and .760 (FE). 
Outlier analysis was not successful at rendering the effects homogenous. Moderator 
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analyses were conducted on the categorical variables of scale length and scoring format 
(Table 4.1). Results indicated that the Lennox and Wolfe (1984) and the ―Other‖ scales 
had higher internal consistency values (α = .792/.798; .770/.786, respectively) when 
compared to Snyder‘s 25-item (α = .707/.712) and Gangestad and Snyder‘s (1985) 18-
item (α = .739/.748) scales. Results also indicated that the continuous scoring format (α = 
.776/.784) was more reliable than the dichotomous format (α = .726/.737).  
 [Table 4.2: Summary of Moderator Analyses for Self-Monitoring Reliability] 
 [Table 4.3: Summary of Outlier Analyses Results] 
[Table 4.4: Summary of Methodological Moderator Analyses: Scale Length] 
[Table 4.5: Summary of Methodological Moderator Analyses: Scoring Format] 
[Table 4.6: Summary of Methodological Moderator Analyses: Research Setting] 
[Table 4.7: Summary of Theoretical Moderator Analyses: Construct 
Operationalization] 
[Table 4.8: Summary of Theoretical Moderator Analyses: Miscellaneous] 
[Table 4.9: Summary of the Confidence Interval Comparisons for Meta-Analytic 
Models] 
 
Job performance  
Job effectiveness. The sample-weighted true score correlation between self-
monitoring and job effectiveness was ρ = .131 (RE) and ρ = .139 (FE) (k = 55, N = 
7,226). Outlier analysis was effective at rendering effects homogenous with the removal 
of one outliers (2%), reducing the estimate to .115/.117 (Table 4.3). For scale length, a 
significant between-classes relationship was found, although significant heterogeneity 
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also existed within the 13-item and ―Other‖ scale classes. Thus, the model partially fit the 
data, with the 13-item and 18-items scales reporting stronger estimates (Table 4.4). 
Similar results were reported for the scoring format moderator. A significant between-
classes effect was calculated, with the continuous scoring format yielding a stronger true 
score correlation estimate than the true-false scoring format, although not without 
heterogeneity (Table 4.5). The setting moderator did not fit the data (see Table 4.6).  
The theoretical moderator of construct operationalization was also tested (Table 
4.7). In doing so, two studies using ―Other‖ scales were removed from the total and new 
overall Q-statistics were calculated. Results indicated that there were significant between-
classes effects as well as within-class heterogeneity for Lennox and Wolfe; thus, the 
proposed model mostly fit the data. The Lennox and Wolfe self-monitoring construct 
operationalization correlation (ρ = .181/.194) was stronger than the estimate of Snyder 
and Gangestad (ρ = .080/.081). Lastly, the theoretical moderator of objective/subjective 
effectiveness was tested (see Table 4.8). Although subjective ratings (ρ = .132/.135) were 
slightly stronger than objective ratings (ρ = .116/.140), results indicated that the 
categorical moderator was not significant. While subjective indicator results were similar 
to the prior review, the objective indicator estimates were surprising because they were 
substantially stronger than previously reported (Day et al, 2002). Significant 
heterogeneity remained in both classes however, prohibiting any firm conclusions. 
Overall, results indicated that self-monitoring was correlated with job effectiveness, 
whether using objective or subjective indices, and that the Lennox and Wolfe construct 
operationalization and the continuous scoring format were associated with the stronger 
correlation estimates of job effectiveness.  
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Job success. The mean sample-weighted true score correlation between job 
success and self-monitoring was ρ = .122 (RE) and ρ = .125 (FE) (k = 19, N = 2,922). A 
significant between-class moderator was found for scale length, with a significant within 
class effect detected for the 25-item measure (Table 4.4). Thus, the proposed model only 
partially fit the data. No between-classes moderators were found for scoring format or 
research setting (see Tables 4.5-6).  
The theoretical moderator of construct operationalization was also examined. 
Results indicated that no significant differences existed between the two 
operationalizations; thus, the model did not fit the data (Table 4.7). Adequate studies 
existed to examine the theoretical moderator of promotions-pay/positions success indices. 
―Promotions-pay‖ success was found to be marginally stronger (ρ = .125/.130) than 
―positions‖ success (ρ = .121/.124), but not significantly so (see Table 4.8). These results 
indicated that self-monitoring was associated with indicators of job success, including 
receiving more promotions and pay, and occupying higher organizational positions. 
 
Leadership  
Leadership. Thirty-seven studies were used to calculate the sample-weighted 
population correlation estimate between self-monitoring and leadership ρ = .104 (RE) and 
ρ = .108 (FE) (N = 5,390). Outlier analysis was successful at rendering the effects 
homogenous through the removal of one outlying study (5%), resulting in a stronger 
revised correlation ρ = .126/.127 (Table 4.3). No significant between-classes effect was 
found for the scale length moderator (Table 4.4). Nevertheless, results for the 18-item 
scale indicated stronger estimates than either the 25-item or 13-item scales classes, both 
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of which contained heterogeneity. Similar to the scale moderator, the scoring format 
moderator only partially fit the data (Table 4.5). A significant effect was found for the 
fixed-effects model (random-effects approached significance p < .06), with the 
confidence intervals of the continuous scoring format class overlapping zero. Thus, the 
model somewhat fit the data. The setting moderator model resulted in a partial fit. While 
lab results did contain significant heterogeneity, the estimates of field settings were not 
significantly different from zero (Table 4.6).  
The theoretical moderator of construct operationalization was also tested. Results 
indicated that no significant differences existed between the two constructs, and 
significant within-class heterogeneity remained in three out of four homogeneity tests  
(Table 4.7). Finally, following precedent, rating source was also examined as a potential 
theoretical moderator. Results indicated mixed results associated with the moderator of 
rating source (see Table 4.8). Although self-ratings were highest, followed by observer-
ratings, and then by ratings of group members, effects for these classes did not 
significantly differ from one another in the random-effects model, while they did so in 
the fixed-effects model. These differences appear to the result of an extreme score in the 
self-rating class, the same observation removed in outlier analysis. These results 
regarding self-monitoring and leadership were somewhat surprising considering the 
comparatively strong overall correlation reported in the previous meta-analysis (ρ = .21) 
(Day et al, 2002). These discrepancies may partially result from differences in 
operationalizing correlates between meta-analyses; in this work, we included positions of 
success (e.g. managerial positions) under job success, not leadership. Nevertheless, 
despite differences in magnitudes between studies, results continue to support the positive 
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relationship between self-monitoring and leadership emergence and behavior, especially 
in lab settings and as measured by the 18-item measure. 
 
Work Attitudes  
 Organizational commitment. The mean sample-weighted validity estimate of self-
monitoring and organizational commitment was ρ = −.098 (RE) and ρ = −.099 (FE) and 
(k = 31, N = 4,444). All three methodological moderators failed to demonstrate between-
classes effects or within-class differences (see Tables 4.4-6), indicating the moderator 
models did not fit the data. An adequate number of studies were available to test the 
theoretical moderator of organizational commitment as measured by attitudinal and 
behavioral indices, but similar non-significant values were the result (see Table 4.8). 
While contrasting somewhat with prior results in which behavioral indices produced 
stronger negative estimates than attitudinal ones, the overall trend remained the same. 
Namely, the relationship between self-monitoring and organizational commitment, while 
slighter weaker than previously reported, remained significantly negative. 
 Organizational involvement. Nine studies were used to calculated the sample-
weighted true score correlation estimate between self-monitoring and organizational 
involvement ρ = .170 (RE) and ρ = .173 (FE) (N = 1,160). The proposed moderator of 
scoring format demonstrated significant between-classes effects for the random-effects 
model, and approached significance for the fixed-effects model (p < .056; see Table 4.5). 
Thus, the model only partially fit the data. Similar effects were calculated for the setting 
moderator. Organizational involvement as measured in lab settings was significantly 
stronger than in field settings, the results of which were not significantly different from 
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zero. As a result, the model completely fit the data (Table 4.6). Sufficient data existed to 
test differences between job involvement and overall organizational citizenship behavior. 
While the correlation between self-monitoring and organizational citizenship behavior 
was much stronger than the correlation job involvement, these between-classes effects 
were not significantly different. Surprisingly, the relationship between self-monitoring 
and job involvement did not significantly differ from zero in the random-effects model, 
although it did for the FE model. These results run contrary to those of the previous meta-
analysis, in which self-monitoring demonstrated a strong relationship with job 
involvement (ρ = .22) (Day et al, 2002). Small sample size may account for these 
differences in results. For organizational citizenship behavior, results were significant, 
but were considered tentative because of the small k and n (see Table 4.8).  
 Job satisfaction. The sample-weighted true score correlation between self-
monitoring and job satisfaction was ρ = .034 (RE) and ρ = .041 (FE) and (k = 15, N = 
2,128). Outlier analysis was successful at rendering the effects homogenous through the 
removal of one outlying study (7%), resulting in a negative revised correlation ρ = 
−.012/−.014 (see Table 4.3). Both original and revised correlations did not significantly 
differ from zero in either meta-analytic models. A significant between-classes effect was 
found for the scale moderator, with the 13-item scale resulting in a significantly positive 
correlation compared with the remaining three scales, none of which differed 
significantly from zero (Table 4.4). Thus, the model partially fit the data. A significant 
between-classes effect was also calculated for scoring format. However, confidence 
intervals from all classes overlapped zero except for continuous scoring in the fixed-
effects model. Thus, the model only partially fit the data (Table 4.5). Finally, a sufficient 
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number of samples existed to test the theoretical moderator of construct 
operationalization (see Table 4.7). In doing so, one study using the ―Other‖ scale was 
removed from the total and new Q-statistics were calculated. Results indicated that there 
was a significant between-classes effect without any within-class heterogeneity. Thus, the 
proposed model perfectly fit the data. The Lennox and Wolfe construct operationalization 
(ρ = .134/.135) was significantly stronger than the self-monitoring construct of Snyder 
and Gangestad (ρ = −.054 /−.055), the confidence intervals of which included zero. 
Therefore, while there was no overall relationship between job satisfaction and self-
monitoring, significant positive results were found for the Lennox and Wolfe construct 
operationalization; nevertheless, the k on which this result was based was quite small.  
Role stressors. The sample-weighted true score correlation estimate between self-
monitoring and role conflict (k = 7) was ρ = .28 (RE) and ρ = .303 (FE). The sample-
weighted true score correlation estimate with role ambiguity was ρ = .219 (RE) and ρ = 
.220 (FE). Outlier analysis successfully reduced heterogeneity in role conflict by 
removing one outlier (14%), weakening the revised estimate (ρ = .163/.191) (see Table 
4.3). Although the relationship of each correlate was significantly different from zero, the 
95% confidence intervals for each effect overlapped, indicating that that self-monitoring 
did not show differential relationships with these two stressors. Thus, results indicated 
that self-monitoring had a relatively strong relationship to role stressors.  
 
Individual differences 
General intelligence. Twenty-four studies were used to calculated the sample-
weighted true score correlation estimate between self-monitoring and general 
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intelligence: ρ = .031 (RE) and ρ = .032 (FE) (N = 4,235). The correlation estimate was 
not significantly different form zero. While the estimate was rendered homogenous with 
the removal of one outlier (4%), the overall correlation still did not significantly differ 
from zero (see Table 4.3). The moderator model for scale length resulted in a significant 
between-classes effect, although confidence intervals overlapped zero in all classes 
(Table 4.4). Similar effects were found for scoring format. A significant between-classes 
effect was found, although the confidence intervals of the true-false format did not 
overlap zero (Table 4.5). Research setting failed to demonstrate a significant between-
classes effect, indicating a lack of fit to the data (Tables 4.6). An adequate number of 
studies existed to enable the examination of the theoretical moderator of construct 
operationalization. Prior to testing, one study utilizing the ―Other‖ scale was removed 
from the total and new Q-statistics were calculated. A significant between-class effect 
was discovered for construct operationalization with estimates associated with Snyder 
and Gangestad being stronger than those of the Lennox and Wolfe construct (Table 4.7). 
Nevertheless, within-class effects were also found for the former operationalization, and 
its estimated effect did not significantly differ from zero, as did those of Lennox and 
Wolfe. Overall, these results indicated that self-monitoring was unrelated to general 
intelligence, a result that ran contrary to that of the previous meta-analysis. 
 Emotional intelligence. The mean sample-weighted true score correlation between 
self-monitoring and emotional intelligence was ρ = .250 (RE) and ρ = .262 (FE) and (k = 
6, N = 1,101). Although heterogeneity existed in this estimate, the SAMD statistic did not 
meet the elimination criteria; thus, all cases were retained. The moderator model for scale 
partly fit the data (see Table 4.4). A significant between classes effect was calculated for 
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the fixed-effects model, but not the random-effects model (p < .056). Heterogeneity was 
also detected within the 13-item class. Similar results were found for the scoring format 
moderator, with significant effects found between-classes and within the continuous class 
moderator (Table 4.5). Significant between-classes effects were also found for the setting 
moderator; however, there was heterogeneity was detected in all within-class categories 
except one. Thus, the model only somewhat fit the data (Table 4.6).  
Sufficient studies were found to examine the theoretical moderator of construct 
operationalization. Because of the small sample size, results were a virtual replication of 
the scale results (see Table 4.7). A significant between-classes effect was found, as was 
heterogeneity in the Lennox and Wolfe operationalization. Finally, the moderator model 
associated with emotional intelligence scale type was tested; results indicated that this 
moderator completely fit the data (see Table 4.8). Thus, the mixed model measures were 
significantly more related to self-monitoring than the ability model measure. Overall, 
results indicated that self-monitoring was significantly related to emotional intelligence; 
however, the strength of this relationship differed depending upon how emotional 
intelligence was measured. These results were viewed as tentative because of the small 
sample size.    
 Influence tactics. The sample-weighted true score correlation estimate between 
self-monitoring and the six influence tactics was as follows: ingratiation: ρ = .317 (RE) 
and ρ = .324 (FE) and (k = 15, N = 3,034); assertiveness: ρ = .150 (RE) and ρ = .152 (FE) 
and (k = 7, N = 1,756); coalition: ρ = .244 (RE) and ρ = .245 (FE) and (k = 7, N = 1,756); 
exchange: ρ = .225 (RE) and ρ = .229 (FE) and (k = 6, N = 1,535); rationality: ρ = .077 
(RE) and ρ = .079 (FE) and (k = 6, N = 1,535); and upward appeal: ρ = .226 (RE) and ρ = 
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.227 (FE) and (k = 6, N = 1,535). All estimates were significant except for rationality (see 
Table 2). Outlier removal of one study (7%) successfully reduced heterogeneity in 
ingratiation, resulting in a slightly weaker revised estimate: .278/.281 (see Table 4.3). 
Scale and scoring moderators did not fit the data for any of the influence tactics except 
ingratiation (Tables 4.4 and 4.5). For the scale moderator, the model perfectly fit the data, 
with the 25-item measure indicating a significantly stronger correlation than the other two 
measures. Effects were significant for between-classes differences in scoring format 
categories.  Although the true-false correlation was stronger than that for continuous 
scoring, heterogeneity was found in the former class. Thus, the model partly fit the data. 
For the setting moderator, significant between-classes effects moderators were found 
only for exchange. The model perfectly fit the data, with the correlation associated with 
the field setting correlation significantly stronger than that of the lab setting (Table 4.6). 
The correlations for ingratiation were significantly higher in the field setting than in the 
lab setting. Finally, a sufficient number of studies existed to test the moderator model of 
construct operationalization. No significantly between-classes effects were found; thus, 
the model did not fit the data (see Table 4.8). Overall, results indicate that self-
monitoring was related to all influence tactics (excluding rationality), and most notably to 
ingratiation. 
 
Demographic variables 
Age. Thirty-give studies were used to calculated the sample-weighted true score 
correlation estimate between self-monitoring and age: ρ = −.036 (RE) and ρ = −.034  
(FE) (N = 8,084). This estimates overlapped zero in both meta-analytic models. The 
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overall effect was rendered homogenous with the removal of five outliers (14%). The 
magnitude of the revised effect estimate was greatly strengthened, indicating that self-
monitoring had a negative relationship with increases in age (ρ = −.182/−.185) (Table 
4.3). In moderator analyses, significant between-classes effects were found for all 
moderator types; however, significant effects also occurred within all moderator classes, 
most of these including 95% confidence intervals overlapping with zero in one or both 
meta-analytic models (see Tables 4.4-6). Great variation occurred across classes, with 
some classes associated with positive correlations and others with negative correlations. 
Among all classes, the 18-item scale, the true-false scoring, and the field research setting 
produced 95% confidence intervals that did not overlap with zero. There were no ready 
explanations for this heterogeneity and different directions in correlations until we tested 
the theoretical moderator of construct operationalization. After removing three ―Other‖ 
studies from the total and recalculating Q-statistics, results indicated that significant 
between-classes effects with large values were found for construct operationalization. 
Although significant heterogeneity remained in both classes, results indicated that Snyder 
and Gangestad operationalization was negative and significantly different from zero (ρ = 
−.147/−.150) than that of Lennox and Wolfe (ρ = .168/.179), whose confidence intervals 
overlapped zero. Consequently, while heterogeneity existed for age in virtually all 
moderator classes, the most meaningful explanation for these differences appeared to be 
differences in construct operationalization. Overall, results indicated that the relationship 
between self-monitoring and age was not significantly different from zero, a result that 
ran counter to the previous work.  
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Sex. The sample-weighted true score correlation estimate between self-monitoring 
and sex was ρ = .085 (RE) and ρ = .087 (FE) and (k = 75, N = 15,039), indicating that 
self-monitoring tended to be associated with men more than women. Removing two 
studies via outlier analysis (3%) successfully rendered the effect homogenous, with the 
revised effect decreasing slightly in magnitude: .072/.074 (Table 4.3). Significant 
between-class effects were found for scale length, with effects from both of Snyder‘s 
scales significantly stronger than the 13-item scale, the results of which overlapped with 
zero. Thus, the model perfectly fit the data (Table 4.4). A perfect fit was also found for 
the scoring format moderator (Table 4.5). Significant between-classes effects were 
detected, with effects from the true-false format significantly favoring men, while the 
confidence intervals of the continuous format overlapped with zero. Significant between-
class effects were found for setting moderator, but so were within-class effects for the lab 
setting. Results were significantly different from zero in both settings (Table 4.6). 
Finally, an adequate number of studies existed to test the theoretical moderator of 
construct operationalization (Table 4.7). One study using the ―Other‖ scoring format was 
removed and revised total heterogeneity statistics were calculated. Results of moderator 
analysis indicated that significant between-classes differences existed between the two 
construct operationalizations, with correlations associated with Snyder and Gangestand 
favoring men (ρ = .116/.118). Results for Lennox and Wolfe were not significantly 
different than zero (ρ = −.004/−.003). Although some heterogeneity remained in the 
former operationalization, the model mostly fit the data. Thus, it appeared that for Snyder 
and Gangestad‘s construct operationalization and with its attendant scales, primarily 
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utilizing the true-false scoring format, correlations favored men. No sex differences were 
found for the construct operationalization of Lennox and Wolfe.  
Race. Eight studies were used to calculated the sample-weighted true score 
correlation estimate between self-monitoring and race: ρ = .057 (RE) and ρ = .058 (FE) 
(N = 2,108). Results were not significantly different from zero. Significant between-
classes effects were found for the scoring format moderator, although significant 
heterogeneity was indicated in true-false scoring format (see Table 4.5). Thus, the model 
mostly fit data. Although the sample size was small and limited to whites and non-whites 
(mostly African-American), these results indicated that there were no significant 
differences in self-monitoring across racial categories.  
Education. The sample-weighted true score correlation estimate between 
education and self-monitoring was ρ = .157 (RE) and ρ = .161 (FE) and (k = 14, N = 
2,655). Outlier analysis was successful at rendering the effects homogenous through the 
removal of two outlying studies (14%), resulting in a stronger revised effect estimate (ρ = 
.128/.130) (Table 4.3). Significant between-classes effects were found for scale length, 
with Snyder‘s scales reporting positive correlation estimates than those of the 13-item 
measure, which were negative (Table 4.4). Nevertheless, the model perfectly fit the data. 
The model mostly fit data for scoring format (see Table 4.5). Although between-classes 
effects were found, the correlations for the continuous scoring format were not 
significantly different from zero. The proposed moderator of research setting did not fit 
the data (Table 4.6). Finally, sufficient samples existed to examine the theoretical 
moderator of construct operationalization (Table 4.7). Results indicated that a significant 
between-class moderator was found within no within-class heterogeneity; thus, the model 
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perfectly fit the data. Results indicated that correlations associated with Snyder and 
Gangestad‘s operationalization were significantly related to education (ρ = .128/.131), 
while correlations associated with Lennox and Wolfe‘s operationalization were not 
significantly different from zero (ρ = −.166/−.167). Although these differences are 
noteworthy, the must be viewed tentatively based on the limited number of observations 
associated with the Lennox and Wolfe operationalization (k = 3). Overall, results 
indicated that self-monitoring was slightly related to with increasing levels of education, 
although differences between construction operationalizations produced divergent results. 
 
Confidence Interval Comparison 
 Table 4.9 presents the results for the meta-analytic confidence interval 
comparison procedures. The fixed-effects model underestimated the random-effects 
confidence interval width in all ten meta-analyses. Across all ten meta-analyses, the 
average underestimation was 41%, with a range of 19 to 69% underestimation. Judged 
against the random-effects confidence intervals, the average nominal 95% fixed-effects 
confidence intervals was, in actuality, a 75% (i.e. p < .25). Confidence intervals ranged 
from 46 to 89% confidence intervals. Confidence interval comparisons were also 
conducted on meta-analyses after outliers had been removed (see Table 4.3). Eight meta-
analyses of the ten indicated that they contained outlying studies. Following outlier 
removal, the average underestimation was reduced from 41% to 26%, and the average 
nominal confidence interval of the fixed-effects model was increased from 75% to 84%. 
Overall, these results indicated that across all ten meta-analyses, with outliers either 
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removed or retained, serious underestimation occurred when comparing the confidence 
intervals of the fixed-effects model to those of the random-effects model.  
 
Summary 
This meta-analysis provided a quantitative summary of the self-monitoring 
personality in work and organizational settings by cumulating knowledge across 16 
work-related and four demographic correlates. Overall, self-monitoring measures 
demonstrated acceptable predictive validity for 15 of the 20 correlates. Self-monitoring 
was positively related with both measures of job performance (effectiveness and success). 
Positive correlations were found with general leadership emergence and behavior. 
Among work-attitudes, self-monitoring was positively related to organizational 
involvement, negatively related to organizational commitment, and positively related to 
role stress. Self-monitoring was also positively correlated to emotional intelligence and 
all influence tactics (rationally excluded). Demographically, self-monitoring was 
positively related with sex, trending toward men, and with increasing levels of education. 
Job satisfaction, general intelligence, age, and race were not significantly correlated with 
self-monitoring. Results of five moderator analyses indicated some methodological 
differences in measuring self-monitoring. Most notably among these was the difference 
in construct operationalization. Lastly, results indicated that when compared to the 
confidence intervals of the random-effects model, the fixed-effects model underestimated 
the real confidence intervals by 41% on average, resulting in a mean nominal confidence 
interval of 75%.   
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Discussion 
Discussion 
Results of this updated meta-analysis were compared with the prior findings (Day 
et al, 2002). Consistent with prior results, self-monitoring was positively related to both 
job effectiveness and success, and hence overall job performance. These results also 
replicated the finding that self-monitoring was positively related to leadership, albeit with 
a weaker relationship overall than previously reported. Results were similar to prior 
findings in both direction and magnitude for all five work-related attitudes, as well as 
biological sex. In particular, self-monitoring had a weak but significantly stronger 
relationship with men than with women. Contrary to the prior meta-analysis, the 
confidence intervals for both age and general intelligence overlapped with zero. 
Discrepancies can be attributed to the incorporation of the random-effects model. 
Overall, findings from both meta-analytic reviews indicated considerable agreement 
regarding the direction and magnitude of the relationships between self-monitoring and 
relevant organizational criteria.  
In addition to providing a meta-analytic update of the self-monitoring construct, 
this work makes three contributions to the literature. First, the correlates of investigation 
were expanded to include seven additional work-related correlates and two demographic 
variables of theoretical relevance. Previous work grounded the motivation for self-
monitoring in socioanalytic theory (Day & Schleicher, 2006). This theoretical basis led to 
the investigation of emotional intelligence and influence tactics, correlates that were 
theoretically and empirically related to ―getting along‖ and ―getting ahead‖. Despite a 
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relatively smaller number of studies, meta-analytic results indicated that self-monitoring 
had comparatively strong relationships with overall emotional intelligence. A meta-
analysis of emotional intelligence indicated that mixed models of emotional intelligence 
exhibited some incremental validity over intelligence and personality, on average, when 
predicting job performance, but especially for jobs dealing with high emotional labor 
(Joseph & Newman, 2010). Similarly, self-monitoring was found to have a robust 
relationship with five of the six influence tactics (rationality excluded). Ingratiation was 
especially noteworthy in light of results of its meta-analytic relationship with positive 
ratings of supervisor performance (ρ = .23) (Higgins et al, 2003). Thus, emotional 
intelligence, a wide range of influence tactics, especially ingratiation, may contribute to 
the relationship between self-monitoring and job effectiveness and success, especially in 
interpersonal settings (Barrick, Parks, & Mount, 2005). Demographic variables of 
relevance were also examined. First, no relationship was found between self-monitoring 
and race. Although investigation was limited to whites and non-white African Americans, 
these results were nevertheless promising, indicating no racial differences in self-
monitoring. In contradistinction, a small relationship was found between self-monitoring 
and increasing levels of education. These results were not surprising in light of the 
theoretical motivation to ―get ahead‖ behind self-monitoring. Furthermore, this evidence 
suggests that the relationship of self-monitoring with job success and leadership may be 
partially attributable to these higher levels of education. Thus, as a result of the 
expanding the correlates of investigation to include emotional intelligence, influence 
tactics, and education, this meta-analysis provided a richer explanation of how self-
monitoring enables one to both ―get along‖ and ―get ahead.‖  
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The comparative meta-analytic approach was the second contribution of this 
work. Using data based on empirical observation (not computer simulation), this study 
filled an absence in the literature concerning comparative meta-analyses of real-world 
data. Based on the results of 10 meta-analyses, results indicated that the fixed-effects 
model substantially underestimated the confidence intervals of the random-effects model, 
resulting in an average nominal confidence interval of 75% (i.e. p < .25). While these 
intervals were wider than the average reported by Schmidt et al (2009) (i.e. average 
confidence intervals = 56%), they provide support to their argument. Namely, model 
selection has important ramifications for fixed-effect only meta-analyses both past and 
future. For empirical data, future researchers are urged against using only fixed-effects 
models of meta-analysis unless they have compelling rationale to warrant the procedure. 
Even then, we would encourage the use of a comparative approach to ensure against any 
potential bias. Only then, after determining that no meaningful discrepancies exist 
between results, should the fixed-effects model be used. In all other cases, the random-
effects model should be preferred as the ―default‖ meta-analytic model (National 
Research Council, 1992).  
A third contribution of this work was to resolve an issue of some inexplicable 
differences between classes of scale lengths and scoring formats. These difference were 
previously attributed to a small number of studies, allowing researchers to conclude that 
―it makes little difference empirically which scale or scoring type is used for predicting 
organizational criteria." (Day et al, 2002; p. 397). Now, due to the quantitative increase in 
number studies, the evidence appeared to offer an alternative explanation. Namely, 
results indicated that there were substantial differences in the construct 
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operationalizations of Snyder and Gangestad (1974; 1985) and that of Lennox and Wolfe 
(1984). Consider the demographic correlates (see Table 8). For Snyder and Gangestad‘s 
operationalization, measured by the 25-item (Snyder, 1974, 1972) and 18-item scales 
(Gangestad & Snyder, 1985), results indicated that self-monitoring was negatively related 
to age (−.146/−.150), and positively related to men (.118/.120) and education  
(.188/.192). In contrast, for Lennox and Wolfe‘s operationalization, results of the 13-item 
scale (1984) indicated no significant relationships with any of these correlates except 
education. Although an insufficient number of studies existed to warrant a conclusion 
regarding age and education at this time, the same was not true of sex. Moderator 
analysis of sex (k = 75) as well as job effectiveness (k = 55) indicated some meaningful 
differences between the two operationalizations of self-monitoring. This evidence 
indicates that it does make an empirical difference which scale is used for predicting 
organizational criteria. The implications of these differences, as well as future research 
directions, follow below.   
 
Implications for Research and Future Directions 
Evidence suggests meaningful differences exist between self-monitoring scales 
based on their respective construct operationalizations. However, the evidence does not 
suggest the empirical superiority of one scale over another. Instead, results indicate that 
specific scales should be utilized for specific purposes. Ideally, researchers are 
encouraged to utilize both of the revised measures of self-monitoring, the 18-item 
measure (Gangestad & Snyder, 1985) and 13-item measure (Lennox & Wolfe, 1984), in 
order to calculate an accurate scale intercorrelation estimate. It was surprising to find 
only five total samples that reported the results of an intercorrelation between the 13-item 
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measure (Lennox & Wolfe, 1984) and one of Snyder‘s two scales (1974; 1986). 
Conducting a meta-analysis of these intercorrelations, significant result of .384/.389 (k = 
5; N = 520) was calculated. While admittedly small in terms of k and n, this result does 
corroborate the contention that, while these scales are certainly related, they have 
important differences. Parallel use would enable the filed to determine the shared and 
unique predictive capabilities of each measure. In terms of shared capacities, present 
results indicated that both measures were equally effective in predicting job success and 
ingratiation. Job effectiveness and emotional intelligence also indicated positive 
relationships, although these relationships were stronger for 13-item measure. It was 
noteworthy that these four correlates demonstrated the strongest theoretical connections 
between self-monitoring and socioanalytic theory. Thus, it appeared as though there was 
a shared ―core‖ to the overlapping construct operationalizations of self-monitoring.   
In terms of unique predictive capabilities, the majority of differences were found 
among demographic variables. These findings have implications for adverse impact in the 
possible use of a self-monitoring scale in organizational settings for predictive purposes. 
Of the two recommended scales, the strongest relationship with performance criteria and 
the least demographic biases were associated with the 13-item measure (Lennox & 
Wolfe, 1984). Additional examination is required before any conclusions should be made 
concerning all demographic variables (i.e. age and education), but the lack of bias 
regarding sex was noteworthy. As a result, this measure may merit further testing for 
organizational selection purposes. Specifically, for positions involving interpersonal work 
(i.e. sales, customer satisfaction). The shorter scale length and higher reliability estimate 
    
  
141 
 
 
vis-à-vis the 18-item scale also make the 13-item measure attractive for research 
purposes.  
While attractive in some aspects, evidence also demonstrated that the 13-item 
scale does have major a weakness compared to Snyder‘s scales: the comparative lack of 
observations. The great majority of samples in this meta-analysis (180 vs. 72) were 
assessed using either the 25-item or the 18-item scales. What is more, some of the 
strongest relationships (i.e. role stress, organizational commitment) have received 
virtually no attention with the 13-item measure. Thus, while the 13-item measure has 
some appealing features and appears promising, its true capabilities are largely uncertain. 
By contrast, the population estimates associated with Snyder‘s measures had far more 
observations. While it is not recommend to utilize the 18-item scale for selection 
purposes, it is heartily recommended for research examining a number of relevant 
organization outcomes, including jobs success, work attitudes, influence tactics, and most 
notably, leadership. In fact, interactions between these correlates, especially job 
effectiveness of individuals in organizational leadership positions has begun to receive 
research attention (Foti & Haustein, 2007; Jawahar, 2001). It is hoped this promising 
research continues. Additional directions include examining relationships with other 
stressors (i.e. job stressors, work-life balance). Insufficient samples were found to 
examine these correlates in this work. These role stressors (conflict and ambiguity) are 
cited because they may have particular relevance for leadership research. As results 
indicated, self-monitoring was associated with advanced education, leadership 
emergence, and more frequent promotions. Therefore, higher self-monitors are more 
likely to be overrepresented in higher organizational positions (Day et al, 2002). 
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However, these higher positions are often associated with increased ambiguity. Meta-
analytic evidence indicated that role ambiguity had a negative relationship with overall 
performance and contributed to an increased propensity to leave (Gilboa, Shirom, Fried, 
& Cooper, 2008). Thus, while higher self-monitors may reach higher levels of the 
organizational hierarchy, their performance and organizational commitment (already 
weaker anyway) may be adversely affected by the role stress associated with these 
leadership positions. Positive psychological interventions may also serve to alleviate the 
effects of these stressors, helping higher self-monitors to ―make sense‖ of them (Avey, 
Reichard, Luthans, & Mhatre, in press).  
 
Figure 5.1: Proposed self-monitoring research tracks based on meta-analytic results.  
 
 
 
 
 
 
 
Lennox & Wolfe (1984) Gangestad & Snyder (1985) 
 
Job success 
Emotional intelligence 
Influence tactics 
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Conclusion 
Overall, results of the present meta-analysis suggest that self-monitoring plays an 
instrumental role in contributing to job effectiveness and success, leadership emergence, 
and work attitudes in organizational settings. Moreover, evidence also indicates that 
emotional intelligence, influence tactics, and higher education contribute to how self-
monitoring is associated with ―getting along‖ and who ―getting ahead.‖ Meaningful 
differences were found between the two major operationalizations of the self-monitoring 
construct. To two revised scales associated with these operationalizations, the 18-item 
scale and 13-item scale, respectively, produced similar results for correlates considered 
central to self-monitoring theory (i.e. job success and interpersonal effectiveness) 
(Snyder, 1987), although important differences were also found. Consequently, two 
parallel research tracks are proposed: ―a job effectiveness and selection track‖ for the 13-
item scale (Lennox & Wolfe, 1984) and a ―leadership and work attitudes track‖ for the 
18-item scale (Snyder & Gangestad, 1985). Ideally, researchers are recommended to use 
both measures whenever possible, allowing for the most comprehensive results. In light 
of these findings, it is concluded that self-monitoring continues to be a valid construct of 
relevance in work and organizational settings. Researchers and theorists are encouraged 
to consider how to continue this meaningful line of inquiry.  
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